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This dissertation contains three empirical studies on implications of firm’s marketing 
capability in financial market. The aim of this dissertation is to study how firm’s marketing 
capability affects stock returns as well as idiosyncratic stock returns volatility and through what 
channels. A firm’s marketing capability is its ability to efficiently deploy and integrate different 
marketing inputs to achieve the desired sales revenue.  
The first study presents the estimation of firm’s marketing capability and examines the 
link between firm’s marketing capability and cross-section of stock returns. Firms with higher 
marketing capability earn significantly higher returns despite having higher market 
capitalization, lower book-to-market ratio, and higher asset growth. A long-short portfolio 
strategy based on marketing capability earns a return of 0.49% per month. Furthermore, the 
marketing capability strategy is found to provide a good hedge for the value trading strategy. 
The marketing capability effect is robust and no subsumed by risks and firm’s characteristics. 
The second study examines the possible drivers of the positive association between firm’s 
marketing capability and cross-section of average stock returns. Firm’s marketing capability 
contains incremental information about the firm’s future profits and earnings. Nevertheless, 
investors underreact to the value-relevant information contained in firm’s marketing capability. 
The over-time adjustment in stock prices relating to such information results in a positive 
relation between a firm’s marketing capability and its future stock returns. Moreover, the return 
predictability power of marketing capability could also be attributed to the intensity of product 
market competition.  
The third study investigates the effect of firm’s marketing capability on the cross-section 
of firm’s idiosyncratic stock returns volatility. The level of idiosyncratic stock return volatility 
is lower in firms with strong marketing capability relative to their counterparts with weak 
marketing capability. The result is robust and persistent in a series of robustness tests. 
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Furthermore, firms which are efficient in marketing have more stable cash flow. This finding 
suggests that marketing capability enables firm to stabilise its cash flows, thereby, lower its 















“Such organizational capabilities…are key intangible assets. You can't see or touch them, yet 
they can make all the difference in the world when it comes to market value.”  
– Dave Ulrich and Norm Smallwood, Harvard Business Review, 2004 
1.1 Introduction and motivation 
Firm capabilities are the capacity of the firm to combine and deploy its resources 
efficiently to achieve desired results; they are the key determinants of variation in firm 
performance (e.g, see among Amit & Schoemaker 1993; Day 1994; Peteraf & Barney 2003). 
Marketing capability is the ability of a firm to convert its marketing investment efficiently into 
its desired sales revenue. The idea is that two firms may spend a comparable amount on 
marketing activities, but the firm with a stronger marketing capability is able to achieve greater 
sales revenue. In the management and marketing literature, marketing capability is found to 
play a key role in building and sustaining a firm’s competitive advantage, thereby enhancing 
the growth of the firm’s profit, as well as protecting the firm’s cash flow level and stability 
from existing and potential competitive pressures (Dutta et al. 1999; Vorhies & Morgan 2005; 
Bahadir et al. 2008; Krasnikov & Jayachandran 2008; Nath et al. 2010; Xiong & Bharadwaj 
2013). The finance literature has illustrated and empirically demonstrated that firms’ higher 
expected earnings imply higher expected returns and hence firms’ characteristics that could 
provide information about the firms’ future profitability have the power to predict future stock 
returns (Fama & French 2006; Aharoni et al. 2013; Novy-Marx 2013). Furthermore, a firm’s 
volatility is a function of shocks to the firm’s underlying cash flows and the economy’s 
discount rate (LeRoy & Porter 1981; Campbell & Shiller 1988; Vuolteenaho 2002). However, 
the economic link between the ability of firms in marketing their business and the valuation of 
such marketing efforts of businesses remains relatively unexplored in the finance literature. In 
this thesis, we conduct three empirical studies to investigate the implications of the firm’s 
marketing capability for the level and volatility of the firm’s value. The sample for conducting 
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the studies consists of all domestic common shares (except shares from utility and financial 
firms) listed on the New York Stock Exchange (NYSE), the American Stock Exchange 
(AMEX) and NASDAQ for the period 1974–2015.  
The following sections provide a summary of the background, empirical findings, 
motivations and contributions of the three empirical studies in this thesis. 
1.2 Background 
Theoretically, the firm is viewed as a combination of resources and capabilities according 
to the resource-based view (hereinafter RBV) (Wernerfelt 1984). While resources are stocks 
which are owned and controlled by the firm, capabilities are the firm’s capacity to combine 
and deploy its resources in the most efficient manner to achieve desired results to the maximum 
extent (Amit & Schoemaker 1993). Most of a firm’s resources are replicable and non-specific 
to the firm, whereas firm’s capabilities are “intangible assets”, a complex bundle of knowledge 
and skills embedded in firm’s organisational process and routines; hence, they are firm-specific 
and difficult for the firm’s competitors to imitate (Helfat & Peteraf 2003). Correspondingly, 
firm’s capabilities are demonstrated to be the key determinants of a firm’s competitive 
advantage and variation in firm performance (Peteraf 1993; Day 1994; Grant 1996; Teece et 
al. 1997; Eisenhardt & Martin 2000; Makadok 2001).1  
However, not all functional capabilities have an identical impact on a firm’s financial 
performance and the market (Song et al. 2007). A firm’s capabilities are its capacity to combine 
and deploy its resources in the most efficient manner to achieve desired outcomes (Amit & 
Schoemaker 1993). Hence, functional capability is the efficiency of the firm’s functioning in 
contributing towards the value created by the firm while using the firm’s resources or inputs. 
In the finance literature, a handful of studies have examined the impacts of firm’s capabilities 
                                                          




and efficiencies on firm performance and the stock market. Nguyen and Swanson (2009) and 
İmrohoroğlu and Tüzel (2014) report that firms which have the capability to operate efficiently 
generate lower average stock returns compared to less-efficient firms. In addition to operational 
efficiency, Hirshleifer et al. (2013) and Cohen et al. (2013) analyse the effects of innovation 
capability and efficiency on stock returns using patents and research and development (R&D) 
expenditure, respectively. In these studies, firms with higher innovation capability are found to 
generate higher stock returns than their counterparts with low innovation capability.  
Marketing capability is documented to increase firm’s future profit growth significantly 
(Morgan et al. 2009a). Among a firm’s functional capabilities, such as operational and R&D 
capability, marketing is found to have the strongest impact on the firm’s sustained competitive 
advantage and is a key determinant for the firm’s superior financial performance (Krasnikov 
& Jayachandran 2008; Nath et al. 2010). Marketing capability is the firm’s efficiency in 
realising its marketing resources as a desired marketing outcome. Marketing resources consist 
of investment in advertising, distribution and trade promotion, market research, public 
relations, building customer relationships and brand management, etc. (Amit & Schoemaker 
1993; Dutta et al. 1999, 2005) and a firm with strong marketing capability will efficiently 
integrate and convert these resources into sales revenue (Dutta et al. 1999). Figure 1.1 
illustrates the framework for marketing capability. 
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Figure 1.1: Marketing capability framework 
 
A firm with strong marketing capability is demonstrated to be superior in responding to 
changes in market conditions, predicting customers’ reactions, addressing customers’ needs, 
exploiting market opportunities, handling problems, building and maintaining a strong brand 
(Dutta et al. 1999; Morgan et al. 2009a; Morgan et al. 2009b; Xiong & Bharadwaj 2013). There 
is an extensive literature showing that stronger marketing capability leads to a firm’s sustained 
competitive advantage and higher firm performance, thereby enhancing the growth of the 
firm’s profit as well as protecting the firm’s cash flow level and stability from existing and 
potential competitive pressures (Dutta et al. 1999; Kotabe et al. 2002; Song et al. 2005; Vorhies 
& Morgan 2005; Krasnikov & Jayachandran 2008; Morgan et al. 2009a; Morgan et al. 2009b; 
Nath et al. 2010).  
1.3 Empirical findings 
The first study presents the estimation of the firm’s marketing capability and examines 
the link between the firm’s marketing capability and a cross-section of stock returns. A firm’s 
capability is its capacity to combine and deploy its resources efficiently to achieve optimal 
results. Following Dutta et al. (1999, 2005), we measure firms’ marketing capability using 
publicly available accounting data within the stochastic frontier analysis (SFA) framework. 
SFA is an econometric method that captures the efficiency with which inputs are converted 
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into outputs. The intuition of SFA is that if the company is efficient in converting its marketing 
resources (inputs), the sales revenue should be on the frontier, which represents the maximum 
sales revenue achievable with the given resources. The idea is that two firms may spend 
comparable amounts on marketing activities, but the firm with stronger marketing capability is 
able to achieve higher sales revenue. We relate a firm’s marketing inputs, including advertising 
expenditure, other marketing expenditure, investment in customer relationships and the 
existing customer base to its sales revenue. We find that firms with stronger marketing 
capability earn higher returns than those with weaker marketing capability. A zero-cost strategy 
of going long on the portfolio with the highest marketing capability and going short on the 
portfolio with the lowest marketing capability yields an economically and statistically 
significant average monthly return of 0.49%. Further analyses show that the effect of marketing 
capability on stock returns cannot be explained by risk-factor models, industry effects, or firm 
characteristics. The finding also confirms the existence of so-called good growth firms 
documented by Novy-Marx (2013). We further find that the marketing capability strategy 
provides a good hedge for the value trading strategy as these two strategies generate returns 
that are negatively correlated. We also show that our results remain robust with several 
different measures of marketing capability, including industry-related marketing capability 
scores, the change in marketing capability ranking and marketing ratios. Furthermore, we 
demonstrate that although a firm’s marketing capability is unobservable, it is predictable and 
persistent.  
The second study examines the possible drivers of the positive association between a 
firm’s marketing capability and a cross-section of average stock returns. First, we document 
evidence confirming that the firm’s marketing capability contains incremental information 
concerning the firm’s future profits and earnings. Specifically, current strong marketing 
capability is found to predict significantly higher gross profitability, asset turnover, return on 
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assets and net earnings in the subsequent year. Furthermore, the marketing capability effect is 
incremental to and not subsumed by other marketing measures such as advertising expenditure 
and other firm characteristics. Second, while marketing activities such as advertising, 
promotions, etc. are visible to investors, it is relatively difficult for investors to understand fully 
information about a firm’s ability in utilising these investments for sales. A firm’s marketing 
capability is unobservable and not salient. Therefore, we find that investors underreact to the 
firm’s marketing capability information and do not fully incorporate the effect of marketing 
capability on the firm’s future operating performance in the stock price. As a result, stock prices 
adjust over time to incorporate the value-relevant information as such information slowly 
diffuses across the financial markets. This results in a positive relation between the firm’s 
marketing capability and its future stock returns, as documented in the first study. Our findings 
are analogous to recent studies showing that investors tend to place less weight on information 
which is less salient and hard to process and thus they underreact to such information (see 
among, Cohen & Lou 2012; Cohen et al. 2013; Hirshleifer et al. 2013). Third, we find that the 
role played by marketing capability in relation to firm value is more significant for firms 
operating in a more competitive environment. We find that firms with a strong marketing 
capability enjoy higher market shares than their counterparts with a weak marketing capability 
across all levels of competition. However, the relation between marketing capability and stock 
returns is found to exist persistently in competitive markets in which a firm’s competitive 
advantage matters. These results suggest that the return predictability power of marketing 
capability could also be attributed to product market competition. In further tests, we document 
results which eliminate the possibility that the marketing capability–return relation is driven by 
financial distress and investors’ limited attention.  
The third study examines the effect of a firm’s marketing capability on the cross-section 
of the firm’s idiosyncratic stock return volatility. We find that the firm’s marketing capability 
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is negatively associated with the cross-section of future idiosyncratic volatility. Specifically, 
firms with strong marketing capability are found to have lower idiosyncratic stock return 
volatility than their counterparts with weak marketing capability. The documented relation is 
robust to different measures of marketing capability, idiosyncratic volatility and after 
controlling for other volatility-related firm characteristics. Furthermore, we document evidence 
showing a negative relation between a firm’s marketing capability and cash flow uncertainty. 
This confirms that strong marketing capability enables the firm to manage and reduce its cash 
flow fluctuation. We then study if the negative association between marketing capability and 
idiosyncratic volatility is due to the negative impact of marketing capability on the firm’s cash 
flow fluctuation. Further evidence shows that the effect of marketing capability on 
idiosyncratic volatility becomes stronger among stocks with high cash flow uncertainty. This 
finding indicates that marketing capability plays a more significant role in firms which face 
high cash flow uncertainty. This suggests that the negative effect of a firm’s marketing 
capability on its idiosyncratic volatility is attributed to the role of marketing capability in 
stabilising the firm’s cash flows.  
1.4 Contributions 
This thesis aims to contribute to the existing literature in the following ways. First, 
research on the implications of marketing in financial markets, specifically on firm valuation, 
is limited to advertising expenditure. Existing studies examine the role of advertising in 
explaining stock returns (Grullon et al. 2004; Lou 2014), raising new equity (Chemmanur & 
Yan 2009), building brand equity (Vitorino 2014) and attracting multiple bidders in mergers 
(Fich et al. 2015). Notably, most of the existing finance studies which examine the relation 
between marketing variables and financial markets employ advertising expenses (item #45) 
from Compustat (Grullon et al. 2004; Chemmanur & Yan 2009, 2011; Belo et al. 2013; 
Vitorino 2014). The item “advertising expenses” from Compustat “represents the cost of 
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advertising media (radio, television, newspaper, periodicals) and promotional expenses. This 
item excludes selling and marketing expenses”. According to Aaker (1996), advertising is just 
one of many inputs that a firm uses to build its brand and affect consumers’ view of a product, 
together with market research, public relations and other tools of strategic brand management. 
Therefore, studying advertising effort alone does not paint a complete picture of the 
implications of marketing for firm valuation and subsequent stock returns in securities markets. 
Instead of focusing on advertising per se, this thesis examines the stock return and idiosyncratic 
volatility implications of a firm’s marketing capability, which is the ability of a firm efficiently 
to integrate and convert various marketing resources (inputs), including advertising, into sales 
revenue (output).  
Second, this thesis extends the marketing capability literature to a broader context in asset 
pricing by documenting the relation between marketing capability and a cross-section of stock 
returns as well as a cross-section of idiosyncratic volatility. Previous studies have found that 
marketing capability is the key determinant of a firm’s performance, sustained competitive 
advantage and profitability (Dutta et al. 1999; Krasnikov & Jayachandran 2008; Nath et al. 
2010). Past studies have often focused on limited settings or segments when examining the 
impact of marketing capability on firm valuation. For instance, Bahadir et al. (2008) highlight 
the financial value of marketing capability in target firms during mergers or acquisitions. Xiong 
and Bharadwaj (2013) show that marketing capability mitigates the adverse impact of bad news 
on stock prices. We provide evidence that marketing capability affects the cross-section of 
stock returns and idiosyncratic stock return volatility after controlling for other firm-specific 
characteristics. 
Third, the thesis is broadly related to a growing literature that examines the relation 
between various forms of firm-level efficiencies and stock returns. Nguyen and Swanson 
(2009) and İmrohoroğlu and Tüzel (2014) find that firms that operate efficiently are less risky 
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and hence generate lower stock returns than their less efficient counterparts. Hirshleifer et al. 
(2013) and Cohen et al. (2013) find that firms with a higher ability to innovate enjoy positive 
abnormal returns as investors fail to incorporate innovation-related information in stock prices. 
Alan et al. (2014) show a positive relation between inventory productivity and stock returns. 
Our findings expand this stream of literature by documenting the impact of marketing 
efficiency on future profitability and stock returns.  
Fourth, our study is also related to the literature on investors’ delayed reaction to 
information. A number of theoretical studies (e.g. Merton 1987; Hong & Stein 1999; 
Hirshleifer & Teoh 2003; Peng 2005; Peng & Xiong 2006) suggest that investors have a limited 
ability to collect, analyse and trade on some value-relevant information. Therefore, investors 
underreact to these types of information, resulting in the predictability of future stock returns, 
which cannot fully be explained by traditional asset pricing models. Empirical studies find 
evidence of investors’ underreaction to hard-to-process characteristics (among others, Cohen 
& Lou 2012). We show that stock prices gradually incorporate information on firms’ marketing 
capability. Investors are slow to acknowledge the implications of firms’ marketing capability 
when valuing a firm, possibly because marketing capability is hard to measure. 
Fifth, this thesis extends the literature on the effects of the product market on a firm’s 
risk and value. Empirically, product market competition is found to be associated with firms’ 
risk and stock returns (among others, Hou & Robinson 2006; Aguerrevere 2009; Gu 2016). In 
addition to systematic risk and stock returns, recent studies also document evidence suggesting 
that firms with strong market power, or those established in less-competitive industries, exhibit 
lower idiosyncratic stock return volatility (Gaspar & Massa 2006; Irvine & Pontiff 2009; 
Abdoh & Varela 2017). Our findings expand this stream of literature by investigating the role 
of a product market factor that can be controlled by the firm – marketing capability – on the 
firm’s future operating performance, stock returns and idiosyncratic volatility. We show that a 
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firm’s strong marketing capability enables it to gain and secure future market share, positively 
contributing to the firm’s value and stabilising the firm’s cash flows as well as idiosyncratic 
volatility. Product market competition is unavoidable but manageable: a firm can proactively 
build and improve its marketing capability.  
1.5  Organisation of the dissertation 
This section provides a brief description of the structure of this dissertation. The second 
chapter is the first empirical study titled “Marketing Capability and Stock Returns”. The third 
chapter is the second empirical study titled “The Mechanisms of Marketing Capability – Stock 
Returns Effect”. The fourth chapter presents the third empirical study titled “Marketing 
capability and Idiosyncratic Volatility”. This dissertation is concluded in the fifth chapter 

























2.1  Introduction 
‘Because the purpose of business is to create a customer, the business enterprise has 
two—and only two—basic functions: marketing and innovation. Marketing and innovation 
produce results; all the rest are costs. Marketing is the distinguishing, unique function of the 
business…The aim of marketing is to know and understand the customer so well that the 
product or service fits him and sells itself.’ – Peter Drucker, The Practice of Management, 1955 
In fact, marketing is about identifying and approaching the sources of cash flows and 
then harvesting the cash for a business. Since the market value of a firm is determined by its 
future expected cash flows, the activities that contribute to generating, maintaining, and 
improving cash flows of a business must be important for the firm valuation. Yet the economic 
link between the ability of firms in marketing their business and the valuation of such 
businesses remains relatively unexplored. This chapter explores the link between firms’ 
marketing capability and average stock returns.  
In the finance literature, it has been illustrated and empirically found that firms’ higher 
expected earnings imply higher expected returns, and hence firms’ characteristics that could 
provide information about the firms’ future profitability have the power to predict future stock 
returns (Fama & French 2006; Aharoni et al. 2013; Novy-Marx 2013). A firm’s marketing 
capability is documented to significantly increase its future profit growth (Morgan et al. 
2009a). A firm with strong marketing capability is found to be superior in responding to 
changes in the market, predicting customers’ reaction, addressing customers’ needs, exploiting 
market opportunities, handling problems, and building and maintaining a strong brand (Dutta 
et al. 1999; Morgan et al. 2009a; Morgan et al. 2009b; Xiong & Bharadwaj 2013). Amongst a 
firm’s functional capabilities, marketing capability is found to play the key role in building and 
sustaining the firm’s competitive advantage as well as contributing to its performance and 
profitability (Peteraf 1993; Day 1994; Grant 1996; Teece et al. 1997; Dutta et al. 1999; 
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Eisenhardt & Martin 2000; Makadok 2001). Therefore, our hypothesis is that as marketing 
capability may contribute to a firm’s future profits and earnings, it could also affect the firm’s 
expected rate of return.  
Marketing capability refers to a firm’s ability to efficiently deploy its marketing resources 
to achieve its desired sales revenue. Marketing is an encompassing practice that includes 
advertising, market research, customer trend investigation, public relations, social networks, 
sales strategy, customer support and service, positioning, and so on. All of these efforts need 
to be integrated and jointly implemented so that the company can effectively approach its 
potential target customers, either individuals or corporations, and ultimately generate sales 
revenue. Many firms invest heavily in marketing activities, hoping to generate favourable sales 
revenue and profits, but only firms with strong marketing capabilities (i.e. more efficient in 
marketing) will attain their goals.2  In the context of this study, it is important to clarify that 
advertising is just a single component of the marketing efforts, as many people confuse 
marketing with advertising and vice versa. Advertising itself is just a practice of delivering the 
company’s persuasive message to a large target audience via mass media, such as television, 
print, and radio.3 
A firm’s capability is its capacity to combine and deploy its resources efficiently to 
achieve optimal results. Following Dutta et al. (1999, 2005), we measure firms’ marketing 
capability using publicly available accounting data within the stochastic frontier analysis (SFA) 
framework. SFA is an econometric method that captures the efficiency with which inputs are 
converted into an output. The intuition of SFA is that if the company is efficient in converting 
its marketing resources (inputs), the sales revenue should be on the frontier that represents the 
maximum sales revenue with the given resources. We relate a firm’s marketing inputs, 
                                                          
2 We use ‘marketing capability’ and ‘marketing efficiency’ interchangeably throughout the paper. 
3 Advertising expenditure item (XAD) in COMPUSTAT only represents the cost of advertising media, which 
consists of radio, television, newspapers, periodicals, and promotional expenses. 
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including advertising expenditure, other marketing expenditure, investment in customer 
relationships, and existing customer base, with its sales revenue. The idea is that two firms may 
spend a comparable amount on marketing activities, but the firm with a stronger marketing 
capability is able to achieve more sales revenue.4 In this paper, we demonstrate that though a 
firm’s marketing capability is unobservable, it is predictable and persistent.  
We find that firms with strong marketing capability earn higher returns than those with 
weak marketing capability. A zero-cost strategy of going long on the portfolio with the highest 
marketing capability and going short on the portfolio with the lowest marketing capability 
yields an economically and statistically significant average monthly return of 0.49%. 
Specifically, the portfolio that contains the strongest marketing capability firms produces the 
highest average returns of 1.26% per month. Remarkably, the strongest marketing capability 
firms that outperform the market tend to be growth firms with high asset growth rates, low 
book-to-market ratios, and negative HML loadings. This finding confirms the existence of the 
so-called good growth firms documented by Novy-Marx (2013). Novy-Marx (2013) defines 
good growth firms as those with standard growth characteristics, including low book-to-
markets, high asset growths, and large negative loadings on the value factor, but that still 
outperform their peers. We also find that the marketing capability strategy provides a good 
hedge for the value trading strategy, as these two strategies generate returns that are negatively 
correlated.  
Further analyses show that the marketing capability effect in stock returns cannot be 
explained by risk-factor models, industry effects, or firm characteristics. Fama–Macbeth  
(1973) regressions show that marketing capability positively predicts future returns, even after 
controlling for common predictors of returns, such as size, book-to-market ratio, past returns, 
profitability, and different forms of firm growth. We also show that our results remain robust 
                                                          
4 Invoking the concept of duality in economics, two firms may have similar sales revenue, but the firm that spends 
less on marketing activities has stronger marketing capabilities. 
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with several different measures of marketing capability, including industry-related marketing 
capability scores, the change in marketing capability ranking, and marketing ratios. 
The remainder of the paper proceeds as follows. Section 2.2 reviews the related literature. 
Section 2.3 describes the sample and the measure of marketing capability. Section 2.4 reports 
the empirical results on the return predictability pattern driven by marketing capability and 
robustness checks. Section 2.5 concludes. 
2.2 Literature Review 
2.2.1 Marketing capability 
According to the resource-based theory, a firm is a combination of resources and 
capabilities. While a firm’s resources are assets that are owned and controlled by the firm, a 
firm’s capabilities are complex bundles of  knowledge and skills embedded in organisational 
processes (Grant 1996). A firm’s capabilities are the firm’s ability to effectively  combine and 
deploy its resources in order to achieve its goals, to the maximum extent possible (Amit & 
Schoemaker 1993; Day 1994). While a firm’s resources such as investment capital may be 
copied by its competitors, capabilities are difficult to be imitated and, hence, enable the firm to 
build and maintain sustained competitive advantage (Helfat & Peteraf 2003). However, the 
impacts of functional capabilities on a firm’s financial performance are not identical, some 
capabilities will have a superior impact than others (Song et al. 2007).   
In an article in the Wall Street Journal about RadioShack’s stock price in 2007, it is 
commented by the authors that earnings gains from revenue increase are more sustainable than 
earnings generated through cost cuttings and efficient operations (Zuckerman & Hudson 2007). 
It implies that payoff from emphasising capabilities resulting in revenue growth is perceived 
to be more valuable compared to firms’ other capabilities. Amongst a firm’s functional 
capabilities, marketing capability is found to play the key role in building and sustaining the 
firm’s competitive advantage as well as contributing to its performance and profitability 
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(Peteraf 1993; Day 1994; Grant 1996; Teece et al. 1997; Dutta et al. 1999; Eisenhardt & Martin 
2000; Makadok 2001). 
Marketing capability is a firm’s ability in efficiently integrating and converting its 
marketing resources into sales revenue (Dutta et al. 1999). Marketing resources consist of 
investment in advertising, distribution and trade promotion, market research, public relations, 
building customer relationships, brand management, etc. (Amit & Schoemaker 1993; Dutta et 
al. 1999, 2005). According to Xiong and Bharadwaj (2013), marketing capability depends not 
only on the firm’s prior investment but also on a consistent, ongoing investment. There is 
heterogeneity across firms’ marketing capabilities, even with the same input of resources and 
firms in the same industry (Dutta et al. 1999). A firm with strong marketing capability has 
superior market and customer knowledge. Therefore, it can be quick and efficient in catering 
to customers’ needs, responding to customers’ reactions, exploiting market opportunities, 
handling problems, and building and maintaining a strong brand (Dutta et al. 1999; Morgan et 
al. 2009b; Xiong & Bharadwaj 2013).  
A firm’s profit growth is widely viewed as being fundamentally important to the firm’s 
investors and managers. Specifically, investors value firms on the basis of their expected future 
cash flows, which are extracted from their future profits. Morgan et al. (2009a) , Morgan et al. 
(2009b), and Ngo and O'Cass (2012) conducted studies on how marketing capabilities are 
linked with firms’ performance and profit growth. They found that marketing capabilities are 
the key drivers of firm performance and have positive contributions to firms’ profit growth. 
These findings highlight the importance of marketing capability in firms’ performance and 
profitability.  
Bahadir et al. (2008) conducted a study examining the financial value of brands in 
mergers and acquisitions (M&A). They found that marketing capabilities of a target firm have 
positive effects on its brand’s financial value. It is suggested that target firms with strong 
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marketing capability are likely to achieve financial outcomes more efficiently. Thereby, in 
acquiring these firms, the acquirer firm can expect a high level and growth rate of cash flows 
being generated after the acquisition. Furthermore, the target firm’s marketing capability is 
viewed to operate as insurance against the existing and potential competitive pressure. Hence, 
the acquirer’s volatility expectations from the target firm’s cash flows will be much lower. As 
a result, the target firm’s marketing capability is positively associated with its value in an 
M&A.  
A further implication of marketing capability in finance is also demonstrated in a study 
by Xiong and Bharadwaj (2013), which was conducted to investigate the effect of advertising 
and marketing capability on a firm’s stock returns following the release of good news and bad 
news about the firm or its products. The authors found that by increasing advertising, managers 
are successful in attracting investors’ attention towards the firm, which helps to leverage the 
impact of good news on the firm’s stock returns. However, advertising cannot mitigate the 
impact of bad news on stock prices. The authors also found that strong marketing capability 
enables a firm to mitigate the effect of bad news on its stock prices. Firms with strong marketing 
capability are superior in handling bad news, thus stabilising and enhancing future cash flows.  
2.2.2 Marketing in the financial literature 
The marketing–finance interface has become a growing field in the finance literature in 
recent years. A handful of studies has highlighted the importance of the association between 
marketing and finance. An extensive marketing–finance literature examines the role of 
advertising in finance through investors’ recognition and attention.   
Merton (1987) constructed a model proposing that there should be an increase in 
security’s value in relation to the growing investor recognition of the security. Also, firms that 
are relatively familiar to investors should have higher stock liquidity. Theoretically motivated 
by Merton (1987), Grullon et al. (2004) conducted a study investigating the relation between 
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advertising expenditures and firms’ structure of ownership and liquidity. They argue that while 
advertising is aimed at increasing the awareness of customers about a firm’s products rather 
than its securities, advertising also attracts the attention of investors to the firm as a spill-over 
effect. Empirically, the authors found that firms with greater advertising expenditures have a 
significantly larger shareholder base (both individual and institutional investors), lower bid–
ask spreads, smaller price impact, and greater market depth.  
Chemmanur and Yan (2009) proposed a theoretical model analysing the interaction 
between a firm’s product market advertising expenditure and corporate financing decision. 
Intuitively, when firms raise external finance to fund new projects, they face an asymmetric 
information problem. Therefore, as a firm’s advertising is visible to the market, it should play 
a role in conveying the firm’s true product equity and the intrinsic value of its projects to 
consumers and investors. The authors’ model predicts that firms choose to spend more on 
product market advertising when they are planning to issue new equity. They suggest that 
product market advertising can be used as an alternative to under-pricing to signal firm value. 
Their empirical results confirm the prediction. 
In a similar line, Lou (2014) argues that because investors’ attention is limited, they are 
more likely to buy attention-grabbing stocks than to sell them. As advertising is designed to 
attract attention, investors with limited attention may take advertising as a good signal about 
the firm and respond overly optimistically. As a result, stock prices are pumped up temporarily. 
Lou (2014) discovered that there is a contemporaneous rise in stock value when advertising 
expenditure is boosted, resulting in high abnormal stock returns followed by a complete return 
reversal. He further investigated and documented evidence showing that firm managers are 
aware of the attention attraction effect and thereby opportunistically adjust advertising 
spending to maximise expected short-term upward movement in stock prices before a planned 
equity issue.  
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Other than advertising–visibility, there is another stream of literature examining the 
implication of marketing on a firm’s risk and performance. Brand equity is shown to account 
for about 23% of the firm market value (Vitorino 2014), and brand is considered an important 
intangible asset of a firm. Employing advertising expenditures for brand capital measurement, 
Belo et al. (2014) conducted a study that found that firms with low advertising expenditures 
have higher average stock returns compared to their high advertising-spending counterparts. 
Furthermore, they documented that firms with less stock of brand capital per employee have 
lower average returns than high brand capital-intensive firms. Their model also rationalises 
advertising spending and pattern of stock returns around seasoned equity offerings, which has 
been documented in previous asset-pricing papers (Chemmanur & Yan 2009; Lou 2014). 
Following the same approach in measuring brand capital, Vitorino (2014) proposed a dynamic 
investment-based model to explicitly link advertising expenditures on firm value and stock 
returns and risk. The study suggests that the link between advertising expenditures and average 
stock returns that has been documented in the literature is in line with a risk-based 
interpretation, and the observed returns associated with advertising are not necessarily related 
only to investors’ behaviour reasons.  
Although Belo et al. (2014) and Vitorino (2014) employed advertising expenditures for 
brand capital measurement, they acknowledged that advertising expenditures are just an 
imperfect proxy for investment in brand capital. They trade off the cost with the benefit that 
‘advertising expenditures accounting data is readily available for a large sample of firms over 
a long period of time’ (Vitorino 2014). Another approach to measuring the brand equity of a 
firm is using customer survey-based data from a marketing database. 
Frieder and Subrahmanyam (2005) investigated the effect of brand perceptions on the 
company’s ownership structure with the use of data from a consumer survey of marketing. 
They constructed a theoretical model shows that investors want to hold stocks in which the 
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precision of their information about cash flows is high. In the empirical findings, individual 
investors are found to prefer investing in stocks of companies with high-visibility brands, as 
they are more familiar with the firm’s products. In the same line of literature, Larkin (2013) 
conducted a study about the role of a firm’s brand in its financial policy using data relying on 
a customer survey-based approach to measure a firm’s brand. The study demonstrates that 
brand perception affects a firm’s financial policy through reducing overall firm riskiness, as 
firms with positive customer evaluation have lower future cash flow volatility and improved 
credit rating. The lower riskiness associated with a strong brand allows firms to have higher 
levels of debt and lower cash holdings.    
2.2.3 Efficiency and stock returns 
In valuation theory, the price of a firm’s common stock is determined by the discounted 
present value of the firm’s future expected cash flows. How efficiently a firm operates 
determines its expected cash flows; thereby, firm efficiency should affect the firm valuation 
(Alam & Sickles 1998; Nguyen & Swanson 2009). Efficiency is defined as the ratio of a firm’s 
output to that of its input and is measured in terms of the maximum possible output that can be 
obtained with a given set of inputs (Lieberman & Dhawan 2005). A handful of studies has 
examined the relationship between efficiency measures and stock returns. 
Nguyen and Swanson (2009) and İmrohoroğlu and Tüzel (2014) found that firms that 
operate efficiently are less risky and hence generate lower future stock returns than their less 
efficient counterparts. Both studies found that firms’ operation efficiency/productivity has 
significant explanatory power on the cross-section of return, even after adjustment for firm 
characteristics and risks. Nguyen and Swanson (2009) suggest that the efficiency of a firm 
alters the level and riskiness of its cash flow and, in turn, affects the firm’s stock returns. 
İmrohoroğlu and Tüzel (2014) documented evidence showing that profits of low-productivity 
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firms are more sensitive to aggregate shocks in the economy than those of high-productivity 
firms. The studies ascertain the significance of firm efficiency in asset pricing. 
Hirshleifer et al. (2013) examined the relation between the efficiency of a particular 
firm’s function — innovative efficiency — and subsequent stock returns. The innovative 
efficiency is measured as the firm’s ability to convert its R&D investment into patents and 
patent citations. The innovative efficiency of a firm is found to contain distinct information 
about the firm’s future operating performance and market valuation, which is incremental to 
that of other firm characteristics. In general, the portfolio composed of innovation-efficient 
firms has a higher average return on assets as well as higher cash flows, earnings, and profit 
margin over five years. The risk-adjusted returns of firms with innovative efficiency are also 
higher than of firms with innovative inefficiency, controlling for the firm’s characteristics and 
risks. In other words, innovative efficiency is a strong positive predictor of a firm’s future 
returns. The further tests carried out in Hirshleifer et al.’s study indicate that investors do not 
pay attention to the information about innovative efficiency and, in turn, fail to incorporate the 
information into asset prices. 
Cohen et al. (2013)  also attempted to investigate whether the ability of a firm in 
efficiently translating R&D investment into sales can be used to predict the firm’s future stock 
returns and R&D outcomes. The stock market is found to ignore the implications of value-
relevant information contained in a firm’s R&D ability when valuing future innovation. Hence, 
the study shows that a portfolio strategy that is long on stocks of firms that have strong R&D 
ability and short on stocks of firms that are weak at R&D earns positive abnormal returns. This 
finding suggests that the R&D ability effect is not driven by overreaction, but instead the 




2.3 Sample and measurement of marketing capability 
2.3.1 Sample 
Our sample includes all domestic common shares (except shares from utility and 
financial firms) listed on the NYSE, AMEX, and NASDAQ for the period from 1974 through 
2015. Data on stock returns are obtained from the Center for Research in Security Prices 
(CRSP). We source accounting data and industry classifications from Compustat. Our sample 
period is constrained by the availability of the data on advertising expenditure (XAD) in 
Compustat. The data are available since 1974.  
Sales and general administrative expenditure (SGA) is the Compustat item XSGA with 
required adjustments. According to Compustat, SGA (item XSGA) also includes advertising 
expenditure (XAD) and research and development expenditure (XRD). To avoid double-
counting XAD and XRD, we compute SGA by subtracting XAD and XRD from XSGA. If 
either XAD or XRD is missing, then we treat it as zero. If both XAD and XRD are missing or 
XSGA < XAD + XRD, then SGA = XSGA. If XSGA < 0, then we exclude the observation.  
We winsorise all firm characteristics at the 1st and 99th percentiles to mitigate any 
effects from outliers. To mitigate backfilling bias, we require firms to be listed on Compustat 
for at least two years before including them in our sample. Furthermore, to avoid any 
microstructure issues, we exclude stocks with a price below one dollar a share. We need four 
years of historical data to compute the marketing capability measure. Our final sample includes 
all common stocks with a valid marketing capability measure in a given year from 1978 through 
2015. The number of firms in this study ranges from 2,874 in 1978 to 2,410 in 2015.  
2.3.2 Measurement of marketing capability 
We define marketing capability as a firm’s ability to efficiently integrate and deploy its 
marketing inputs (investment in advertising, sales force, public relation, etc.) to achieve its 
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desired output (e.g. sales revenue) (Dutta et al., 1999, 2005).5 We apply the SFA, pioneered by 
Aigner et al. (1977) and (Meeusen & Van Den Broeck 1977), to estimate firms’ marketing 
capability.6 Intuitively, we estimate an optimal sales revenue (output) frontier that a group of 
firms can possibly achieve using various marketing inputs. As the true optimal output of a firm 
is unobservable, this frontier is an economically estimated benchmark comprised of the best 
performing companies in the sample. A point on the frontier denotes the maximum sales 
revenue that a firm can generate given the marketing inputs and with no inefficiency. The 
difference between the actual and optimal output is a firm’s level of inefficiency.  
A firm’s shortfall from the optimal output can be caused by firm inefficiency as well as 
random effects (e.g. the impacts from weather, luck, etc.) or econometric noises, such as 
omitted variables. Therefore, it is crucial for this study to distinguish between actual 
inefficiency and random effects. The SFA approach enables us to separate out the influence of 
random errors from that of firm-specific inefficiency, which is unidentifiable using the ordinary 
least squares (OLS) estimation method. Hence, SFA is a superior model to OLS for the purpose 
of measuring marketing capability or efficiency in this paper (Dutta et al. 2005; Nguyen & 
Swanson 2009).  
The frontier function for marketing capability in our study is as follows: 
𝑌 = 𝑓 (𝑋 , 𝛽) exp (𝑣 − 𝑢 )                                                (1) 
where 𝑌  is the marketing output of firm i; 𝑋  is a vector of marketing inputs of firm i; 𝛽 is a 
vector of estimated parameters; 𝑣  is the random error that accounts for measurement errors 
                                                          
5 The use of efficiency as a proxy for capability has been extensively discussed and employed in the marketing 
literature. For reference, see Dutta et al. (1999, 2005), Xiong and Bharadwaj (2013), and Angulo-Ruiz et al. 
(2014). 
6 The SFA has been used to estimate firms’ marketing efficiency and other forms of efficiencies in the literature 
(see Dutta et al. 1999, 2005; Nguyen & Swanson 2009). 
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and other random shocks beyond a firm’s control (e.g., luck); and 𝑢  captures a firm’s 
inefficiency in converting marketing inputs into output (sales revenue).7  
Once 𝑢  is obtained, we measure a firm’s marketing capability as follows: 
𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 =
( | , )
∗| ,  
          (2) 
where 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃  is the marketing capability (efficiency) of firm i; E is the expected value 
operator; and Y* is the frontier estimated sales revenue given no inefficiency. The efficiency 
score, MKTG_CAP, is a normalised measure between 0 and 1. A score of 0.80 implies that a 
firm generates sales revenue at the 80% level in comparison to its best performing peer in the 
sample.  
Following previous studies (see among, Dutta et al. 1999; Nath et al. 2010; Xiong & 
Bharadwaj 2013), we source both the input and output variables from financial reports. The 
ultimate goal of marketing is to generate sales revenue,8 which is achievable by integrating all 
marketing-related activities and resources, including advertising, sales promotion, marketing 
communication, customer relationship management, etc. Following the marketing literature, 
we use four measures of marketing resources as marketing inputs: the stock of advertising 
investment, the stock of marketing investment, investment in customer relationships, and the 
existing customer base.9   
Following Dutta et al. (1999), to measure the ‘stock’ of an investment, we accumulate 
firm expenditures on such investment using the following model to capture the lag and carry-
over effect.10  
                                                          
7 𝑣  is normally distributed: i.i.d. N(0, 𝜎 ) and 𝑢  are exponentially distributed with variance 𝜎 . Their 
covariance term, cov (ui, vi), is assumed to be zero and 𝜎 = 𝜎 + 𝜎 . 
8 Sales have been widely employed as an output for marketing activity in the marketing literature. See Dutta et al. 
(1999); Kotabe et al. (2002); Nath et al. (2010); Xiong and Bharadwaj (2013). 
9 See, among others, Dutta et al. (1999, 2005); Nath et al. (2010); Xiong and Bharadwaj (2013); Angulo-Ruiz et 
al. (2014). 
10 This is a standard approach in the marketing capability literature. See Dutta et al. (1999, 2005); Nath et al. 
(2010); Xiong and Bharadwaj (2013). 
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𝑋𝑆𝑡𝑜𝑐𝑘 = +𝑋 + 0.5𝑋 + 0.5 𝑋 + 0.5 𝑋 + 0.5 𝑋          (3) 
𝑋𝑆𝑡𝑜𝑐𝑘  is the stock of firm i's investment in X at time t. 𝑋  to 𝑋  are the values of X of firm 
i from t to t-4. Accordingly, we compute the stock of advertising investment, the stock of 
marketing investment, and the existing customer base by cumulating the firm’s advertising 
expenditures, marketing expenditures, and sales revenue using equation (3). To estimate a 
firm’s marketing expenditure, we use SGA expenses. SGA has been widely used as a marketing 
expenditure in the literature as it is a good proxy for the amount a firm spends on marketing, 
including market research, sales effort, trade expenses, and other marketing-related activities 
(Dutta et al. 1999; Nath et al. 2010; Xiong & Bharadwaj 2013). To proxy for the existing 
customer base, we estimate the stock of sales revenue of a firm. The idea of an existing 
customer base in marketing is that it is relatively expensive to acquire new customers, whereas 
the cost-effective way to increase sales is to cross or up-sell products and services to current 
customers.11 As far as customer retention is concerned, customer relationship management is 
also an important part of marketing activities. Following the marketing literature, we use a 
firm’s account receivable as a proxy of a firm’s effort in building customer relationships (Dutta 
et al. 1999; Nath et al. 2010; Xiong & Bharadwaj 2013). Moreover, investments in marketing 
activities vary across industries. For example, customer-oriented industries may spend heavily 
on advertising as compared to other marketing activities. Therefore, we include the Fama and 
French (1997) 48-industry dummies to control for the inter-industry differences in marketing 
activities and sales.  
Employing a log transformation of equation (1) with the aforementioned marketing 
inputs and output yields the equation to estimate marketing capability (efficiency): 
                                                          
11 Luca Maestri (CFO, Apple Inc.) noted the increase in services revenue that had topped his expectation by 




Ln(1 + 𝑆𝑎𝑙𝑒𝑠 ) = 𝛽 + 𝛽 ln(1 + 𝐴𝐷𝑠𝑡𝑜𝑐𝑘 ) + 𝛽 ln(1 + 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 ) +
𝛽 ln(1 + 𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 ) + 𝛽 ln(1 + 𝑅𝐸𝐶𝑇 ) + 𝜑 + 𝑣 − 𝑢     
  (4) 
where 𝑆𝑎𝑙𝑒𝑠 is the dollar amount of sales revenue; 𝐴𝐷𝑠𝑡𝑜𝑐𝑘, 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘, and 𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 
are the stock of advertising investment, marketing expenditure, and sales revenue, respectively; 
and 𝑅𝐸𝐶𝑇 is the level of a firm’s account receivable. 𝜑  is a dummy variable that proxies for 
industry j according to Fama and French’s (1997) 48-industry classification. Many companies 
may not use a complete set of the proposed marketing inputs. Such companies would be falsely 
eliminated from the estimation. Therefore, we assign a value of ‘0’ to the missing variables as 
long as the firm observation has either the stock of advertising investment or the stock of 
marketing investment, since they are the two main inputs in the marketing capability estimation 
equation.  
At the end of the fiscal year ending in each year t, we estimate the marketing capability 
scores of firms and then examine stock returns starting from July year t+1. Panel A of Table 
2.1 reports the summary statistics of the marketing capability scores. The marketing capability 
measure has a wide variation across the cross-section of firms. It has a mean of 0.88 and 
standard deviation of 0.09, and it ranges from 0.46 (percentile 1) to 0.96 (percentile 99). In 
Panel B, we sort sample firms into decile portfolios according to their marketing capability 
scores every year. There is a significantly positive difference in the spread of marketing 
efficiency scores between the high and low marketing capability portfolios from the portfolio 
formation year to the following three years. In general, we observe a strong persistence in 




2.4 Empirical results 
2.4.1 Portfolio sorts 
To examine the relation between firms’ marketing capability and the cross-section of 
stock returns, we sort stocks into portfolio deciles at the end of June of each year t based on 
their marketing capability scores in the fiscal year ending in year t-1. Portfolios are held from 
July of year t through June of year t+1 and then rebalanced.   
Before examining the stock returns, we report the firm characteristics of the portfolios in 
Table 2.2. The top decile portfolio contains firms with the highest marketing capability scores, 
averaging 0.93, whereas the bottom decile portfolio consists of firms with the lowest marketing 
capability scores, averaging 0.77. These extreme portfolios show a significant difference in the 
marketing capability. Compared to the weak marketing capability portfolios, portfolios with a 
high marketing capability score contain profitable growth firms that are significantly larger in 
size. In particular, firms with strong marketing capability are growth firms, in the sense of 
having high growth rates in assets, sales, and capital expenditures as well as having low book-
to-market ratios. The results also show that firms in the bottom decile spend heavily on 
advertising and marketing investment over time, which is reflected in a high advertising stock-
to-assets ratio and marketing stock-to-assets ratio, respectively. Nonetheless, these firms 
generate the lowest sale growth (-19%) and asset turnover (77%) across the deciles. In contrast, 
firms in the top decile have the highest sales growth (39%) with the lowest spending on 
marketing effort (the stock of advertising-to-total assets ratio of 2%) and marketing effort (the 
stock of marketing-to-total assets ratio of 25%).  
Next, we examine the value-weighted average monthly portfolio returns from July of 
year t to June of year t+1. Apart from the average monthly returns, we also compute 
characteristics-adjusted returns according to Fama and French’s (2015) 3 x 4 x 4 size, book-to-
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market, and investment portfolios.12 The rationale for using these adjusted returns is that decile 
1 appears to contain small-value stocks with low asset growth, whereas decile 10 consists of 
big stocks with a high book-to-market ratio and asset growth. We want to rule out the 
possibility that the returns in the decile portfolios are affected by the size, value, and 
investment. Moreover, we control for industry-related characteristics using industry-adjusted 
returns.13 We also calculate risk-adjusted returns using the Capital Asset Pricing Model 
(CAPM), Fama and French’s (1993) three-factor model, Carhart’s (1997) four-factor model, 
and Fama and French’s (2015) five-factor model.  
Table 2.3 presents the results. The first row reports the average monthly returns. 
Following the sorting year, firms with the highest marketing capability (decile 10) earn an 
average monthly return of 1.26%, whereas firms with the lowest marketing capability earn a 
return of 0.76%. Firms with high marketing capability significantly outperform their peers with 
lower marketing capability. A zero-cost strategy of going long on the portfolio with the highest 
marketing capability (decile 10) and going short on the portfolio with the lowest marketing 
capability (decile 1) yields an economically and statistically significant average monthly return 
of 0.49% (t-stat = 2.75). Rows 2 and 3 of Table 2.3 report the characteristic-adjusted and 
industry-adjusted returns. The returns pattern across the portfolios remains similar to those of 
the unadjusted returns. The zero-cost investment strategy using portfolios with extreme 
marketing capability remains robust with these adjustments. The return spreads between the 
extreme portfolios are economically and statistically significant at 0.58% with monthly 
characteristic-adjusted return and 0.37% with monthly industry-adjusted return. 
                                                          
12 We thank Kenneth French for making the size, book-to-market, and investment 32 portfolios available on his 
website: http:// mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html. 
13 We follow Fama and French’s (1997) 48-industry classification system. We thank Kenneth French for making 




We also examine whether the returns on the marketing capability portfolios can be 
explained by risk-factor models by regressing the time-series of portfolio excess returns on the 
corresponding factor returns. Table 2.4 reports the alphas of these portfolios relative to the 
different factor models including capital asset pricing model (CAPM), Fama and French’s 
(1993) three-factor model, Fama and French’s (2015) five-factor model and Carhart’s (1997) 
four-factor model (momentum factor loading). The return spreads between the extreme 
portfolios range from 0.51% to 0.80%, and they remain significantly positive at the 1% level 
in each of the models. In contrast to many other anomalies driven by the short leg of the long–
short strategy (see Stambaugh et al. 2012), the portfolios with the highest and the lowest 
marketing capability both drive the return spread. In particular, the weakest marketing 
capability firms in decile 1 generate significantly negative risk-adjusted returns, whereas the 
strongest marketing capability firms in decile 10 earn the highest risk-adjusted returns across 
four risk-factor models. Overall, the results in Table 2.3 and Table 2.4 suggest a positive 
association between firms’ marketing capability and the cross-section of stock returns. The 
abnormal returns attached to marketing capability cannot be explained by commonly used risk-
factor models. 
Table 2.5 presents the factor loadings of the portfolios with respect to Fama and French’s 
(2015) five-factor model and Carhart’s (1997) four-factor model (momentum factor loading). 
The lowest marketing capability portfolio has high loadings on the market factor and size 
factor, which are significantly higher than the same loadings of the highest marketing capability 
portfolio. The two extreme portfolios both have negative loadings on the momentum factor, 
but the two loadings are not statistically different. Notably, the loadings on the value factor, 
profitability factor, and investment factor of the highest marketing capability portfolio are the 
lowest and significantly negative. These negative exposures to HML, RMW, and CMA, coupled 
with the characteristics of big size, low book-to-market ratio, and high asset growth, suggest 
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that the highest marketing capability portfolio captures one of the puzzles of Fama and French 
(2015). Specifically, Fama and French (2015) found that their five-factor model fails to explain 
the returns of the portfolio of big stocks with the lowest book-to-market ratio and the highest 
investment (asset growth). Similar to our decile 10 based on marketing capability, this portfolio 
produces a significantly positive five-factor alpha and has negative exposures to HML, CMA, 
and RMW.   
Furthermore, in Table 2.6, we split the sample period into two sub-periods (1978–1994 
and 1995–2015) and find that the positive marketing capability–return relation exists in both 
sub-periods. Importantly, the return predictability of marketing capability appears to be 
stronger in a more recent period (1995–2015). The results suggest that the finding of a positive 
effect of marketing capability on stock returns is not a one-off event.  
2.4.2 Hedging for value trading strategy 
According to Table 2.2 and Table 2.5, it appears that the lowest marketing capability 
portfolio contains value firms that have the highest book-to-market ratios. On the other hand, 
strong marketing capability firms are typical growth firms in both characteristics and factor 
loadings. Specifically, these firms have the lowest book-to-market ratios and negative HML 
loadings. Despite being typical growth firms, they are certainly different in terms of expected 
returns as having an exceptional tendency to outperform their value counterparts. This 
complements the finding reported by Novy-Marx (2013). He also documented the existence of 
good growth firms with similar growth characteristics, but in the form of having high gross 
profits-to-assets.14  
                                                          
14 Our marketing capability portfolios are similar but yet substantially different compared to Novy-Marx’s 
(2013) gross profits-to-assets (GP) portfolios. The zero-cost GP portfolio’s abnormal profit is explained by 
Fama and French’s (2015) five-factor model. Also, the GP portfolios exhibit characteristic patterns that are 
different from our marketing capability portfolios’. 
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In the context of standard definition, marketing capability trading strategy is evidently a 
growth strategy as opposed to a value strategy. Therefore, this trading strategy provides a good 
hedge for value strategy. Figure 2.1 plots the yearly performance from 1978 to 2015 of the 
marketing capability strategy presented in Table 2.3 as well as a value strategy based on a 
firm’s book-to-market ratio and the 50/50 mix of the two strategies. A value strategy generates 
an average return of 5.81% per year with a standard deviation of 21.33%. On the other hand, a 
marketing capability strategy earns a comparable average annual return of 5.84%, but with a 
lower standard deviation of 14.1%. Figure 1 shows that, on average, both marketing capability 
and value strategies perform well over the sample period, yet both strategies also had losses. 
Notably, the marketing capability strategy predominantly generates good profits in the periods 
when the value strategy performs poorly and vice versa. The two strategies’ yearly returns have 
a correlation of -0.46 over the sample. As a result, the joint strategy with 50/50 mix of the two 
strategies could generate a return of 5.82% per year at a relatively low standard deviation of 
9.73%. Paying nothing for the hedging of value strategy, with the joint marketing capability–
value strategy, an investor can enjoy lower risk attached to his equity investment while still 
being able to make a similar profit. Importantly, the 50/50 marketing capability–value mixed 
strategy does not have many significant losing periods from 1978 to 2015. The realised annual 
Sharpe ratio of the mixed 50/50 strategy is 0.60, which is two times higher than the 0.27 Sharpe 
ratio of the value strategy over the same period.  
2.4.3 Cross-sectional regressions 
In this section, we perform Fama–Macbeth cross-sectional regressions of monthly stock 
returns on firms’ marketing capability and other stock characteristics. The results are reported 
in Table 2.7. Our goal is to rule out the possibility that the positive relation between marketing 
capability and stock returns is driven by these characteristics.  
44 
 
In Table 2.7, the coefficients on marketing capability remain economically and 
statistically significant across all the models, ranging from 1.67 to 2.13. Moreover, the 
coefficients on all control variables are consistent with previous studies. Our baseline model 
(Model 1) includes firm size, book-to-market ratio, and asset growth as controls. The rationale 
is that the marketing capability scores appear to have strong relations with these three variables. 
We want to eliminate the possibility that the marketing capability effect in returns is a 
manifestation of the other common effects. The coefficient on book-to-market is significantly 
positive; asset growth is negative, but the size effect is absent.15 Importantly, the coefficient on 
marketing capability remains statistically significant with a t-statistic of 4.4, easily exceeding 
the Harvey et al. (2016) threshold of three.  
Lou (2014) found a negative effect of advertising growth on future stock returns due to 
the stock price adjustment after investors’ overreaction to the firm’s current advertising. Given 
advertising expenditure growth’s close relation to marketing capability, we include it in Model 
2 and examine the independent effects of the two related marketing variables on stock returns. 
Their effects on future stock returns are exact opposites: consistent with Chemmanur and Yan 
(2011) and Lou (2014), advertising growth negatively predicts returns, but marketing capability 
positively predicts returns. Though marketing capability and advertising growth are both 
variables of marketing, the effects of the two variables on future stock returns are shown to be 
explicitly different. Nevertheless, despite a growing trend in the finance–marketing interface 
literature,16 most finance studies are limited to only an advertising variable. If advertising easily 
attracts the attention of investors as well as financial researchers, marketing capability has been 
left out of the picture of the financial market. Our results call for additional future research to 
further examine the marketing–finance interface while treating marketing variables differently. 
                                                          
15 Recent studies (e.g. Dichev 1998; Cooper et al. 2008) also document the disappearing or weak size effect. 
 
16 See, among others, Grullon et al. (2004); Chemmanur and Yan (2009); Lou (2014); Vitorino (2014). 
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We also control for firm age, as younger firms may need to spend more on marketing 
activities to promote their products and build their brand name than their older counterparts. In 
addition, we control for profitability, as firms with strong marketing capability tend to be 
profitable, and previous studies show that profitability is positively related to future returns 
(e.g. Novy-Marx 2013; Hou et al. 2015). Models 3 and 4 show that marketing capability’s 
positive predictive power on returns is not driven by profitability or firm age. 
Furthermore, we include growth-related variables that explain future returns as 
controls: sales growth (Lakonishok et al. 1994) and capital investment (Titman et al. 2004). 
Models 5 and 6 show that the return predictability of marketing capability is even stronger with 
the inclusion of growth-related variables that predict negative returns. Moreover, controlling 
for short-term return reversal (Jegadeesh 1990) and momentum (Jegadeesh & Titman 1993) in 
Model 7 and Model 8 does not change the marketing capability–return relation. The marketing 
capability effect remains robust even when we include most of the control variables in Models 
9, 10, and 11. 
Overall, the marketing capability effect is not subsumed by any other determinants of 
future returns across all the models in Table 2.4. Consistent with the portfolio tests, firms with 
efficient marketing generate higher returns for investors compared to their inefficient 
counterparts. Several studies have shown that firm characteristics can predict cross-sectional 
returns. Predominantly, the firm characteristics are either an input (e.g. capital investments or 
sales-boosting expenditures) or output (e.g. sales or profitability) variable. In this paper, 
marketing capability’s power in predicting returns comes from the firm’s ability to integrate 
and convert marketing resources (inputs) to sales revenue (output). 
2.5 Robustness checks 




As far as the conversion capacity is concerned, we want to rule out the possibility that 
the positive relation between marketing capability and stock return could be driven by either 
marketing inputs or output, not the firm’s ability in converting one to the other. As a further 
robustness test, we perform Fama–Macbeth cross-sectional regressions of monthly stock 
returns on firms’ marketing capability, controlling for marketing inputs and output in equation 
(4). Particularly, firm’s marketing capability, marketing inputs and output are the explanatory 
variables, and stock return is the dependent variable. We present the results of these tests in 
Table 2.8. Models 2 and 3 show modest positive effects of advertising investment and 
marketing investment on the cross-section of stock returns. However, the inclusion of 
marketing inputs and output has no impact on our main result. The positive coefficients of 
marketing capability remain significant at the 1% level across eight models. The results lend 
further support to the marketing capability effect that comes from the firm’s ability to deploy 
its marketing investments in order to achieve its desired level of sales revenue. 
2.5.2 Industry-related marketing capability measures and annual change in 
marketing capability  
There are potential concerns that the same marketing activity would not have the same 
effects on sales in different industries. For example, the effect of the same marketing activity 
on sales will be different between the retail trade industry and the information technology 
industry. To address the industry-differences effect, we put industry dummies in our SFA 
model in equation (4) when estimating the marketing capability score. Nevertheless, to further 
examine the robustness of our result, we also perform the estimation of marketing capability 
by each individual industry while dropping the industry dummy in equation (4). The new 
equation is as follows: 
Ln(1 + 𝑆𝑎𝑙𝑒𝑠 ) = 𝛽 + 𝛽 ln(1 + 𝐴𝐷𝑠𝑡𝑜𝑐𝑘 ) + 𝛽 ln(1 + 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 ) +
𝛽 ln(1 + 𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 ) + 𝛽 ln(1 + 𝑅𝐸𝐶𝑇 ) + 𝑣 − 𝑢       (5) 
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We then regress monthly stock returns on a firm’s industry-related marketing capability 
scores. The results are reported in Table 2.9. In Table 2.9, MKTG_CAP (12), MKTG_CAP 
(30), and MKTG_CAP (48) are marketing capability scores based on the 12-, 30-, and 48-
industry classifications defined by Fama and French (1997), respectively. Model 1 in the table 
is the baseline regression with our original marketing capability score. From Model 2 to Model 
4, the effect of marketing capability remains significantly positive with the industry-related 
marketing capability scores. Furthermore, we also perform Fama–Macbeth regressions of 
monthly stock returns on the annual change in marketing capability. The annual change is 
defined as the change per year in percentile rank of firms based on marketing capability scores. 
The result is reported in Model 5 of Table 2.9. While the annual change in marketing capability 
has a positive effect on the cross-section of stock returns, the coefficient on marketing 
capability remains statistically significant. Notably, the effect of marketing capability on stock 
returns gets even stronger in magnitude with the addition of its annual change. The results in 
Table 2.9 indicate that the return predictability pattern we identify is robust to alternative 
measures of marketing capability. 
2.5.3 Marketing efficiency measured by SFA vs. marketing ratios  
Our final robustness check is to address the potential question of why we use SFA to 
estimate the marketing capability score, but not simple ratios of sales revenue over marketing 
inputs. The ratio is easy to compute if a firm uses a single input to produce a single output. In 
contrast, if the production process involves more than one input, then we need to use a method 
to aggregate these inputs for the estimation of productivity measures (Coelli 2005). In this 
paper, there is more than one marketing input; hence, we employ SFA to construct the 
marketing productivity measure. As far as the ratios are concerned, we also perform Fama–
Macbeth regressions of monthly stock returns on individual ratios of sales over each of the 
marketing inputs. The results in Table 2.10 show that, to some extent, the single ratio of sales 
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revenue over stock of marketing and sales revenue over account receivables could explain the 
cross-section of stock returns. Nonetheless, the effects of these ratios are not as strong as 
marketing capability in a similar regression. 
2.6 Conclusion 
We study the relation between firms’ marketing capability and the cross-section of stock 
returns. We employ the stochastic frontier estimation method to measure firms’ marketing 
capability as the firm’s ability to efficiently integrate and convert various marketing resources 
into sales revenue. Our idea is based on the fact that two firms may spend similar amounts on 
marketing activities, but the firm with stronger ability in doing marketing is able to achieve 
higher sales revenue. Substantial resources are spent on marketing activities, but not all are 
fruitful. 
In this study, we demonstrate that despite the uncertain nature of marketing activities, a 
firm’s marketing capability is persistent and predictable based on the publicly available 
information. We find that a firm’s marketing capability is positively related to the cross-section 
of stock returns. Such a relation remains persistent in a series of robustness tests. The marketing 
capability effect cannot be explained by other firm characteristics, industry differences, or 
commonly used asset-pricing models. A long–short portfolio strategy that takes advantage of 
the return predictability yields a significant return of 5.84% per year. Firms with strong 
marketing capability appear to be growth firms under the standard definition of the financial 
literature. However, these are the good growth firms that outperform their value counterparts. 
Furthermore, the trading strategies based on marketing capability and value generate returns 
that are negatively correlated. Hence, marketing capability trading strategy provides a good 
hedge for value trading strategy. 
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Given that marketing capability positively contributes to a firm’s future profitability as 
well as predicts stock returns, our findings call for more investors’ attention to this marketing 




Summary statistics and persistence of MKTG_CAP scores 
 
Panel A of this table reports the summary statistics of MKTG_CAP scores. At the end of the fiscal year ending in year t-1, employing the stochastic frontier 
analysis (SFA) method, we estimate MKTG_CAP scores of firms for portfolio sorting in June of year t. Panel B reports the persistence in marketing capability. 
The year 1 row reports the average marketing capability scores for all the deciles in the fiscal year ending in year t-1, year 1 reports the average marketing 
capability scores for all the deciles in the fiscal year ending in year t, etc. The sample period is from 1978 to 2015. ***, **, and * indicate significance at the 
1%, 5%, and 10% levels, respectively. 
 
   
  Panel A: Summary statistics: MKT_CAP scores 
Mean Median P1 Q1 Q3 P99 STD 
0.872 0.890 0.460 0.857 0.916 0.962 0.090 
 
Panel B: Persistence in marketing capability: average annual marketing capability scores 
  Marketing Capability Deciles   
Year 1 (Low) 2 3 4 5 6 7 8 9 10 (High) 
Spread 
(10–1) t(spread) 
-1 0.73 0.83 0.86 0.87 0.88 0.89 0.90 0.91 0.92 0.94 0.20*** (32.61) 
1 0.79 0.85 0.86 0.87 0.88 0.89 0.90 0.90 0.91 0.92 0.13*** (20.20) 
2 0.84 0.85 0.87 0.87 0.88 0.89 0.89 0.90 0.91 0.91 0.08*** (22.28) 




Marketing capability deciles: Financial characteristics 
 
This table reports the financial characteristics of portfolios sorted by marketing capability. At the end of June of each year t, stocks are allocated into deciles 
based on marketing capability (MKTG_CAP). MKTG_CAP is the marketing capability for the fiscal year-end in year t-1. MV is the natural log of market 
capitalisation calculated using the price and the number of shares outstanding at the end of June of year t. BM is the ratio of book equity for the last fiscal year-
end in t-1 divided by market equity in December of year t-1. MOM (momentum) for month j is the cumulative return from month j−12 to j−2. AGE is firm age, 
defined by the number of years the firm has been on COMPUSTAT. ADStock/TA and SGAStock/TA are stock of advertising expense-to-total assets ratio; stock 
of selling, general and administrative expense-to-total assets ratio; RD/TA is research and development expense-to-total assets. ASSETG, CAPXG, ADG, SGAG, 
and SALEG are the annual change of total asset, capital expenditure, advertising expenditure, selling, general and administrative expenditure, and sales revenue, 
respectively. GP, AT, ROA, and PROFITM are gross profitability (sales revenue – cost of goods sold)-to-total assets ratio, sales-to-total assets ratio (asset 
turnover), net income-to-total assets ratio (return on assets), and net income-to-sales revenue ratio (profit margin), respectively. PRET is the stock return in the 
previous month. PRICE is the share price at the end of June. The sample period is from 1978 to 2015. ***, **, and * indicate significance at the 1%, 5%, and 




Table 2.2 (continued) 
 
Decile 1 (Low) 2 3 4 5 6 7 8 9 10 (High) Spread (10–1) t (spread) 
MKTG_CAP 0.77 0.83 0.86 0.87 0.88 0.89 0.90 0.91 0.92 0.93 0.17*** (33.09) 
MV 3.58 3.92 4.38 4.74 5.12 5.46 5.73 5.87 5.79 5.58 1.99*** (30.48) 
BM 0.80 0.79 0.73 0.68 0.62 0.59 0.55 0.52 0.48 0.44 -0.36*** (-17.63) 
AGE 24.38 23.81 25.35 26.68 28.03 27.78 27.05 27.73 26.03 19.87 -4.59*** (-2.42) 
ASSETG -0.07 0.01 0.04 0.05 0.07 0.09 0.10 0.12 0.16 0.22 0.28*** (22.94) 
CAPXG -0.18 -0.05 0.01 0.04 0.07 0.09 0.13 0.15 0.22 0.31 0.49*** (19.23) 
ADG -0.10 0.01 0.04 0.06 0.07 0.08 0.10 0.13 0.18 0.26 0.36*** (19.85) 
SGAG -0.07 0.02 0.05 0.06 0.08 0.10 0.12 0.14 0.19 0.29 0.36*** (22.22) 
SALEG -0.19 -0.01 0.04 0.06 0.09 0.11 0.13 0.17 0.24 0.39 0.58*** (23.08) 
ADStock/TA 0.03 0.03 0.03 0.03 0.03 0.03 0.03 0.03 0.02 0.02 -0.01*** (-4.98) 
SGAStock/TA 0.46 0.46 0.43 0.42 0.40 0.38 0.36 0.33 0.29 0.25 -0.21*** (-22.08) 
RD/TA 0.06 0.04 0.03 0.03 0.03 0.03 0.03 0.03 0.03 0.03 -0.02*** (-5.92) 
GP 0.24 0.37 0.40 0.43 0.44 0.45 0.45 0.45 0.46 0.45 0.21*** (20.31) 
AT 0.77 1.12 1.20 1.28 1.31 1.32 1.35 1.37 1.39 1.47 0.70*** (20.36) 
ROA -0.03 0.02 0.03 0.04 0.05 0.06 0.06 0.07 0.07 0.06 0.09*** (19.78) 
PROFITM -0.04 0.01 0.03 0.03 0.04 0.04 0.04 0.05 0.04 0.03 0.08*** (9.71) 
PRET -0.67 -0.12 0.22 0.30 0.41 0.49 0.55 0.56 0.34 0.00 0.67*** (5.57) 
MOM 0.03 0.05 0.07 0.07 0.08 0.08 0.08 0.08 0.06 0.03 0.00 (-0.48) 






Time-series average and the persistence of marketing efficiency portfolio returns  
 
This table presents the value-weighted monthly returns sorted by marketing efficiency. At each June of year t, all stocks are sorted into deciles based on their 
MKTG_CAP in ascending order to form decile marketing efficiency portfolios. Spread (10–1) refers to the mean difference of the variables between portfolio 
10 and portfolio 1. Avg.Ret. is the time-series average of portfolio raw returns calculated from July of year t to June of year t+1, expressed in percentage terms. 
MBI-adj is the time-series average of portfolio characteristic-adjusted abnormal returns using 32 (2 x 4 x 4) size/book-to-market/investment portfolios (Fama 
& French 2015). Spread (10–1) refers to the mean difference of the variables between portfolio 10 and portfolio 1. The sample period is from 1978 to 2015. 
***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. 
 
Average returns of portfolios sorted by firm’s marketing capability 
Decile 1 (Low) 2 3 4 5 6 7 8 9 10 (High) Spread (10–1) 
Avg.Ret. 0.76*** 0.74*** 1.06*** 1.25*** 1.11*** 1.06*** 1.04*** 1.01*** 1.03*** 1.26*** 0.49*** 
 (2.66) (2.74) (4.31) (5.33) (5.01) (4.78) (4.68) (4.14) (4.50) (4.68) (2.75) 
MBI-adj -0.35*** -0.37*** 0.00 0.17* 0.06 -0.01 0.01 0.02 0.01 0.23*** 0.58*** 
 (-2.70) (-3.28) (0.03) (1.91) (0.74) (-0.09) (0.15) (0.33) (0.13) (2.71) (3.86) 
Industry-adj -0.25** -0.25** 0.05 0.21** 0.17** 0.12* 0.09 -0.07 0.01 0.12* 0.37** 
 (-2.07) (-2.29) (0.48) (2.51) (2.35) (1.92) (1.62) (-1.25) (0.13) (1.79) (2.57) 
 




Time-series average of marketing efficiency portfolio risk-adjusted returns  
This table presents the value-weighted monthly alphas from asset pricing models of portfolios sorted by marketing efficiency. At each June of year t, all stocks 
are sorted into deciles based on their MKTG_CAP in ascending order to form decile marketing capability portfolios. Spread (10–1) refers to the mean difference 
of the variables between portfolio 10 and portfolio 1. CAPM α, FF3 α, Carhart α, and FF5 α are the alphas from the capital asset pricing model (CAPM), the 
Fama and French (1993) three-factor model, the Carhart (1997) four-factor model, and the Fama and French (2015) five-factor model, respectively. The sample 
period is from 1978 to 2015. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. 
 
 
Alphas of portfolios sorted by firm’s marketing capability 
Decile 1 (Low) 2 3 4 5 6 7 8 9 10 (High) Spread (10–1) 
CAPM α -0.36** -0.35*** 0.04 0.24** 0.13 0.06 0.04 -0.05 0.01 0.15 0.51*** 
 (-2.56) (-2.73) (0.32) (2.35) (1.43) (0.79) (0.48) (-0.59) (0.18) (1.29) (2.83) 
FF3 α -0.37*** -0.42*** 0.00 0.20** 0.13 0.06 0.06 0.02 0.07 0.28*** 0.64*** 
 (-2.65) (-3.30) (0.04) (2.03) (1.45) (0.79) (0.74) (0.21) (0.92) (2.64) (3.54) 
Carhart α -0.29** -0.36*** 0.05 0.22** 0.19** 0.04 0.07 0.07 0.04 0.34*** 0.63*** 
 (-2.06) (-2.82) (0.37) (2.18) (2.04) (0.54) (0.90) (0.83) (0.46) (3.24) (3.51) 
FF5 α -0.36** -0.48*** -0.09 0.05 -0.02 -0.01 -0.01 0.03 0.02 0.44*** 0.80*** 




Time-series of marketing efficiency portfolio betas 
 
This table reports the betas from asset pricing models of portfolios sorted by marketing efficiency. At each June of year t, all stocks are sorted into deciles based 
on their MKTG_CAP in ascending order to form decile marketing capability portfolios. 𝛽 , 𝛽 , 𝛽 , 𝛽 , 𝛽 , and 𝛽 are loadings on the market, 
size, value, investment, profitability, and momentum factors from the Fama and French (2015) five-factor model augmented with momentum factor (Carhart 
1997). The sample period is from 1978 to 2015. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. 
 
Betas of portfolios sorted by firm’s marketing capability 
Decile 1 (Low) 2 3 4 5 6 7 8 9 10 (High) Spread (10–1) 
𝛽  1.12*** 1.15*** 1.01*** 1.04*** 0.99*** 1.00*** 0.98*** 1.03*** 0.99*** 1.02*** -0.10** 
 (27.76) (30.18) (27.81) (40.83) (43.44) (50.10) (54.48) (50.12) (48.10) (39.45) (-2.03) 
𝛽  0.32*** 0.22*** 0.25*** 0.13*** 0.02 -0.00 0.03 -0.03 -0.08** -0.03 -0.35*** 
 (4.33) (3.34) (4.07) (2.78) (0.63) (-0.11) (0.82) (-0.76) (-2.22) (-0.70) (-4.02) 
𝛽  -0.06 0.03 0.03 -0.03 -0.11** -0.03 -0.11*** -0.12*** -0.21*** -0.23*** -0.17 
 (-0.62) (0.49) (0.43) (-0.57) (-2.26) (-0.66) (-2.69) (-2.98) (-4.91) (-4.06) (-1.58) 
𝛽  -0.09* -0.06* -0.05 -0.02 -0.06** 0.02 -0.02 -0.06* 0.04** -0.08** 0.01 
 (-1.85) (-1.82) (-0.88) (-0.77) (-2.46) (0.76) (-0.67) (-1.72) (2.21) (-2.14) (0.19) 
𝛽  0.09 0.24** 0.03 0.20*** 0.17** 0.04 0.12* -0.13 0.14** -0.16* -0.25 
 (0.68) (2.25) (0.23) (2.62) (2.46) (0.75) (1.84) (-1.40) (2.15) (-1.73) (-1.52) 
𝛽  -0.07 0.02 0.22** 0.24*** 0.26*** 0.13** 0.09 0.05 0.04 -0.30*** -0.23* 




Sub-period analysis of marketing efficiency portfolio returns 
 
This table presents the sub-period analysis of value-weighted monthly returns of portfolios sorted by marketing efficiency. At each June of year t, all stocks are 
sorted into deciles based on their MKTG_CAP in ascending order to form decile marketing capability portfolios. Avg.Ret. is the time-series average of portfolio 
raw returns calculated from July year t to June of year t+1, expressed in percentage terms. MBI-adj is the time-series average of portfolio characteristic-adjusted 
abnormal returns using 32 (2 x 4 x 4) size/book-to-market/investment portfolios (Fama & French 2015). Spread (10–1) refers to the mean difference of the 
variables between portfolio 10 and portfolio 1. The sample period is from 1978 to 2015. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, 
respectively. 
 
Sub-period analysis 1978–1994   1995–2015 
Decile   Avg.Ret. MBI-adj  Avg.Ret. MBI-adj 
1 (Low)  1.00 -0.40  0.50 -0.36 
2  1.04 -0.40  0.49 -0.38 
3  1.35 -0.07  0.79 0.00 
4  1.67 0.19  0.88 0.11 
5  1.26 -0.12  0.98 0.17 
6  1.49 0.06  0.71 -0.07 
7  1.33 -0.08  0.83 0.10 
8  1.40 0.04  0.69 -0.01 
9  1.37 0.01  0.76 0.00 
10 (High)  1.50 0.12  1.10 0.36 
Spread (10–1)   0.50** 0.52***   0.60** 0.71*** 




Cross-sectional Fama–Macbeth regressions 
This table presents the time-series means of coefficients from monthly cross-sectional Fama–Macbeth regressions of future realised returns on firm 
characteristics. The dependent variable is an individual stock’s monthly return from July year t to June year t+1. MKTG_CAP is the firm’s marketing capability 
for the fiscal year-end in year t-1. MV is the natural log of market capitalisation calculated using the price and the number of shares outstanding at the end of 
June of year t. BM is the natural log of ratio of book equity for the last fiscal year-end in t-1 divided by market equity in December of year t-1. AGE is firm age, 
defined by the number of years the firm has been on COMPUSTAT. GP is the gross profit (revenue minus cost of goods sold) in the fiscal year ending in year 
t-1 divided by total assets in the fiscal year ending in year t-2. The annual changes of accounting variables (asset growth [ASSETG], capital expenditure growth 
[CAPXG], advertising expenditure growth [ADG], sale growth [SALEG]) are changes in log of assets, capital expenditure, advertising expenditure, and sale 
from the fiscal year ending in calendar year t-2 to the fiscal year ending in calendar year t-1. PRET is the past-year return. MOM (momentum) for month j is 
the cumulative return from month j−12 to j−2. Industry dummies are based on the 48-industry classification defined by Fama and French (1997). The sample 




Table 2.7  (continued) 
  Models 
  1 2 3 4 5 6 7 8 9 10 11 
Intercept 0.056 -0.192 0.151 0.005 -0.494 -0.154 -0.021 -0.089 -0.669 -0.680 -1.424 
 (0.09) (-0.24) (0.26) (0.01) (-0.64) (-0.25) (-0.04) (-0.16) (-0.89) (-0.70) (-1.47) 
MV -0.014 0.006 -0.005 -0.024 -0.025 -0.018 -0.002 -0.029 -0.018 0.014 0.014 
 (-0.31) (0.14) (-0.10) (-0.61) (-0.57) (-0.40) (-0.04) (-0.65) (-0.45) (0.36) (0.35) 
BM 0.249*** 0.214*** 0.282*** 0.234*** 0.225*** 0.242*** 0.261*** 0.247*** 0.283*** 0.258*** 0.339*** 
 (3.13) (2.60) (3.49) (3.24) (2.95) (3.04) (3.31) (3.24) (4.04) (3.29) (5.22) 
ASSETG -1.021*** -1.064*** -1.196*** -0.983*** -0.927*** -0.943*** -1.048*** -0.972*** -1.058*** -1.102*** -1.062*** 
 (-7.24) (-6.23) (-8.25) (-7.07) (-6.64) (-6.80) (-7.43) (-6.98) (-7.50) (-5.66) (-5.52) 
MKTG_CAP 1.670*** 1.916*** 1.226*** 1.671*** 2.391*** 1.928*** 1.723*** 1.737*** 1.992*** 2.024** 2.130** 
 (4.49) (2.73) (3.46) (4.28) (3.98) (4.93) (4.59) (4.83) (3.56) (2.23) (2.50) 
ADG  -0.183**        -0.064 -0.027 
  (-2.45)        (-0.93) (-0.40) 
GP   0.594***      0.738*** 0.593*** 0.668*** 
   (4.77)      (6.39) (4.54) (5.51) 
AGE    0.006     0.004 -0.001 0.003 
    (1.04)     (0.71) (-0.18) (0.56) 
SALEG     -0.330**    -0.284** -0.309 -0.347* 
     (-2.18)    (-2.03) (-1.35) (-1.65) 
CAPXG      -0.091***   -0.074*** -0.120** -0.122** 
      (-3.07)   (-2.74) (-2.58) (-2.58) 
PRET       -0.035***  -0.037*** -0.038*** -0.042*** 
       (-8.34)  (-8.98) (-8.58) (-9.47) 
MOM        0.429** 0.396** 0.389* 0.304 
        (2.23) (2.08) (1.86) (1.52) 
Industry dummy          YES 





Marketing capability and marketing investment 
This table presents the time-series means of coefficients from monthly cross-sectional Fama–Macbeth 
regressions of future realised returns on a firm’s marketing capability, controlling for marketing inputs and 
output. The dependent variable is an individual stock’s monthly return from July year t to June year t+1. 
MKTG_CAP is the firm’s marketing capability for the fiscal year-end in year t-1. MV is the natural log of 
market capitalisation calculated using the price and the number of shares outstanding at the end of June of 
year t. BM is the natural log of ratio of book equity for the last fiscal year-end in t-1 divided by market 
equity in December of year t-1. ASSETG is the change in log of total assets from the fiscal year ending in 
calendar year t-2 to the fiscal year ending in calendar year t-1. Ln(1+SALE) is the natural log of one plus 
sales revenue for the fiscal year-end in year t-1. Ln(1+ADSTOCK), Ln(1+ SGASTOCK), and 
Ln(1+SALESTOCK) are the natural logs of one plus stocks of advertising investment, marketing 
expenditure, and sales revenue, respectively, for the fiscal year-end in year t-1. Ln(1+RECT) is the natural 
log of one plus level of the firm’s account receivable for the fiscal year-end in year t-1. GP is the gross 
profit (revenue minus cost of goods sold) in the fiscal year ending in year t-1 divided by total assets in the 
fiscal year ending in year t-2. The annual changes of accounting variables (asset growth [ASSETG], capital 
expenditure growth [CAPXG], sale growth [SALEG]) are changes in the log of assets, capital expenditure, 
advertising expenditure, and sale from the fiscal year ending in calendar year t-2 to the fiscal year ending 
in calendar year t-1. PRET is the past-year return. MOM (momentum) for month j is the cumulative return 
from month j−12 to j−2. Industry dummies are based on the 48-industry classification defined by Fama and 
French (1997). The sample period is from 1978 to 2015. ***, **, and * indicate significance at the 1%, 




Table 2.8 (continued) 
  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 
Intercept 0.264 0.072 0.100 0.068 0.153 0.097 -0.880 -1.256* 
 (0.46) (0.12) (0.17) (0.11) (0.25) (0.15) (-1.31) (-1.87) 
MV -0.083 -0.032 -0.068 -0.090 -0.039 -0.096 -0.099* -0.088 
 (-1.42) (-0.69) (-1.32) (-1.56) (-0.74) (-1.63) (-1.70) (-1.43) 
BM 0.190*** 0.237*** 0.212*** 0.183*** 0.233*** 0.183*** 0.315*** 0.319*** 
 (3.31) (3.05) (2.93) (3.24) (3.13) (3.29) (6.46) (6.47) 
ASSETG -0.900*** -0.994*** -0.933*** -0.888*** -0.993*** -0.860*** -0.950*** -0.959*** 
 (-6.60) (-7.14) (-6.67) (-6.51) (-7.11) (-6.33) (-7.47) (-7.67) 
MKTG_CAP 1.341*** 1.682*** 1.566*** 1.520*** 1.615*** 1.538*** 1.560*** 1.816*** 
 (3.80) (4.49) (4.31) (4.35) (4.33) (4.39) (3.44) (4.31) 
Ln(1+SALE) 0.074      0.121**  
 (1.22)      (2.43)  
Ln(1+ADSTOCK)  0.048*    0.036  0.015 
  (1.66)    (1.64)  (0.97) 
Ln(1+SGASTOCK)   0.071*   0.036  -0.070*** 
   (1.85)   (1.33)  (-2.66) 
Ln(1+SALESTOCK)    0.079  0.050  0.194*** 
    (1.33)  (0.67)  (3.12) 
Ln(1+RECT)     0.027 -0.009  -0.039 
     (0.77) (-0.20)  (-1.18) 
GP       0.676*** 0.717*** 
       (7.79) (7.28) 
SALEG       -0.229* -0.208* 
       (-1.86) (-1.73) 
CAPXG       -0.075*** -0.076*** 
       (-2.83) (-2.89) 
PRET       -0.042*** -0.043*** 
       (-10.63) (-10.77) 
MOM       0.275 0.260 
       (1.53) (1.47) 
Industry dummy       YES YES 




Industry-related marketing capability and annual change in marketing capability  
This table presents the time-series means of coefficients from monthly cross-sectional Fama–Macbeth regressions of future realised returns on industry-related 
marketing capability and annual change in marketing capability. The dependent variable is an individual stock’s monthly return from July year t to June year t+1. 
MKTG_CAP is a firm’s marketing capability being estimated using equation (4) for the fiscal year-end in year t-1. Industry-related marketing capability is the 
marketing capability being estimated using equation (4) but with no industry dummy variables. The marketing capability estimation with the newly specified 
equation (4) is performed by each individual industry. MKTG_CAP (12), MKTG_CAP (30), and MKTG_CAP (48) are marketing capabilities based on the 12-, 30-
, and 48-industry classifications defined by Fama and French (1997), respectively. ΔMKTG_CAP RANK is the annual change in percentile rank of firms based on 
marketing capability from the fiscal year ending in calendar year t-2 to the fiscal year ending in calendar year t-1. MV is the natural log of market capitalisation 
calculated using the price and the number of shares outstanding at the end of June of year t. BM is the natural log of ratio of book equity for the last fiscal year-end 
in t-1 divided by market equity in December of year t-1. GP is the gross profit (revenue minus cost of goods sold) in the fiscal year ending in year t-1 divided by 
total assets in the fiscal year ending in year t-2. The annual changes of accounting variables (asset growth [ASSETG], capital expenditure growth [CAPXG], 
advertising expenditure growth [ADG], sale growth [SALEG]) are changes in the log of assets, capital expenditure, advertising expenditure, and sale from the fiscal 
year ending in calendar year t-2 to the fiscal year ending in calendar year t-1. PRET is the past-year return. MOM (momentum) for month j is the cumulative return 
from month j−12 to j−2. Industry dummies are based on the 48-industry classification defined by Fama and French (1997). The sample period is from 1978 to 













Table 2.9 (continued) 
  Model 1 Model 2 Model 3 Model 4 Model 5 
Intercept -1.240* -1.140* -0.026 -0.341 -1.569** 
 (-1.85) (-1.74) (-0.04) (-0.60) (-2.14) 
MV 0.010 0.013 0.010 0.019 -0.017 
 (0.24) (0.31) (0.24) (0.42) (-0.42) 
BM 0.402*** 0.398*** 0.414*** 0.414*** 0.355*** 
 (6.82) (6.99) (6.84) (6.50) (6.16) 
ASSETG -1.073*** -1.035*** -1.031*** -1.072*** -0.965*** 
 (-8.44) (-7.81) (-7.68) (-7.63) (-7.40) 
MKTG_CAP 2.086***    2.679*** 
 (4.70)    (5.03) 
MKTG_CAP (12)  1.838***    
  (4.81)    
MKTG_CAP (30)   1.574***   
   (4.47)   
MKTG_CAP (48)    1.144***  
    (3.20)  
Δ MKTG_CAP RANK     0.004** 
     (2.08) 
GP 0.756*** 0.754*** 0.698*** 0.791*** 0.684*** 
 (8.90) (8.71) (7.82) (7.91) (7.98) 
SALEG -0.281** -0.199* -0.176 -0.136 -0.549*** 
 (-2.23) (-1.69) (-1.36) (-0.99) (-2.76) 
CAPXG -0.075*** -0.070** -0.074** -0.064* -0.073*** 
 (-2.85) (-2.53) (-2.38) (-1.81) (-2.79) 
PRET -0.042*** -0.043*** -0.043*** -0.043*** -0.045*** 
 (-10.56) (-10.91) (-10.88) (-10.30) (-11.09) 
MOM 0.257 0.251 0.228 0.195 0.269 
 (1.40) (1.37) (1.28) (1.05) (1.44) 
Industry dummy YES YES YES YES YES 





Marketing capability and ratios 
This table presents the time-series means of coefficients from monthly cross-sectional Fama–Macbeth 
regressions of future realised returns on ratios of sales revenue over marketing inputs. The dependent variable 
is an individual stock’s monthly return from July year t to June year t+1. MV is the natural log of market 
capitalisation calculated using the price and the number of shares outstanding at the end of June of year t. 
BM is the natural log of ratio of book equity for the last fiscal year-end in t-1 divided by market equity in 
December of year t-1. ASSETG is the change in the log of total assets from the fiscal year ending in calendar 
year t-2 to the fiscal year ending in calendar year t-1. Ln(1+SALE) is the natural log of one plus sales revenue 
for the fiscal year-end in year t-1. Ln(1+SALE/ADSTOCK), Ln(1+ SALE/SGASTOCK), and 
Ln(1+SALE/SALESTOCK) are the natural logs of one plus sales revenue divided by stocks of advertising 
investment, marketing expenditure, and sales revenue, respectively, for the fiscal year-end in year t-1. 
Ln(1+SALE/RECT) is the natural log of one plus sales revenue divided by the level of the firm’s account 
receivable for the fiscal year-end in year t-1. GP is the gross profit (revenue minus cost of goods sold) in the 
fiscal year ending in year t-1 divided by total assets in the fiscal year ending in year t-2. The annual changes 
of accounting variables (asset growth [ASSETG], capital expenditure growth [CAPXG], advertising 
expenditure growth [ADG], sale growth [SALEG]) are changes in the log of assets, capital expenditure, 
advertising expenditure, and sale from the fiscal year ending in calendar year t-2 to the fiscal year ending in 
calendar year t-1. PRET is the past-year return. MOM (momentum) for month j is the cumulative return from 
month j−12 to j−2. Industry dummies are based on the 48-industry classification defined by Fama and French 
(1997). The sample period is from 1978 to 2015. ***, **, and * indicate significance at the 1%, 5%, and 













Table 2.10 (continued) 
 Model 1 Model 2 Model 3 Model 5 
Intercept 0.083 0.265 0.164 0.213 
 (0.16) (0.49) (0.28) (0.41) 
MV 0.012 0.038 0.025 0.025 
 (0.30) (0.95) (0.63) (0.62) 
BM 0.394*** 0.350*** 0.408*** 0.405*** 
 (7.35) (5.79) (7.23) (7.16) 
ASSETG -1.142*** -1.062*** -1.073*** -1.050*** 
 (-8.88) (-7.03) (-8.36) (-8.16)      
Ln(1+SALE/SGASTOCK) 0.227***    
 (4.09)    
Ln(1+SALE/ADSTOCK)  0.020   
  (1.17)   
Ln(1+SALE/SALESTOCK)   0.512  
   (0.80)  
Ln(1+SALE/RECT)    0.102** 
    (2.42) 
GP 0.957*** 0.700*** 0.811*** 0.778*** 
 (9.55) (6.69) (9.34) (9.23) 
SALEG -0.053 -0.048 -0.077 0.031 
 (-0.52) (-0.34) (-0.56) (0.31) 
CAPXG -0.078*** -0.110*** -0.074*** -0.077*** 
 (-3.02) (-2.80) (-2.80) (-2.93) 
PRET -0.042*** -0.043*** -0.042*** -0.043*** 
 (-10.60) (-9.90) (-10.61) (-10.65) 
MOM 0.248 0.275 0.258 0.249 
 (1.36) (1.36) (1.40) (1.38) 
Industry Dummy YES YES YES YES 





Figure 2.1. Performance over time of marketing capability and value strategies 
The figure shows the yearly profits of marketing capability and value strategies (solid and dashed lines, 
respectively) and a 50/50 mix of the two (dotted line). The strategies are long–short extreme value-weighted 

























































































































In standard valuation theory, the price of a firm’s common stock is determined by the 
discounted present value of the firm’s future expected cash flows. Hence, the stock price 
should impound all the information that reflects a firm’s future cash flows. However, it is 
quite difficult to understand and interpret how some information, although significant for a 
firm’s future cash flows, will ultimately impact firm value. The neglect of value-relevant 
information results in investors’ under-reaction and return predictability (see among, 
Huberman & Regev 2001; Cohen & Frazzini 2008; Hirshleifer et al. 2011; Cohen & Lou 
2012; Cohen et al. 2013; Hirshleifer et al. 2013). In chapter 2 of this thesis, we have 
documented the positive relationship between marketing capability and the future cross-
section of stock returns. In this chapter, we conduct a study to examine the possible drivers of 
such an association. First, we examine the positive relation between a firm’s marketing 
capability and its subsequent operating performance. Second, we consider whether investors 
under-react towards the value-relevant information contained in a firm’s marketing 
capability.   
Marketing capability refers to a firm’s ability to efficiently deploy its marketing 
resources to achieve its desired sales revenue. Amongst a firm’s functional capabilities, 
marketing capability is found to play the key role in building and sustaining the firm’s 
competitive advantage, as well as contributing to its performance and profitability (Peteraf 
1993; Day 1994; Grant 1996; Teece et al. 1997; Dutta et al. 1999; Eisenhardt & Martin 2000; 
Makadok 2001).17 While marketing activities such as advertising, promotions, etc. are visible 
to investors, it is relatively more difficult for investors to fully understand information about 
a firm’s efficiency in utilising these investments for sales. “One can hope to see the inputs 
                                                          
17 In general, a firm’s capability is its capacity to combine and deploy its resources efficiently to achieve optimal 
results. It is the key determinant of its performance (among others, Day 1994; Peteraf & Barney 2003). 
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that a firm uses and the outputs it achieves, but one can only infer its abilities in converting 
one to the other” (Dutta et al. 2005). Compared to marketing activities and sales growth, 
information about a firm’s marketing capability is unobservable and is not straightforward to 
measure. It requires the analysis of not only current, but also historical marketing activities. 
One may argue that the inputs and outputs for estimating a firm’s marketing capability are 
readily available from accounting data. Nonetheless, it still requires cognitive effort by the 
investors to compute and analyse the efficiency of converting inputs into output. 
Recent studies have suggested that due to psychological constraints, investors tend to 
place less weight on information which is less salient and hard-to-process, thereby 
underreacting to such information (see among, Song & Schwarz 2010; Hirshleifer et al. 2011; 
Cohen & Lou 2012; Cohen et al. 2013; Hirshleifer et al. 2013). Due to the nature of 
marketing capability and investors’ limited cognitive ability, investors may systematically 
underweight the value-relevant information contained in firms’ marketing capability. 
Following the diffusion of value-relevant information over time, we expect the stock price of 
a firm with a strong marketing capability to drift upwards to its fundamental value, resulting 
in high future stock returns.  
Following Dutta et al. (1999, 2005), we measure firms’ marketing capability using 
publicly available accounting data within the stochastic frontier analysis (SFA) framework. 
We relate a firm’s marketing inputs, such as advertising expenditures, intangible resources, 
existing customer base, and marketing expenditures, with its sales revenue. We then run a 
series of tests to examine the possible mechanisms behind the return predictability power of 
marketing capability.  
First, we document evidence confirming our hypothesis that marketing capability 
indeed contains incremental information about a firm’s future profits and earnings. In 
69 
 
particular, Fama-Macbeth’s (1973) regressions show that a higher measure of marketing 
capability predicts significantly higher gross profitability, asset turnover, return on assets and 
net earnings in the subsequent year. The marketing capability effect is not subsumed by other 
firm characteristics. In particular, we also control for advertising expenditures in operating 
performance models (Pandit et al. 2011), and the significant effect remains. The evidence 
indicates that the information contained in marketing capability about a firm’s future operating 
performance is incremental to other marketing measures and firm characteristics. 
In addition, we find that although investors recognise the value of marketing capability 
and assign a higher valuation to firms with a stronger marketing capability, they still underreact 
and do not fully incorporate the effect of marketing capability on firm’s future operating 
performance into stock price. Specifically, both current and lagged one-year marketing 
capability measures are found to be positively associated with a firm’s annual market-to-book 
ratio. Furthermore, we perform the zero-cost trading strategy of going long on the portfolio 
with the highest marketing capability and going short on the portfolio with the lowest 
marketing capability every year. The returns from the zero-cost trading strategy steadily drift 
upward within one year following the portfolio formation and show no sign of reversal. This 
implies that the stock market underreacts to information about firms’ marketing capability; 
hence, prices adjust over time to incorporate the value-relevant information as it slowly diffuses 
across the financial markets. Our findings are analogous to recent studies discovering that 
investors tend to place less weight on information which is less salient and hard-to-process, 
and thus, they under-react to such information (see among, Cohen & Lou 2012; Cohen et al. 
2013; Hirshleifer et al. 2013).  
In a competitive market, firms need to build and maintain a durable competitive 
advantage to protect their long-term profits and market shares from their competitors (Warren 
Buffet labelled this an “economic moat”). Given that marketing capability plays a significant 
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role in building a firm’s competitive advantage, we also examine the role of product market 
competition in the marketing capability – stock returns relation. Employing the Herfindahl-
Hirschman Index ranking (HHI) (among others, Hou & Robinson 2006) as a measure of 
product market competition, we find that firms with a strong marketing capability enjoy higher 
market shares than their counterparts with a weak marketing capability, across all levels of 
competition. However, the marketing capability – stock returns relation is found to exist 
persistently in competitive markets where a firm’s competitive advantage matters. These 
results suggest that the return predictability power of marketing capability could also be 
attributed to product market competition. In further tests, we document results which eliminate 
the possibility that the marketing capability – return relation is driven by financial distress and 
investors’ limited attention.   
Overall, our study finds that a firm’s marketing capability contains positive information 
about its future operating performance which is incremental to advertising expenditures, other 
firm characteristics and past profitability measures. However, our findings suggest that 
investors are slow to fully incorporate marketing capability information into stock prices. 
Therefore, stock prices adjust over time to incorporate the value-relevant information as it 
slowly diffuses across the financial markets. This results in a positive relation between a firm’s 
marketing capability and its future stock returns, which is documented in chapter 2 of this 
thesis. Furthermore, we find that the role of marketing capability in firm value is more 
significant for firms operating in competitive markets.  
The remainder of the paper proceeds as follows. Section 3.2 briefly reviews the related 
literature. Section 3.3 describes the sample and the measure of marketing capability. Section 
3.4 reports the empirical results on the mechanisms of the marketing capability–stock returns 
relation. Section 3.5 concludes. 
3.2 Literature Review 
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3.2.1 Marketing capability and firm performance 
Marketing capability is a firm’s ability to efficiently integrate and convert the firm’s 
marketing resources into sales revenue. A firm with a strong marketing capability has superior 
market and customer knowledge, and is quick and efficient in catering to customers’ needs, 
responding to customers’ reactions, exploiting market opportunities, handling problems and 
building and maintaining a strong brand (Dutta et al. 1999; Morgan et al. 2009b; Xiong & 
Bharadwaj 2013). The role of marketing capability in driving superior firm performance has 
stimulated significant interest in the marketing literature.  
Dutta et al. (1999) proposed a conceptual framework to explain the variation in firms’ 
profitability in high-technology markets in terms of the variation in their functional capabilities. 
In their study, marketing, research and development and operations capabilities were 
demonstrated to be important determinants of relative financial performance within the 
industry. Furthermore, they suggested that in order to achieve superior performance, firms 
operating in high-technology industries need to excel at two things: the ability to innovate 
efficiently (R&D capability) and the ability to commercialise these new innovations into the 
kinds of products that capture customers’ needs and preferences (marketing capability). To 
study the different impacts of the marketing, research and development, and operations 
capabilities on firm performance, Krasnikov and Jayachandran (2008) conducted a meta-
analysis of the firm capability-performance relationship. The results showed that among a 
firm’s core functional capabilities, marketing capability has the strongest positive impact on 
firm performance. Firms with stronger marketing capabilities are more likely to generate higher 
profits. This finding is consistent with the previously noted observation in the Wall Street 
Journal of Zuckerman and Hudson (2007). The study suggested that “it may not be advisable 
to reduce investment in marketing capabilities”. 
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Morgan et al. (2009a) examined how marketing capabilities are linked with a firm’s 
profit growth. They decomposed marketing capability into market-sensing capability as a 
firm’s capability to learn about its market, its customer relationship management (CRM) 
capability and its brand management capability. The results showed that these marketing 
capabilities have direct and complementary effects on the components of profit growth, 
revenue and margin growth. Although the two components of marketing capability have 
opposite effects on revenue growth and margin growth rates, their total effect on a firm’s profit 
growth is still positive. This finding highlights the importance of marketing capability in a 
firm’s future profitability and in the firm valuation of investors.  
Morgan et al. (2009b) examined whether market orientation and marketing capabilities 
are the drivers of firm performance in a cross-industry sample. A firm’s marketing capabilities 
are demonstrated to be positively associated with its business performance, which is measured 
by return on assets. The results indicated that marketing capabilities directly and positively 
impact firm performance. Ngo and O'Cass (2012) studied the implications of market 
orientation, marketing resources and marketing capabilities on firm performance. The results 
confirmed the findings of Morgan et al. (2009b), as the study showed that marketing resources 
and marketing capabilities are significant drivers of firm performance. More importantly, the 
findings suggested that the effect of marketing resources does not subsume the effect of 
marketing capabilities in firm performance.  
3.2.2 Psychological constraints and asset pricing 
The Efficient Market Hypothesis states that it is impossible to outperform the market 
because in an efficient stock market, share prices should always accurately incorporate and 
reflect all publicly available information (Fama 1970). This means that stocks are always being 
traded at their fair value and that investors cannot consistently make a profit by either 
purchasing undervalued stocks or selling overvalued stocks. However, a violation of the 
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hypothesis has been reported. Huberman and Regev (2001) documented a huge jump of about 
600% in the stock price of EntreMed in one weekend following the re-publication of 
information that had already been made available to the public five months earlier about a new 
cancer drug. The evidence suggested that information may not be fully incorporated into asset 
prices, which could be due to investors’ cognitive constraints. 
People have the tendency to underweight abstract, non-salient information (Kahneman 
1973). There is extensive literature showing that owing to limited cognitive capacity, investors 
tend to neglect and under-react to value-relevant information if it is hard to process. A number 
of theoretical models predict that investors’ cognitive constraints can cause market under-
reaction and affect stock prices. Hirshleifer and Teoh (2003) suggested that the amount of 
attention that investors allocate to an information disclosure need not correspond closely with 
its economic importance. They constructed a model to examine firms’ choices between 
alternative methods for presenting information and the effects of different presentations on 
asset market prices when investors have limited processing power. Their model demonstrated 
that information which is more salient or requires less cognitive processing is used by more 
investors; thereby, it is more fully impounded into price. On the other hand, investors neglect 
and fail to incorporate information that is less salient and hard to process into share price. This 
indicates that, in reality, investors’ valuation of a firm depends on how the firm’s information 
is presented, which addresses the incentives of firms to withhold information from inattentive 
investors. Peng (2005) proposed a continuous-time equilibrium model analysing the effects of 
information capacity constraints in the learning process of investors. His model showed that 
the existence of information capacity constraint will cause a delay in asset price responses to 
news. Furthermore, Peng and Xiong (2006) conducted another study modelling investors’ 
attention allocation in learning and further studied the effects of this on asset prices. Their 
proposed model showed that due to limited attention, investors tend to focus more on market 
74 
 
and sector-wide information than firm-specific information. Such macro focus leads investors 
to under-react to company-specific news and makes them more likely to react to sector-wide 
information. This addresses the observed return correlations between firms in the same sector. 
Relatively, Peng and Xiong (2006) found that when investors’ attention to individual firms in 
a sector increases, the average return correlation of those firms decreases. 
In line with the predictions demonstrated in the theoretical papers, there have also been 
many empirical research papers confirming that investors have limited ability to collect, 
analyse, and trade on value-relevant information, which then affects asset valuation (Grullon 
et al. 2004; Barber & Odean 2008; Fang & Peress 2009). Hou and Moskowitz (2005) 
empirically examined the effects of market frictions such as incomplete information, 
asymmetric information, short-sale constraints, etc. on stocks. The study documented evidence 
showing that there is a delay in share price response to information which results in 
predictability in the cross-section of stock returns. They found that investor recognition is the 
most responsible for the delay. Cohen and Frazzini (2008) conducted a study examining 
whether investors take into account the customer-supplier links between firms. They proposed 
that when firms are linked to each other through the relationship of customer-supplier, they 
should have economic links. It was expected that the prices of the partner firm will be adjusted 
when news about its linked firm is released into the market. Their study found that investors 
fail to fully recognise and understand these links. Therefore, due to attention constraints, 
investors fail to promptly incorporate the information about these links into stock prices, even 
though such information is publicly available. This results in the predictability of returns across 
economically linked firms. Cohen and Lou (2012) also found that investors have problems in 
understanding and interpreting information about firms with complex structures, which causes 
a delayed reaction to that piece of information. Furthermore, they found that sell-side analysts 
are also subject to the same information processing constraints. Adding to the extensive 
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empirical evidence of investors’ psychological constraints, Hirshleifer et al. (2013) and Cohen 
et al. (2013) found that the stock market fails to recognise the innovation capacity of firms. 
This is because innovation ability is not tangible information. It requires the observation of past 
innovation performance. Therefore, the innovation ability of a firm is not fully incorporated 
into its stock prices. 
3.2.3 Product market and the cross-section of stock returns 
Hou and Robinson (2006) argued that cash flows are generated through firms’ actions 
in product markets. Therefore, the product market structure and firms’ strategic interactions 
with other market participants may affect the riskiness of their cash flows, and thereby, affect 
firms’ equilibrium rate of return. Hou and Robinson (2006) used the Herfindahl index to 
measure industry concentration. In the study, they documented empirical evidence showing 
that firms in concentrated (less competitive) industries earn systematically lower stock returns. 
They posited that firms in less competitive industries have lower risk than their counterparts in 
more competitive industries. There are two possible reasons for the “lower risk” suggestion. 
Based on Schumpeter (1912), Hou and Robinson (2006) suggested that firms in less 
competitive industries tend to engage less in innovation. Therefore, these firms will have less 
innovation risk. Considering distress risk, firms in highly concentrated industries could be 
insulated from distress risk which is caused by systematic demand shocks. This is because of 
high barriers to entry in these concentrated industries.  
Aguerrevere (2009) used a real option model and showed that the relation between 
product market competition and systematic risk varies with business cycle and aggregate 
product demand. This is because the relative importance and riskiness of growth options and 
assets in place are sensitive to the strategic behaviour of market participants and changes in 
aggregate product demand. With the proposed model, it was shown that firms in concentrated 
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industries are riskier and earn higher returns when demand is high; however, firms in 
competitive industries are riskier and earn higher returns when demand is low. 
In a further study based on Hou and Robinson (2006) and Aguerrevere (2009) using a 
standard real options model, Gu (2016) demonstrated a positive interaction effect between 
product market competition and research and development investment. She argued that firms 
in competitive industries tend to invest aggressively. Furthermore, when a firm succeeds in an 
R&D project before other firms, the other firms in the same industry will need to suspend or 
abandon similar projects. Therefore, firms in highly competitive industries face higher 
innovation risk. She found empirical evidence showing that R&D intensive firms are riskier 
and earn higher stock returns than weak R&D firms; the effect is particularly strong in 
competitive industries. Additionally, firms in competitive industries earn higher returns than 
firms in less competitive industries when conditioned on R&D spending.  
3.3 Sample and data 
3.3.1 Sample 
Our sample includes all domestic common shares (except shares from utility and 
financial firms) listed on NYSE, AMEX, and NASDAQ for the period from 1974 through 
2015. Data on stock returns are obtained from the Center for Research in Security Prices 
(CRSP). We use accounting data and industry classifications from Compustat. Data on 
institutional investor ownership are obtained from Thomson Reuters. Our sample period is 
constrained by the availability of the data on advertising expenditures (XAD) in Compustat. 
The data is available from 1974 onwards.  
Sales and general administrative expenditure (SGA) is Compustat item XSGA with 
required adjustments. According to Compustat, SGA (item XSGA) also includes advertising 
expenditures (XAD) and research and development expenditures (XRD). To avoid double-
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counting XAD and XRD, we compute SGA by subtracting XAD and XRD from XSGA. If 
either XAD or XRD is missing, then we treat it as zero. If both XAD and XRD are missing or 
XSGA < XAD + XRD, then SGA = XSGA. If XSGA < 0, then we exclude the observation.  
We winsorise all firm characteristics at the 1st and 99th percentiles to mitigate any 
effects from outliers. To mitigate backfilling bias, we require firms to be listed on Compustat 
for at least two years before including them in our sample. Furthermore, to avoid any 
microstructure issues, we exclude stocks with a price below one dollar a share. We need four 
years of historical data to compute the marketing capability measure. Our final sample includes 
all common stocks with a valid marketing capability measure in a given year from 1978 through 
2015. Table 3.1 reports the descriptive statistics of this study’s main variables in the sample. 
3.3.2 Marketing capability estimation 
At the end of the fiscal year ending in each year t, we estimate the marketing capability 
scores of firms for the study of stock returns starting from July year t+1. Following chapter 2 
of this thesis, we apply the stochastic frontier analysis (SFA), pioneered by Aigner et al. (1977) 
and (Meeusen & Van Den Broeck 1977), to estimate firms’ marketing capability. We estimate 
an optimal sales revenue (output) frontier that a group of firms can possibly achieve using 
various marketing inputs. The four measures of marketing resources as marketing inputs are: 
the stock of advertising investment, the stock of marketing investment, investment in customer 
relationship, and existing customer base. 
To measure the ‘stock’ of an investment, we cumulate firm expenditures on such 
investments using distributed lag to capture the lag and carry-over effect. 
𝑋𝑆𝑡𝑜𝑐𝑘 = 𝑋 + 0.5𝑋 + 0.5 𝑋 + 0.5 𝑋 + 0.5 𝑋          (1) 
𝑋𝑆𝑡𝑜𝑐𝑘  is the stock of firm i's investment in X at time t. 𝑋  to 𝑋  are the value of X of firm 
i from t to t-4. Accordingly, we compute the stock of advertising investment, the stock of 
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marketing investment, and the existing customer base by cumulating a firm’s advertising 
expenditures, marketing expenditures, and sales revenue using equation (1), respectively. As 
discussed in chapter 2 of this thesis, to estimate a firm’s marketing expenditures, we use selling, 
general, and administrative expenses (SGA). To proxy for the existing customer base, we 
estimate the stock of the sales revenue of a firm. We use a firm’s accounts receivable as a proxy 
of the firm’s effort in building customer relationships. We include Fama and French’s (1997) 
48 industry dummies to control for the inter-industry differences in marketing activities and 
sales.  
Employing a log transformation with the aforementioned marketing inputs and output 
yields the equation to estimate marketing capability (efficiency): 
Ln(1 + 𝑆𝑎𝑙𝑒𝑠 ) = 𝛽 + 𝛽 ln(1 + 𝐴𝐷𝑠𝑡𝑜𝑐𝑘 ) + 𝛽 ln(1 + 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 ) +
𝛽 ln(1 + 𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 ) + 𝛽 ln(1 + 𝑅𝐸𝐶𝑇 ) + 𝜑 + 𝑣 − 𝑢     
  (2) 
where 𝑆𝑎𝑙𝑒𝑠 is the dollar amount of sales revenue; 𝐴𝐷𝑠𝑡𝑜𝑐𝑘, 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 and 𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 
are the stock of advertising investments, marketing expenditures, and sales revenues, 
respectively; 𝑅𝐸𝐶𝑇 is the level of a firm’s accounts receivable. 𝜑  is a dummy variable that 
proxies for industry j according to Fama and French’s (1997) 48-industry classification. Many 
companies may not use a complete set of the proposed marketing inputs. Such companies 
would be falsely eliminated from the estimation. Therefore, we assign a value of “0” to the 
missing variables as long as the firm observation has either the stock of advertising investment 
or the stock of marketing investment, because they are the two main inputs in the marketing 
capability estimation equation. 𝑣  is the random error in year t which accounts for 
measurement errors and other random shocks beyond a firm’s control (e.g., luck); 𝑢  captures 
a firm’s inefficiency in year t in converting marketing inputs into output (sales revenue). 
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where 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃  is the marketing capability (efficiency) of firm i in year t; E is the expected 
value operator; 𝑌∗is the frontier estimated sales revenue of firm i in year t given no inefficiency. 
The marketing capability (efficiency) score, MKTG_CAP, is a normalised measure between 0 
and 1. 
3.4 Empirical results 
3.4.1 Marketing capability and subsequent profitability 
In this sub-section, we analyse the relation between a firm’s marketing capability and its 
subsequent profitability. Our goal is to examine whether future profitability is the value-
relevant information contained in a firm’s marketing capability. Fama and French (2006) 





     (4) 
where 𝑌  is the time t earnings, 𝑑𝛽 = 𝛽 − 𝛽  is the change in book equity, 𝑀  is the market 
value in time t, and 𝑟 is the required rate of return on expected dividends. Holding all else 
equal, higher expected earnings imply higher expected stock returns. If the relation between 
marketing capability and future profit is positive, the expected stock returns of firms with high 
marketing capability should be higher than their counterparts with low marketing capability. 
Therefore, we now examine whether a firm’s current marketing capability positively 
contributes to the firm’s future profits and earnings. Dutta et al. (1999); Luo and Donthu (2006) 
and Angulo-Ruiz et al. (2014) found that a firm’s marketing capability has a positive effect on 
its current profitability and valuation, as measured by Tobin’s Q. Table 3.2 shows that firms 
with a strong marketing capability have significantly higher profitability. Given the persistence 
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in a firm’s marketing capability shown in chapter 2, we expect firms with a strong marketing 
capability to generate higher profitability in the future than their weak counterparts. Intuitively, 
these firms are also able to leverage its marketing capability to generate high future profit 
margins, asset turnover and net profits.  
We run a panel regression of the year t+1 measures of profitability on the year t measure 
of marketing capability and control variables. Following Hirshleifer et al. (2013), we add the 
lags of profitability measures to control for the persistence in operating performance. Our 
profitability measures include gross profit (GP), return on assets (ROA), profit margin 
(PROFITM) and asset turnover (AT). Gross profit is the revenue minus the cost of goods sold, 
which is then scaled by total assets. Return on assets is the net income divided by the total 
assets. Profit margin is the ratio of net income to sales revenue. Asset turnover is sales revenue 
divided by total assets. Moreover, we include advertising, research and development, and 
capital expenditures, as well as asset growth, to account for various forms of expenditures and 
financing activities that are related to a firm’s future profits. We also include size, BM, and 
industry fixed effects based Fama and French’s (1997) 48-industry classification, as Barber 
and Lyon (1996) showed their importance as controls in detecting abnormal operating 
performance. The model is as follows: 
𝑂𝑃 , = 𝛽 + 𝛽 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 , + 𝛽 𝑂𝑃 , + 𝛽 𝑋 , +. . . +𝛽 𝑋 , + 𝛽 𝐼𝑁𝐷 +
𝛽 𝑌𝐸𝐴𝑅    (5) 
where 𝑂𝑃 ,  is firm i’s operating profit in year t+1. 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 ,  is firm i’s marketing 
capability score in year t. 𝑂𝑃 ,  is firm i’s operating profit in year t. 𝑋 , … 𝑋 , ,  is a vector of 
the control variables of firm i in year t as we discussed above. 𝐼𝑁𝐷  is a dummy variable 
representing industry j using Fama and French’s (1997) 48-industry classification. 𝑌𝐸𝐴𝑅  is a 
year dummy variable to control for time fixed effects. Considering the persistence of 
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profitability over time and the correlation in profitability across firms, we cluster standard 
errors by firm and year. 
Table 3.3 presents the results. Growth firms (low B/M) and firms with low asset growth 
generally have higher future profitability, which is consistent with the existing literature (Fama 
& French 1995; Cooper et al. 2008). Most importantly, a firm’s marketing capability is 
positively related to future profitability. We find that there are significantly positive relations 
between a firm’s marketing capability and future gross profits, asset turnover, return on assets 
and profit margin. Specifically, a one percent increase in the marketing capability score raises 
the gross profit by 0.14% and asset turnover by 0.23% in the subsequent year. In terms of net 
profit, a one percent increase in the marketing capability score raises the return on assets and 
profit margin by 0.12% and 1.22%, respectively, in the next year. The significantly positive 
lagged profitability measures confirm the persistence in operating performance. We also find 
evidence that more investment in advertising leads to higher future operating performance. 
Overall, the results show that marketing capability contains incremental positive information 
about firms’ future profitability beyond that of the control variables.  
3.4.2 Marketing capability, firm value and investors’ under-reaction 
3.4.2.1 Preliminary evidence from stock returns 
In chapter 2 of this thesis, we document a marketing capability effect on the future cross-
section of stock returns. We now examine whether the return predictability based on marketing 
capability reflects investors’ delayed reaction in updating share prices to incorporate the value-
relevant information about marketing capability which is shown in section 3.4.1 of this chapter.  
First, we examine the persistence of the marketing capability effect on stock returns over 
time. Following chapter 2, we sort stocks into portfolio deciles at the end of June of each year 
t based on their marketing capability scores in the fiscal year ending in year t-1. Portfolios are 
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held from July of year t through June of year t+1 and then rebalanced. We then perform a zero-
cost strategy of going long on the portfolio with the highest marketing capability (decile 10) 
and going short on the portfolio with the lowest marketing capability (decile 1). Figure 3.1 
plots the annual profit from the zero-cost long-short investment strategy based on extreme 
marketing capability portfolios. The average annual return on the spread portfolio across the 
sample period is 5.84% (t-stat = 2.52). From 1978 to 2015, the strategy generates persistently 
positive returns most of the time. Furthermore, the marketing capability effect appears to be 
independent of the economic cycle, regardless of whether the economy is in recession 
(highlighted in grey in Figure 3.1). The results suggest that the finding of a positive effect of 
marketing capability on stock returns is not a one-off event. The persistence in return 
predictability lends support to the mispricing story of the marketing capability-stock return 
relation. A risk-based story would predict positive returns spreads to concentrate in years with 
a bad economic state.   
Secondly, we study the long-run return pattern of the marketing capability effect. If 
the effect is due to the delayed updating in share prices because of investors’ delayed or 
under-reaction, we would expect to see no reversal in the accumulated long-term returns to 
the hedge portfolio. The hedge portfolio is from the aforementioned zero-cost trading 
strategy. In contrast, if the effect is due to investors’ over-reaction, we would expect to see a 
sharp reversal in the positive returns in the long term. Figure 3.2 plots the cumulative 
abnormal returns to the hedge portfolio in the twelve months following portfolio formation. 
We observe no sign of return reversal, but instead, an upward drift. The trend implies that we 
are capturing investors’ delayed reaction to the value-relevant information about firms’ 
marketing capability. 
3.4.2.2 Marketing capability and market valuation 
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In this sub-section, we investigate whether the upward drift in Figure 3.2 is due to the 
delayed incorporation of future earning information contained in marketing capability into a 
firm’s market valuation. We employ the accounting-based asset valuation model developed by 
Ohlson (1995) to study the impact of marketing capability on the market-to-book ratio of the 
firm. Table 3.4 reports the annual Fama-Macbeth cross-sectional regressions of the natural log 
of a firm’s market-to-book ratio in year t on marketing capability scores in year t and year t-1 
and other control variables in year t. The control variables include the inverse of book equity, 
the return on equity and the ratio of R&D to book equity, and the ratios of advertising expenses 
and capital expenditures to market equity. The model is as follows: 
ln (𝑀𝑇𝐵) , = 𝛽 + 𝛽 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 , + 𝛽 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 , + 𝛽 𝑋 , +. . . +𝛽 𝑋 , +
𝛽 𝐼𝑁𝐷      (5) 
where ln (𝑀𝑇𝐵) ,  is the natural log of the market-to-book ratio of firm i in year 
t. 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 ,  is the marketing capability score of firm i in year t. 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 ,  is the 
marketing capability score of firm i in year t. 𝑋 , … 𝑋 , ,  is a vector of the control variables 
of firm i in year t as we discussed above. 𝐼𝑁𝐷  is a dummy variable representing industry j 
using Fama and French’s (1997) 48-industry classification. The results in Table 3.4 show that 
both current and lagged marketing capability measures are positively associated with the 
natural log of the market-to-book ratio, regardless of whether we control for the firm’s other 
characteristics. This evidence suggests that the stock market recognises the value of marketing 
capability and assigns a higher valuation to firms with a stronger marketing capability. 
However, the market valuation does not fully reflect the effect of the current marketing 
capability. Therefore, such effect continues to be picked up by the stock market in the 
subsequent year. This is shown in the significantly positive relation between lagged marketing 
capability and the current market-to-book ratio. This evidence lends further support to the 
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hypothesis that the market is slow in responding to a firm’s marketing capability information 
and that such under-reaction is significant. 
3.4.3 Marketing capability and product market competition 
To reinforce the linkage that marketing capability impacts returns and future 
profitability, we now examine the effect of product market competition on the relation between 
marketing capability and returns. “Firms generate cash flows through their actions in product 
markets” (Hou & Robinson 2006). Hence, the level of product market competition should 
affect firms’ risk and stock returns. Empirically, product market competition is found to be 
associated with firms’ risk and stock returns (among others, Hou & Robinson 2006; 
Aguerrevere 2009; Gu 2016). Gu (2016) conducted a study examining the interaction effect 
between product market competition and research and development (R&D) on stock returns. It 
is illustrated that firms in competitive industries tend to invest aggressively. When a firm 
succeeds in an R&D project, it will result in a cost to its rivals, as their existing similar R&D 
projects will be suspended or abandoned. Therefore, Gu (2016) found that the effect of R&D 
investment on firm value is intensified in competitive markets. 
In the context of product market competition, the ability to build and maintain a 
durable competitive advantage will help a firm to protect its long-term profits and market 
shares from its competitors (Warren Buffet described this as an “economic moat”). Peteraf 
(1993); Dutta et al. (1999) and Makadok (2001) argued that marketing capability plays the 
key role in building and sustaining a firm’s competitive advantage. The ability to build and 
maintain a durable competitive advantage leads to higher market shares and higher 
profitability in the long-term. As a result, in a highly competitive market in which market 
power matters, the contribution of marketing capability to a firm’s competitive advantage 
and, in turn, to future stock returns, should be more pronounced. This is what we now test. 
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The hypothesis is that the returns of firms facing higher product market competition are 
impacted more strongly by marketing capability.  
We first examine whether marketing capability helps firms to improve their 
competitive advantage. Table 3.5 reports the market shares in year t+1 of portfolios sorted on 
product market competition and a firm’s marketing capability in year t. A firm’s market share 
is the firm’s sales revenue divided by the total sales of the industry in which the firm is 
operating based on Fama and French’s (1997) 48 industry classification. In regard to product 
market competition, we employ the Herfindahl-Hirschman Index ranking (HHI) (among 
others, see Hou & Robinson (2006)). In particular, a low HHI score implies a product market 
with high competition (less concentrated industry). The results show that the portfolios with 
the strongest marketing capability enjoy the highest market shares across the competitiveness 
level of the product market. This emphasises the role of a firm’s marketing capability in 
building the firm’s sustained competitive advantage in the product market. 
We then further investigate if the return predictability of marketing capability is 
stronger in competitive industries in which market power matters. Table 3.6 reports the 
average returns and Fama and French’s (2015) five-factor alphas of portfolios sorted on 
product market competition and a firm’s marketing capability. The results show that the 
return predictability power of marketing capability exists strongly and consistently in the two 
most competitive portfolios based on the HHI scores. In these portfolios of highly 
competitive markets, the group of firms with the strongest marketing capability enjoys the 
highest returns, while the weakest marketing capability firms earn the lowest returns. 
However, the marketing capability-stock return effect is either weak or not found in less 
competitive industries. These results are similar to what was documented by Gu (2016) 
regarding the positive effect of product market competition on the relation between R&D 
investment and stock returns. Collectively, the results from Table 3.5 and Table 3.6 suggest 
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that marketing capability is particularly important for firms in competitive markets, as it helps 
firms to build a sustained competitive advantage which leads to long-term profitability.  
3.5 Further Tests 
3.5.1 Marketing capability and investors’ limited attention 
In this sub-section, we examine whether investors’ limited attention is the driver behind 
the delayed reaction to marketing capability. Several theoretical models predict that investors’ 
limited attention may cause mispricing in systematic ways (e.g. Merton 1987; Peng & Xiong 
2006). Specifically, Hirshleifer and Teoh (2003) suggested that because of limited attention, 
investors may neglect certain value-relevant information. While advertising attracts investors’ 
attention (Lou 2014), investors may be unaware of the value in the efficiency of a firm’s 
marketing activities (i.e. marketing capability), as the information about a firm’s marketing 
capability is less straightforward. If investors’ limited attention plays a significant role in the 
relation between marketing capability and the cross-section of stock returns, we expect return 
predictability based on marketing capability to be stronger amongst stocks which attract less 
attention from investors.  
To test the limited attention hypothesis, we employ three commonly used proxies: firm 
size, institutional investor ownership, and dollar trading volume (Hong et al. 2000; Barber & 
Odean 2008; Cohen & Lou 2012; Hirshleifer et al. 2013). Size (MV) is the log of a firm’s 
market capitalisation in June of time t-1. Following the literature (Nagel 2005; Cohen & Lou 
2012), we regress the percentage of institutional ownership on firm size and take the residual 
as a measure of institutional ownership (RES_INST). This is because institutional ownership 
is highly correlated with a firm’s size as documented in Nagel (2005). Therefore, sorting stocks 
on the raw measure of institutional ownership is largely similar to sorting stocks on a firm’s 
size. By regressing the raw institutional ownership on firm size and taking the residual, we can 
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purge the size effect from the institutional ownership measure. The dollar trading volume 
(DVOL) is the time-series average of the monthly share trading volume multiplied by the 
monthly closing price over the 12 months prior to the end of June. At the end of June year t, 
we first sort all stocks on a proxy for limited attention into terciles and then into quintiles based 
on marketing capability. Next, we observe the differences in returns between extreme 
marketing capability portfolios (i.e. hedge returns) in the subsequent year across the proxy for 
limited attention.  
Table 3.7 reports the results. In Panel A, instead of sorting stocks into equal terciles, we 
sort them into portfolios of micro, small and big stocks, where the breakpoints are the 20th and 
50th percentile of market capitalisation in NYSE. This is to follow Fama and French (2008), 
as “the three size groups are roughly in line with the definitions used by investment managers”. 
Within each size portfolio, we further sort stocks into quintiles based on their marketing 
capability scores. The results show that a positive relation between marketing capability and 
returns only appears in the portfolio with the largest stocks, which consists of stocks larger than 
the median market capitalisation in the NYSE. Although the marketing capability effect is not 
found amongst micro and small stocks (which only take up around 10% of the total market 
capitalisation), the evidence highlights the existence of the marketing capability effect in more 
than 90% of the stock market. Panel B shows that returns of hedge portfolios are significantly 
large and robust amongst stocks with moderate institutional ownership. Moreover, the risk-
adjusted hedge returns of the low and high institutional ownership portfolios are 0.47% (t-stat 
= 1.85) and 0.32% (t-stat = 2.49), respectively. Panel C shows that the marketing capability 
effect exists in the portfolios with the highest dollar trading volume over the past year.  
Overall, the results show that the return predictability of marketing capability is the 
strongest amongst large stocks, stocks with medium levels of institutional ownership and those 
with a high trading volume, which are stocks that attract much attention from investors. Thus, 
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investors’ limited attention does not appear to be the reason behind the delayed reaction to the 
public information about firms’ marketing capability. 
3.5.2 Marketing capability and distress risk 
We also want to examine the possibility that financial distress is what is driving our 
main result. The high abnormal returns to the trading strategy based on marketing capability 
could be driven by a firm’s distress risk. Particularly, it is found that financially distressed 
firms suffer abnormally low returns (Campbell et al. 2008). As a result, firms with a weak 
marketing capability may have a higher distress risk and in turn, generate lower returns than 
those with a strong marketing capability. If the marketing capability – stock returns relation is 
related to the distress risk, then we expect to observe a stronger return predictability of 
marketing capability among firms with a high distress risk. We conduct the examination by 
double sorting portfolios based on marketing capability and a proxy of distress risk – O-score 
(Ohlson 1980) and then observe the return patterns. The result is presented in Panel A of 
Table 3.8. In fact, the marketing capability effect on stock returns is found to exist in most of 
the O-score portfolios, except the portfolio with the second ranking in the O-score. There is 
no return pattern in the portfolio double-sorting to support the hypothesis that the distress risk 
is the main driver of the marketing capability effect. 
We further investigate the possibility of financial distress as the driver of the marketing 
capability effect by employing a new method which was proposed in Avramov et al. (2013). 
Avramov et al. (2013) found that a majority of anomaly-based trading strategies generate 
profits from the short side of the trade. They suggested that credit risk plays an important role 
in explaining the source of these anomaly profits. Therefore, if the effects of financial distress 
are removed from the sample, the abnormal profits from these anomaly-based trading strategies 
will disappear. They proposed the use of rating downgrades as a proxy for financial distress, 
as this observable event reflects deteriorating firm conditions. With respect to the marketing 
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capability effect, our hypothesis is that if such effect is related to financial distress, if we 
remove firms in financial distress (firms that experience a credit downgrade), the return 
predictability based on marketing capability should disappear. Following Avramov et al. 
(2013), for each stock that gets a credit rating downgrade, we exclude the monthly returns from 
six months before to six months after the downgrade event. We then perform portfolio sorts 
(deciles) based on a firm’s marketing capability scores as in chapter 2, but using the remaining 
observations of monthly returns. Panel B in Table 3.8 presents the profitability of a marketing 
capability trading strategy after removing the impact of the downgraded credit rating. The 
results in Panel B show that after removing the impact of a credit rating downgrade, which is 
a proxy of financial distress, the average returns of the Decile portfolios are all improved, and 
the negative adjusted-returns of the Decile 1 portfolio, which are found in chapter 2, either 
disappear or become statistically weaker. Notably, the high returns of the Decile 10 portfolio 
and the abnormal profits of the zero-cost marketing capability portfolio remain persistently 
significant. Collectively, the documented evidence indicates that the return predictability 
power of marketing capability is not related to financial distress. 
3.6 Conclusion 
In this study, we conduct a series of tests to examine the possible mechanisms behind the 
positive association between a firm’s marketing capability and the cross-section of stock 
returns.  
We document evidence showing that marketing capability adds incremental information 
about a firm’s future profits and earnings beyond other control variables, such as gross 
profitability, book-to-market ratio, advertising expenditures, etc. Nevertheless, the stock 
market appears to be slow to fully incorporate the value-relevant information contained in 
marketing capability into firm value. This is shown in the long-run upward drift in the abnormal 
cumulative returns to the long-short portfolio and the positive effect of lagged marketing 
90 
 
capability on the current market-to-book ratio. This results in a positive relation between a 
firm’s marketing capability and future stock returns which is documented in chapter 2 of this 
thesis. 
We also find that the return predictability power of marketing capability could also be 
attributed to product market competition. Firms which are marketing-efficient are found to 
enjoy higher market shares than their weak marketing capability counterparts. Marketing 
capability plays a significant role in competitive product markets in which a competitive 
advantage matters. In further tests, we document results which rule out the possibility that the 
marketing capability – return relation is driven by financial distress and investors’ limited 





Table 3.1 Descriptive Statistics 
 
This table reports the descriptive statistics for all the cross-sectional variables used in this study. 
MV is the market capitalisation calculated using the price and the number of shares outstanding 
at the end of June of year t. BM is the ratio of book equity for the last fiscal year-end in t-1 
divided by the market equity in December of year t-1. AGE is the firm age, defined by the 
number of years the firm has been on COMPUSTAT. All the accounting variables (Advertising 
expenditures (AD), Selling, general and administrative expenditures (SGA), Sales revenues 
(SALE), Account Receivables (RECT)), are calculated in the fiscal year ending in year t-1. The 
annual change of accounting variables (Asset growth (ASSETG), Capital expenditure growth 
(CAPXG), Advertising growth (ADG), Sale growth (SALEG)) are changes in the log of assets, 
capital expenditures, advertising expenditures and sales revenue from the fiscal year ending in 
year t-2 to the fiscal year ending in year t-1. GP, AT, ROA and PROFITM are the gross 
profitability (sales revenue – cost of goods sold) -to-total assets ratio, the sales-to-total assets 
ratio (asset turnover), the net income-to-total assets ratio (return on assets) and the net income-
to-sales revenue ratio (profit margin), respectively. The sample period is from 1978 to 2015. 
 
 
Variables Mean Median P1 P99 STD 
MV 2094.74 292.87 6.11 35384.21 6482.11 
BM 1.49 0.56 0.04 30.78 6.08 
AGE 14.34 12.00 2.00 45.00 10.42 
AD 90.32 5.73 0.01 1763.00 363.27 
SGA 385.43 49.45 1.01 6484.20 1666.88 
SALE 2340.28 303.54 0.60 38478.48 7190.41 
RECT 521.69 40.38 0.00 7618.49 5115.05 
ADG 0.11 0.09 -1.22 1.56 0.42 
SALEG 0.13 0.10 -0.66 1.22 0.29 
CAPXG 0.13 0.11 -1.80 2.16 0.68 
ASSETG 0.14 0.09 -0.43 1.13 0.26 
ROA 0.04 0.06 -0.61 0.35 0.15 
PROFITM -0.13 0.04 -4.46 0.42 1.81 
GP 0.43 0.38 -0.42 1.47 0.33 





Marketing Capability Deciles: Financial characteristics 
 
This table reports the financial characteristics of the portfolios sorted by marketing capability. At the end of June of each year t, stocks are 
allocated into deciles based on marketing capability (MKTG_CAP). MKTG_CAP is the marketing capability for the fiscal year-end in year t-1. 
MV is the natural log of market capitalisation calculated using the price and the number of shares outstanding at the end of June of year t. BM is 
the ratio of book equity for the last fiscal year-end in t-1 divided by market equity in December of year t-1. AGE is the firm age, defined by the 
number of years the firm has been on COMPUSTAT. ASSETG, CAPXG, ADG, SGAG and SALEG are the annual change of total assets, capital 
expenditures, advertising expenditures, selling, general and administrative expenditures and sales revenues, respectively. GP, AT, ROA and 
PROFITM are the gross profitability (sales revenue – cost of goods sold) -to-total assets ratio, the sales-to-total assets ratio (asset turnover), the 
net income-to-total assets ratio (return on assets) and the net income-to-sales revenue ratio (profit margin), respectively. The sample period is 




Table 3.2 (continued) 
 
Decile 1 (Low) 2 3 4 5 6 7 8 9 
10 
(High) 
Spread (10-1) t (spread) 
MKTG_CAP 0.77 0.85 0.87 0.88 0.89 0.89 0.90 0.91 0.92 0.94 0.17*** (26.64) 
MV 7.58 7.95 8.25 8.39 8.52 8.74 8.89 9.03 9.18 9.03 1.45*** (7.67) 
BM -0.82 -0.87 -0.94 -0.95 -1.00 -1.07 -1.05 -1.06 -1.08 -1.06 -0.24** (-2.67) 
AGE 22.50 22.42 22.74 23.23 24.39 24.35 23.98 23.83 23.34 19.12 -3.38** (-2.57) 
ASSETG -0.02 0.05 0.07 0.08 0.08 0.11 0.12 0.13 0.15 0.22 0.25*** (8.51) 
CAPXG -0.12 0.00 0.03 0.07 0.06 0.09 0.11 0.10 0.14 0.23 0.35*** (10.59) 
ADG -0.16 -0.00 0.04 0.07 0.05 0.08 0.09 0.11 0.15 0.23 0.38*** (8.72) 
SGAG -0.10 0.00 0.04 0.06 0.07 0.07 0.12 0.12 0.13 0.21 0.31*** (7.61) 
SALEG -0.20 -0.01 0.03 0.06 0.07 0.09 0.11 0.12 0.15 0.25 0.45*** (14.34) 
GP 0.28 0.35 0.40 0.43 0.44 0.48 0.50 0.50 0.49 0.54 0.26*** (10.27) 
AT 0.73 0.91 0.98 1.07 1.12 1.21 1.29 1.29 1.32 1.58 0.85*** (18.42) 
ROA 0.04 0.06 0.07 0.08 0.08 0.10 0.10 0.10 0.10 0.10 0.06*** (6.95) 




Marketing capability and subsequent profitability 
 
This table reports the results of the pooled OLS regressions of the individual firms’ subsequent profitability measures (in the fiscal year-end in 
year t) on marketing capability (MKTG_CAP) and other control variables in the fiscal year-end in year t-1. The dependent variables are operating 
performance measures in fiscal year ends in year t including Gross Profitability (GP), Profit Margin (PROFITM), ROA and AT. GP is the gross 
profit (revenue minus cost of goods sold) divided by the lag of total assets. ROA is the returns on assets, which is the net income divided by the 
lag of total assets. PROFITM is the profit margin, which is the net income divided by the sales revenue. AT is asset turnover, which is the sales 
revenue divided by the lag of total assets. The independent variables are the firm’s characteristics and the lags of the operating performance 
measures (PROFITM, GP, ROA and AT) in the fiscal year ends in year t-1. MKTG_CAP is the marketing capability for the fiscal year-end in 
year t-1. MV is the natural log of market capitalisation. BM is the ratio of the book-to-market ratio. Ln(1+AD/TA) is the natural log of one plus 
the annual advertising expenditures divided by the total assets. Ln(1+RD/TA) is the natural log of one plus the annual research and development 
expenditures divided by the total assets. Ln(1+CAPX/TA) is the natural log of one plus the annual capital expenditures divided by the total 
assets. ASSETG is the annual change in the total assets. The year and industry dummies control for the year and industry fixed effects. The 
industry dummies are based on the 48 industry classifications defined in Fama and French (1997). The t-statistics are based on robust two-way 
(firm and year) clustered standard errors. The sample period is from 1978 to 2015. ***, **, *indicate significance at the 1%, 5%, and 10% 
levels, respectively.  
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Table 3.3 (continued) 
  Dependent Variable 
  GP ROA PROFITM AT 
Intercept -0.063** -0.148*** -1.232*** -0.030 
 (-2.43) (-5.26) (-2.64) (-0.57) 
MV -0.001 0.008*** 0.011*** -0.006*** 
 (-0.85) (11.62) (2.58) (-3.66) 
BM -0.024*** -0.006*** -0.002 -0.051*** 
 (-13.32) (-3.24) (-0.16) (-12.23) 
Ln(1+AD/TA) 0.204*** 0.038 0.267*** 0.191** 
 (3.85) (1.21) (3.06) (2.32) 
Ln(1+RD/TA) 0.068* -0.224*** -0.678*** -0.091 
 (1.68) (-5.26) (-3.04) (-1.49) 
Ln(1+CAPX/TA) 0.114*** -0.033* 0.012 0.201*** 
 (4.14) (-1.67) (0.08) (2.95) 
ASSETG -0.328*** -0.033*** -0.199* -0.805*** 
 (-32.43) (-4.32) (-1.93) (-33.11) 
MKTG_CAP 0.141*** 0.115*** 1.218** 0.234*** 
 (4.69) (3.43) (2.25) (3.64) 
GP 0.849***    
 (59.82)    
ROA  0.571***   
  (21.13)   
PROFITM   0.556***  
   (11.60)  
AT    0.877*** 
    (118.75) 
Industry dummy YES YES YES YES 
Year dummy YES YES YES YES 




Marketing capability and market valuation 
 
This table presents the time-series means of the coefficients from the yearly cross-sectional 
Fama-Macbeth regressions of the natural log of a firm’s market-to-book equity (MBT) ratio 
in year t on marketing capability (MKTG_CAP) in year t and year t-1 and other control 
variables in year t. RD/BE denotes the research and development expenditures divided by the 
book value of equity. ROE is the earnings after extraordinary items divided by the book value 
of equity. Ln(1+AD/ME) is the natural log of one plus the annual advertising expenditures 
divided by the year-end market equity. Ln(1+CAPX/ME) is the natural log of one plus the 
annual capital expenditures divided by the year-end market equity, and the industry dummies 
are based on Fama and French’s (1997) 48 industry classifications. The sample period is from 
1978 to 2015. ***, **, * indicate significance at the 1%, 5%, and 10% levels, respectively.  
 
  Model 1 Model 2 Model 3 Model 4 
Intercept 0.497*** -2.089*** 
-
1.292*** -2.214*** 
 (8.16) (-14.24) (-8.10) (-11.91) 
RD , /BE ,  0.782*** 0.722*** 0.761*** 0.723*** 
 (6.84) -7.12 (6.85) (7.16) 
1/BE ,  0.674*** 0.929*** 0.892*** 0.945*** 
 (3.09) -4.78 (4.38) (4.78) 
ROE ,  0.112*** 0.074*** 0.100*** 0.076*** 
 (3.98) -3.65 (3.91) (3.69) 





 (-7.59) (-6.59) (-7.05) (-6.57) 





 (-16.18) (-17.71) (-17.25) (-17.77) 
MKTG_CAP ,   3.018***  2.818*** 
  -20.36  (18.83) 
MKTG_CAP ,    2.079*** 0.353* 
   (11.93) (1.81) 
Industry dummy YES YES YES YES 






Market shares of marketing capability portfolios with the effect of product market 
competition 
 
The table reports the market shares of the portfolios in year t in dependent double sorts of all 
stocks based on the industry concentration measure – the Herfindahl-Hirschman Index (HHI) 
(Hou & Robinson 2006) and the marketing capability (MKTG_CAP). The market share is the 
firm’s sales revenue divided by the total sales of the industry in which the firm is operating 
based on Fama and French’s (1997) 48 industry classifications. The spread (5-1) refers to the 
mean difference in the market shares between portfolio 5 and portfolio 1 sorted based on 
MKTG_CAP. The sample period is from 1978 to 2015. ***, **, *indicate significance at the 
1%, 5%, and 10% levels, respectively. 
 




MKTG_CAP ranks       
1 2 3 4 5 Spread (5-1)   
1 0.064 0.085 0.102 0.125 0.111 0.047***   
 (19.46) (20.96) (24.46) (28.27) (32.81) (9.52)   
2 0.157 0.190 0.206 0.239 0.276 0.118***   
 (23.64) (27.76) (28.22) (45.29) (40.27) (11.90)   
3 0.312 0.386 0.472 0.550 0.569 0.257***   







Stock returns of marketing capability portfolios with the effect of product market 
competition 
 
The table reports the stock returns of the portfolios in year t+1 in dependent double sorts of 
all stocks based on the industry concentration measure – the Herfindahl-Hirschman Index 
(HHI) and the marketing capability (MKTG_CAP). Spread (5-1) refers to the mean difference 
in monthly stock returns between portfolio 5 and portfolio 1 sorted based on MKTG_CAP. 
The sample period is from 1978 to 2015. ***, **, *indicate significance at the 1%, 5%, and 
10% levels, respectively. 
 
Average returns FF5 alphas of portfolios sorted by product marketing competition and the 
firm's marketing capability 
HHI 
ranks 
MKTG_CAP ranks   
1 2 3 4 5 Spread (5-1) FF5 alpha 
1 0.666 0.986 0.965 1.152 1.185 0.520*** 0.56** 
 (2.43) (4.22) (4.33) (4.96) (4.87) (2.78) (2.24) 
2 1.005 1.338 1.227 0.969 1.243 0.238 1.07*** 
 (3.68) (5.39) (5.36) (4.02) (4.16) (1.13) (4.69) 
3 0.992 1.226 1.091 0.934 1.003 0.011 0.62*** 






Marketing capability portfolio returns with limited attention proxy variables 
 
This table presents the dependent double sorts of all stocks based on limited attention proxy variables (MV, RES_INST and DVOL) and marketing 
capability scores (MKTG_CAP). MV is the natural log of firm market capitalisation in June of year t. RES_INT is the residual institutional investor 
ownership of firms orthogonalised with regard to firm size at the end of June year t. DVOL is the dollar trading volume, which is the time-series 
average of the monthly share trading volume multiplied by the monthly closing price over the 12 months prior to the end of June in year t. With 
MV, at each June of year t, all stocks are sorted into portfolios of micro, small and big stocks, where the breakpoints are the 20th and 50th percentiles 
of the market cap for NYSE stocks (Fama & French 2008). With RES_INT and DVOL, at each June of year t, all stocks are sorted into terciles 
based on limited attention proxies and quintiles based on MKTG_CAP of firms. Spread (5-1) refers to the mean difference in monthly returns 
between portfolio 5 and portfolio 1 sorted based on MKTG_CAP. Carhart α are the alphas from Carhart’s (1997) four-factor model. Panel A reports 
the double sort results with MV as the limited attention proxy. Panel B reports the double sort results with RES_INT as the limited attention proxy. 
Panel C reports the double sort results with DVOL as the limited attention proxy. The sample period is from 1978 to 2015. ***, **, *indicate 















          
1  -0.04 -0.14  0.26 0.47*  0.06 -0.01 
 
 (-0.31) (-1.01)  (1.06) (1.85)  (0.39) (-0.06) 
2  -0.06 -0.04  0.54*** 0.60**  0.01 -0.01 
 
 (-0.52) (-0.37)  (2.68) (2.35)  (0.06) (-0.08) 
3  0.22* 0.43***  -0.04 0.32**  0.25* 0.48*** 






Marketing capability portfolio returns with financial distress 
 
The table reports profits from the marketing capability trading strategy with the effect of financial distress. Panel A presents the dependent 
double sorts of all stocks based on a proxy of distress risk – Ohlson’s (1980) O-score – and marketing capability (MKTG_CAP). Panel B reports 
the impact of a downgraded credit rating on profits from the marketing capability trading strategy. We repeat the analysis in Panel A of Table 2.3 
and Table 2.4 after removing the return observations from six months prior to six months after a credit rating downgrade. The sample period is 
from 1978 to 2015. ***, **, *indicate significance at the 1%, 5%, and 10% levels, respectively. 
 
Panel A: Marketing capability portfolio returns 
with O scores 
O scores   Spread(5-1) FF6 α 
1  0.575*** 0.654*** 
 
 (2.68) (2.95) 
2  0.056 0.009 
 
 (0.31) (0.05) 
3  0.074 0.151 
 
 (0.40) (0.69) 
4  0.300* 0.394** 
 
 (1.72) (1.98) 
5  0.548** 0.799** 
 













Table 3.8 (continued) 
 
Panel B: The impact of downgrades on profits of marketing capability strategy 
Decile 1 (Low) 2 3 4 5 6 7 8 9 10 (High) Spread (10-1) 
Avg.Ret. 0.94*** 0.89*** 1.31*** 1.11*** 1.20*** 1.01*** 1.11*** 1.01*** 1.12*** 1.33*** 0.39** 
 (3.44) (3.56) (5.58) (5.00) (5.50) (4.46) (4.94) (4.10) (4.93) (4.80) (2.19) 
MBI-adj -0.17 -0.17 0.21** 0.10 0.11 -0.03 0.11 0.00 0.10 0.30*** 0.47*** 
 (-1.51) (-1.67) (2.22) (1.22) (1.36) (-0.44) (1.39) (0.03) (1.32) (3.26) (3.36) 
Industry-adj -0.11 -0.14 0.23** 0.15** 0.23*** 0.09 0.10 -0.06 0.05 0.19*** 0.29** 
 (-1.02) (-1.24) (2.47) (2.01) (2.94) (1.65) (1.65) (-1.00) (0.77) (2.60) (2.10) 
CAPM α -0.17 -0.15 0.31*** 0.13 0.23** 0.00 0.11 -0.06 0.12 0.22 0.38** 
 (-1.40) (-1.32) (2.83) (1.38) (2.53) (0.04) (1.29) (-0.66) (1.35) (1.67) (2.14) 
FF5 α -0.22 -0.32** 0.16 0.01 0.07 -0.00 0.04 0.06 0.10 0.56*** 0.78*** 
 (-1.65) (-2.51) (1.42) (0.06) (0.75) (-0.05) (0.47) (0.75) (1.09) (4.75) (4.15) 
FF6 α -0.18 -0.27** 0.19* 0.01 0.06 0.01 0.07 0.07 0.06 0.59*** 0.76*** 
 (-1.38) (-2.07) (1.74) (0.12) (0.71) (0.12) (0.87) (0.84) (0.66) (4.79) (4.12) 
HXZ α -0.15 -0.21 0.22* 0.03 0.07 0.04 0.10 0.10 0.13 0.67*** 0.82*** 









Figure 3.1. Yearly valued-weighted mean zero-cost (hedge) returns. This figure plots the 
yearly value-weighted average zero-cost (hedge) returns of the decile portfolios with the 
highest and lowest marketing capability scores. The figure also shows the recession periods (as 
defined by NBER), which are denoted by the grey-shaded areas. The sample period is from 




Figure 3.2. Returns to correctly valuing marketing capability, event-time abnormal 
returns. This figure plots the cumulative abnormal returns (CAR) to the zero-cost (hedge) 
portfolio with the highest and lowest marketing capability scores in the twelve months after 
portfolio formation. At the end of June of each year t, stocks are allocated into deciles based 
on marketing capability (MKTG_CAP). Abnormal returns are computed by adjusting returns 














































































































There is an extensive finance literature that shows firm risk and value are affected by a 
firm’s market power and product market competition (see among, Gaspar & Massa 2006; Hou 
& Robinson 2006; Irvine & Pontiff 2009; Hoberg et al. 2014; Leary & Roberts 2014; Abdoh 
& Varela 2017). Recent studies have documented evidence suggesting that firms with strong 
market power, or established in less-competitive industries, have lower idiosyncratic stock 
return volatility (Gaspar & Massa 2006; Abdoh & Varela 2017). According to the standard 
view in the finance literature, volatility is a function of shocks to the company’s underlying 
cash flows and the economy’s discount rate (LeRoy & Porter 1981; Campbell & Shiller 1988; 
Vuolteenaho 2002). Market power enables firms to withstand the competitive pressures coming 
from the market in which they are operating to a greater extent, thereby smoothing out the 
firm’s cash flow fluctuation. In the marketing and management literature, a firm’s marketing 
capability has been found to play a key role in building and sustaining the firm’s competitive 
position in relation to its competitors. Hence, strong marketing capability can work as a form 
of insurance, protecting the firm’s cash flows from existing and potential competitive pressures 
(Dutta et al. 1999; Vorhies & Morgan 2005; Bahadir et al. 2008; Krasnikov & Jayachandran 
2008; Nath et al. 2010). Therefore, in this paper we examine the relationship between a firm’s 
marketing capability and its idiosyncratic volatility.  
Marketing capability is the ability of a company to integrate and convert its marketing 
expenditures and investments efficiently into a desired marketing output: sales revenue. This 
is not the mere possession of marketing resources, but requires an efficient integration and 
conversion of marketing investment into sales revenue. In order to achieve a highly efficient 
sales conversion, a firm needs to monitor the dynamic market and to identify and understand 
its target customers and their influencers. Therefore, a firm with strong marketing capability is 




same time build and maintain good customer relationships (Day 1994; Dutta et al. 1999; Song 
et al. 2005; Song et al. 2007; Xiong & Bharadwaj 2013). This helps the firm to lower the 
likelihood of customer switching and withstand market share battles resulting from market 
competition, thereby stabilising revenue and reducing the volatility of future cash flows (Hoch 
& Deighton 1989; Tuli et al. 2010). Bahadir et al. (2008) argue that in a merger and acquisition 
(hereinafter M&A), the acquirer company’s expectation of cash flow volatility and 
vulnerability associated with the target firm’s cash flows will be much lower if the target firm 
has strong marketing capability. The target firm’s strong marketing capability works as 
insurance, protecting its cash flows from existing and potential competitive pressures. 
Therefore, they find that the greater the target firm’s marketing capability, the higher its value 
in an acquisition. In addition to the earlier literature, Xiong and Bharadwaj (2013) lend further 
support for the role of marketing capability in stabilising cash flows by documenting evidence 
which shows that strong marketing capability insulates firm’s cash flow and stock prices from 
the detrimental effect of firm-specific bad news. Based on the aforementioned points, our 
conjecture is that there is a negative relationship between a firm’s marketing capability and 
idiosyncratic stock return volatility because the firm’s strong marketing capability smooths out 
its cash flows.  
The increasing intensity in market competition, with advanced technology and low costs 
of entry, has significantly escalated the business risk faced by companies. Abdoh and Varela 
(2017) find that product market competition increases firms’ idiosyncratic volatility relative to 
systematic volatility. Irvine and Pontiff (2009) and Gaspar and Massa (2006) document an 
upward trend in firms’ cash flow fluctuation attributed to the dramatic rise in product market 
competition. They argue that in an increasingly competitive market, firms have little to no 
market power and customers are less loyal to one specific company due to the high number of 




of its rivals. Therefore, in the heat of competition, firms are facing greater uncertainty in terms 
of their prospective future cash flows. This is then transmitted into volatile stock returns. In 
other words, product market competition pressure increases a firm’s idiosyncratic risk (Gaspar 
& Massa 2006; Irvine & Pontiff 2009). The fact is that competition is unavoidable. However, 
companies can manage their risk by gaining competitive advantage. This is where the role of 
marketing capability becomes important, highlighting the significance of this study as it 
examines the effect of a firm’s marketing capability on idiosyncratic risk. 
There are several reasons for financial market participants to be interested in firm-
specific components of volatility. First, idiosyncratic volatility accounts for almost 80% of total 
volatility (Campbell et al. 2001). Second, while early seminal works in finance suggested that 
idiosyncratic volatility is not important due to investment diversification, an extensive number 
of studies have shown the opposite. Many studies report that there are in fact many under-
diversified investors (see among, Falkenstein 1996; Barber & Odean 2000). A variant asset 
pricing model developed by Merton (1987) demonstrates that idiosyncratic volatility can be 
priced in equilibrium if some investors are under-diversified and do not hold a market portfolio. 
In other words, firm-specific risk affects firm value. Empirically, the role played by 
idiosyncratic volatility in asset pricing has generated a rapidly growing literature with 
idiosyncratic volatility being found to have predictive power in relation to market returns and 
a cross-section of stock returns (see among, Goyal & Santa-Clara 2003; Ang et al. 2006; Ang 
et al. 2009). Third, firm-specific volatility is also important in terms of market efficiency as it 
amplifies the mispricing phenomenon. High idiosyncratic risk leads to high stock-holding costs 
(Pontiff 2006). Hence, stocks with high idiosyncratic volatility suffer large and persistent 
pricing errors, which cannot be traded away by arbitrageurs due to high arbitrage costs (Lipson 
et al. 2011). From a manager’s point of view, high idiosyncratic volatility will hinder 




persistent mispricing of existing equity (especially undervalued stocks). Furthermore, in the 
corporate finance context it has been found that there is a negative relation between 
idiosyncratic risk and investment for publicly traded firms in the US due to managerial risk 
aversion. Panousi and Papanikolaou (2012) document evidence showing that by forcing 
managers to bear firm-specific risk (owning stakes in their firms), investors may inadvertently 
put managers in a position with the tendency to under-invest. The effect is magnified among 
firms with high idiosyncratic volatility. This is because with increasing uncertainty concerning 
a firm’s future prospects, managers will cut back on investment significantly as they bear much 
of the firm-specific risk. 
To measure marketing capability, we follow Dutta et al. (1999, 2005) and use publicly 
available accounting data within the stochastic frontier analysis (SFA) framework. We relate a 
firm’s marketing inputs, such as advertising expenditure, intangible resources, the existing 
customer base and marketing expenditure, to its sales revenue, which we treat as output. The 
idea is that two firms may spend comparable amounts on marketing activities, but the firm with 
stronger marketing capability is able to achieve greater sales revenue. 
The first goal of our paper is to examine the effect of a firm’s marketing capability on a 
cross-section of the firm’s idiosyncratic stock return volatility. Using various measures of 
marketing capability and idiosyncratic stock return volatility, we find that marketing capability 
is negatively associated with a cross-section of future idiosyncratic volatility. The documented 
relation is robust after controlling for other volatility-related firm characteristics. The next 
objective of our study is to examine the role of marketing capability in stabilising future cash 
flow. We find evidence confirming that strong marketing capability enables the firm to manage 
and reduce its cash flow fluctuation. We then study if the negative association between 
marketing capability and idiosyncratic volatility is due to the negative impact of marketing 




of marketing capability on idiosyncratic volatility becomes stronger among stocks with high 
cash flow uncertainty. This finding indicates that marketing capability plays a more significant 
role in firms which face high cash flow uncertainty. This suggests that the negative effect of a 
firm’s marketing capability on its idiosyncratic volatility is attributed to the role of marketing 
capability in stabilising the firm’s cash flows. Overall, our study introduces a new marketing-
related variable to the finance literature, marketing capability, which enables firms to manage 
cash flow and idiosyncratic stock return risk.  
The remainder of the paper proceeds as follows. Section 4.2 briefly discusses the related 
literature and the contributions of our findings to the existing literature. Section 4.3 describes 
the sample and the measure of marketing capability. Section 4.4 reports the empirical results 
of the impact of marketing capability on idiosyncratic stock returns and cash flow risk. Section 
4.5 concludes. 
4.2 Literature review 
4.2.1 Marketing capability and cash flow volatility 
Marketing capability is a firm’s ability to integrate and convert the firm’s marketing 
resources efficiently into sales revenue (Dutta et al. 1999). Marketing resources consist of 
investment in advertising, distribution and trade promotion, market research, public relations, 
building customer relationships and brand management, etc. (Amit & Schoemaker 1993; Dutta 
et al. 1999, 2005). According to Xiong and Bharadwaj (2013), marketing capability not only 
depends on the firm’s prior investment but also on consistent, ongoing investment. There is 
heterogeneity across firm’s marketing capabilities, even with the same input of resources and 
for firms in the same industry (Dutta et al. 1999). Several studies have found that a firm with 
strong marketing capability is superior in responding to changes in the market, predicting 




problems and building and maintaining a strong brand (Dutta et al. 1999; Morgan et al. 2009a; 
Morgan et al. 2009b; Xiong & Bharadwaj 2013). In other words, firms with strong marketing 
capability are expected to monitor the dynamic market well, have good customer relationships, 
provide high customer satisfaction and have a strong brand. Among the firm’s functional 
capabilities, marketing capability is found to play the key role in building and sustaining the 
firm’s competitive advantage, as well as contributing to its performance (Peteraf 1993; Day 
1994; Grant 1996; Teece et al. 1997; Dutta et al. 1999; Eisenhardt & Martin 2000; Makadok 
2001).  
Bahadir et al. (2008) conducted a study examining the financial value of brands in M&A. 
They found that the marketing capabilities of target firms have a positive effect on their 
financial value in acquisitions. Specifically, a target firm with strong marketing capability is 
viewed by the acquirer firm as more likely to produce high future cash flow and with 
significantly low cash flow fluctuations. The target firm’s strong marketing capability provides 
the firm with a competitive edge, which is expected to work as insurance protecting its cash 
flows from existing and potential competitive pressures. This will influence the expectations 
of the acquirer concerning the volatility of cash flows. Hence, the acquirer company’s 
expectations of cash flow volatility and vulnerability associated with the target firm’s cash 
flows will be much lower if the target firm has strong marketing capability. Therefore, Bahadir 
et al. (2008) find that the greater the target firm’s marketing capability, the higher its value in 
an acquisition.  
Xiong and Bharadwaj (2013) investigate the role of a firm’s marketing capability and 
advertising on cash flow and stock prices following the release of firm-related news. In the 
event of bad news, a strong marketing capability is found to help the firm mitigate the 
detrimental impact of such news on its stock prices. Xiong and Bharadwaj (2013) argue that 




problems and also in building and nurturing strong customer relationships, lowering the 
likelihood of customer switching when negative news occurs. This will help a firm with strong 
marketing capability to stabilise revenues and reduce fluctuations in future cash flows due to 
bad news, thereby moderating the detrimental impact on the firm’s stock price. They find 
empirical results confirming this conjecture. However, unlike marketing capability, firm’s 
advertising is irrelevant in protecting the firm’s cash flow and stock price from the impact of 
firm-related bad news. On the other hand, firm’s advertising is found to leverage the favourable 
impact of positive news by attracting investors’ attention towards such news. 
  4.2.2 Product market and idiosyncratic volatility 
Due to advanced technology and low costs of entry, the increasing competition in the 
product market has significantly escalated the business uncertainty faced by companies. Gaspar 
and Massa (2006) document evidence showing the upward trend of firms’ idiosyncratic 
volatility over time, which as noted by Campbell et al. (2001) is attributed to the increasing 
competition in the product market. In particular, they empirically find that firms operating in 
competitive industries have higher idiosyncratic volatility than other firms with strong market 
power or those established in concentrated industries. They suggest that there are two ways in 
which product market competition affects the firm’s idiosyncratic volatility. First, the firm’s 
position in terms of competitive advantage or market power can work as a natural hedge that 
mitigates the firm’s cash flow volatility resulting from idiosyncratic cost shocks. Market power 
enables firms to pass on idiosyncratic cost shocks to consumers. On the other hand, a firm 
operating in a competitive market can be driven out of business if its price becomes overly out 
of line with those of its competitors. Second, according to Pastor and Veronesi (2003) model, 
idiosyncratic volatility rises if a firm’s average profitability uncertainty increases. Gaspar and 
Massa (2006) suggest that the average profitability of firms in a competitive market or with 




Therefore, in the study, firms in competitive markets are hypothesised and found to have 
idiosyncratic stock return volatility.  
 Irvine and Pontiff (2009) also report a significant rise in idiosyncratic volatility over the 
period 1962–2003. They further document results showing that the upward trend of firm-
specific risk is mirrored by an increase in the idiosyncratic volatility of firms’ cash flows. In 
line with Gaspar and Massa (2006), they find evidence supporting the notion that the upward 
trend of idiosyncratic volatility documented in the literature can be attributed to more intense 
economy-wide competition. Irvine and Pontiff (2009) argue that due to product market 
competition, customers become less loyal to a given firm’s product or service; they have more 
options and are more likely to shift their demand between firms within an industry. When 
consumers cease to purchase a product from one firm and start a relationship with another firm, 
the first firm loses revenue to the second firm, inducing cash flow volatility which is then 
transmitted into the firm’s idiosyncratic stock return volatility. 
 Abdoh and Varela (2017) conducted a study to examine whether the intensity of product 
market competition affects firm’s idiosyncratic volatility and systematic volatility differently. 
Their study confirms the finding of Gaspar and Massa (2006) that market power facilitates the 
ability of firms to pass on firm-specific shock costs to customers, hence smoothing out cash 
flow volatility and reducing idiosyncratic stock return volatility. However, they then further 
find that market power does not enable firms to pass on market cost shocks which are related 
to the firm’s systematic volatility. The empirical results show that the measure of product 
market competition is significantly positively related to a firm’s idiosyncratic volatility. 
However, the impact of competition on systematic volatility is not significant. Overall, the 
study shows that the intensity of product market competition increases idiosyncratic volatility 




The marketing literature also discusses and documents evidence showing the effect of 
the product market on firms’ idiosyncratic volatility (Srivastava et al. 1998; Rego et al. 2009; 
Tuli et al. 2010). It is suggested that market-based assets, such as the firm’s brand and 
relationships with customers, influence the firm’s risk through affecting its cash flow stability. 
Strong customer and business partner relationships have been demonstrated to reduce the 
vulnerability and volatility of firms’ cash flows (Srivastava et al. 1998; Fornell et al. 2006; 
Rego et al. 2009). A firm that understands customer needs can provide services and goods that 
fit the market better than its competitors can, as well as handling customer complaints better 
and thus nurturing strong customer relationships (Hoch & Deighton 1989). This helps the firm 
to lower the likelihood of customer switching, thereby stabilising revenue and reducing the 
volatility of future cash flows (Tuli et al. 2010). Tuli and Bharadwaj (2009) employed the 
American Customer Satisfaction Index to study the association between customer relationships 
and stock return risk. They report findings showing that investment in customer satisfaction 
lowers a firm’s idiosyncratic volatility of stock returns and insulates the firm’s stock returns 
from market movement. In addition to customer satisfaction, Rego et al. (2009) conducted a 
study examining the effect of a firm’s brand equity on its risk. They find that consumer-based 
brand equity plays a significant role in reducing a firm’s idiosyncratic stock return volatility 
and protecting equity holders from the downside of systematic risk. 
4.3 Sample and measurement of marketing capability 
 4.3.1 Sample 
Our sample includes all common shares (except shares from utility and financial firms) 
listed on the NYSE, AMEX and NASDAQ from 1974 to 2015. We sourced accounting data 
and industry classifications from Compustat. Data on stock returns were obtained from the 




winsorised all firm characteristics at the 1st and 99th percentiles. To mitigate backfilling bias, 
we required firms to have been listed on Compustat for at least two years to qualify for 
inclusion in our sample. In addition, to avoid any microstructure issues, we excluded stocks 
with a price below one dollar a share. Our final sample includes all common stocks with a valid 
marketing capability measure in a given year.  
Our main variable of interest is annual idiosyncratic volatility (hereinafter IVOL). We 
define IVOL in June of year t as the standard deviation of the residuals from a regression of 
the individual stock’s daily returns on Fama and French’s (1993) three factors, starting from 1 
July of year t-1 through to 30 June of year t. We also re-run our tests with IVOL measures 
generated by the other five Fama–French factors plus the momentum factor asset pricing 
model. 
The number of firms in this study ranges from 2,874 in 1978 to 2,410 in 2015. Table 4.1 
reports the descriptive statistics of the variables used.  
 4.3.2 Measurement of marketing capability 
At the end of the fiscal year ending in each year t, we estimate the marketing capability 
scores of firms for the study of stock returns starting from July year t+1. Following chapter 2 
of this thesis, we apply stochastic frontier analysis (SFA), pioneered by Aigner et al. (1977) 
and (Meeusen & Van Den Broeck 1977), to estimate firms’ marketing capability. We estimate 
an optimal sales revenue (output) frontier that a group of firms can possibly achieve using 
various marketing inputs. The four measures of marketing resources as marketing inputs are: 
the stock of advertising investment, the stock of marketing investment, the existing customer 
base and investment in customer relationships. 
To measure the ‘stock’ of an investment, we cumulate firm expenditures on such 




 𝑋𝑆𝑡𝑜𝑐𝑘 = 𝑋 + 0.5𝑋 + 0.5 𝑋 + 0.5 𝑋 + 0.5 𝑋      (1) 
𝑋𝑆𝑡𝑜𝑐𝑘  is the stock of firm i's investment in X at time t. 𝑋  to 𝑋  comprise the value 
of X of firm i from t to t-4. Accordingly, we compute the stock of advertising investment, the 
stock of marketing investment and the existing customer base by cumulating the firm’s 
advertising expenditures, marketing expenditures and sales revenue using equation (1), 
respectively. As discussed in chapter 2 of this thesis, to estimate a firm’s marketing 
expenditure, we use selling, general and administrative expenses (SGA). To proxy the existing 
customer base, we estimate the stock of the sales revenue of the firm. We use the firm’s 
accounts receivable as a proxy for firm’s efforts in building customer relationships. We include 
Fama and French’s (1997) 48 industry dummies to control for inter-industry differences in 
marketing activities and sales.  
 Employing a log transformation with the aforementioned marketing inputs and output 
yields the following equation to estimate marketing capability (efficiency): 
 Ln(1 + 𝑆𝑎𝑙𝑒𝑠 ) = 𝛽 + 𝛽 ln(1 + 𝐴𝐷𝑠𝑡𝑜𝑐𝑘 ) + 𝛽 ln(1 + 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 ) + 𝛽 ln(1 +
𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 ) + 𝛽 ln(1 + 𝑅𝐸𝐶𝑇 ) + 𝜑 + 𝑣 − 𝑢     (2) 
where 𝑆𝑎𝑙𝑒𝑠 is the dollar amount of sales revenue, 
𝐴𝐷𝑠𝑡𝑜𝑐𝑘, 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 and 𝐶𝑢𝑠𝑡𝑜𝑚𝑒𝑟𝑏𝑎𝑠𝑒 are the stock of advertising investment, marketing 
expenditure and sales revenue, respectively and 𝑅𝐸𝐶𝑇 is the level of the firm’s accounts 
receivable. 𝜑  is a dummy variable that proxies industry j according to Fama and French’s 
(1997) 48 industry classification. Many companies may not use a complete set of the proposed 
marketing inputs. Such companies would be falsely eliminated from the estimation. Therefore, 
we assign a value of “0” to the missing variables as long as the firm observation has either the 
stock of advertising investment or the stock of marketing investment since they are the two 




which accounts for measurement errors and other random shocks beyond a firm’s control (e.g. 
luck); 𝑢  captures a firm’s inefficiency in year t in converting marketing inputs into output 
(sales revenue). 
Once 𝑢  is obtained, we measure the firm’s marketing capability as follows: 
 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃 =
( | , )
∗ | ,  
   (3) 
where 𝑀𝐾𝑇𝐺_𝐶𝐴𝑃  is the marketing capability (efficiency) of firm i in year t, E is the expected 
value operator and 𝑌∗is the frontier estimated sales revenue of firm i in year t given no 
inefficiency. The marketing capability (efficiency) score, MKTG_CAP, is a normalised 
measure between 0 and 1. 
4.4 Empirical results 
4.4.1 Marketing capability and idiosyncratic volatility 
4.4.1.1 Univariate analysis 
To examine the relationship between a firm’s marketing capability and a cross-section of 
idiosyncratic volatility, we sort stocks into portfolio quintiles at the end of June of each year t 
based on their marketing capability scores in the fiscal year ending in year t-1. Portfolios are 
held from July of year t through to June of year t+1 and then rebalanced. Then we examine the 
value-weighted average annual portfolio idiosyncratic stock return volatility that is the standard 
deviation of daily stock return residuals from July of year t to June of year t+1 using the Fama–
French three factor model (1993). If the cross-section of idiosyncratic volatility is negatively 
associated with the firm’s marketing capability, we should expect to see firms with weak 





Table 4.2 presents the cross-section of future idiosyncratic volatility and other financial 
characteristics of the five portfolios sorted based on marketing capability scores in the fiscal 
year ending in year t-1. The bottom quintile portfolio contains firms with the lowest marketing 
capability scores, averaging 0.793, while the top quintile portfolio consists of firms with the 
strongest marketing capability scores, averaging 0.926. Compared to the low marketing 
capability portfolios, those with high marketing capability consist of profitable firms with high 
trading volume, also operating in relatively less competitive markets. The portfolio containing 
firms with the highest marketing capability scores also has the highest asset growth (17.8%) 
and the largest market capitalisation and stock prices. Firms with low marketing capability 
scores appear to have higher leverage and high volatility in their cash flows from operations, 
as we anticipated.  
The portfolio sorting results in Table 4.2 show that the level of idiosyncratic stock return 
volatility is lower in firms with strong marketing capability relative to their counterparts with 
weak marketing capability. In particular, the idiosyncratic volatility spread between the two 
extreme portfolios is -0.005 and significant at the 1% level. Across the five portfolios, the 
portfolio which contains firms with the lowest marketing capability scores (quintile 1) has the 
highest idiosyncratic volatility at 0.022. The results suggest that firms’ future idiosyncratic risk 
is negatively associated with firms’ marketing capability.  
4.4.1.2 Multivariate analysis 
The results of the univariate analysis provide evidence suggesting that a firm’s marketing 
capability is negatively related to the firm’s idiosyncratic volatility. However, as reported in 
Table 4.2, firms with weak marketing capability appear to possess some patterns in 
characteristics which are likely to cause high return volatility, such as small size, low asset 




Therefore, in this section we further investigate to rule out the possibility that such a negative 
relation could be driven by other determinants of idiosyncratic volatility. We perform Fama–
Macbeth cross-sectional regressions of the natural log of the annual idiosyncratic stock return 
volatility on the previous year’s marketing capability, controlling for other firm volatility-
related characteristics.  
Specifically, for each year, we run cross-sectional regressions of the natural log of 
idiosyncratic stock return volatility, computed from daily return residuals from July of year t 
to June of year t+1, on marketing capability scores and other characteristics in the fiscal year 
ending in year t-1. We control for a battery of variables that have been shown in the literature 
to be related to idiosyncratic volatility. Gaspar and Massa (2006) and Irvine and Pontiff (2009) 
document evidence showing that firms with market power (proxied by a measure of industry 
concentration) and firms with low cash flow volatility have relatively low idiosyncratic 
volatility. Xu and Malkiel (2003) find that smaller firms, firms listed on NASDAQ and firms 
with high trading volume have higher idiosyncratic volatility. Pastor and Veronesi (2003) find 
that older firms, firms with high profitability and dividend-paying firms have lower 
idiosyncratic volatility. Dennis and Strickland (2009) report that a firm’s idiosyncratic 
volatility is positively related to the firm’s leverage level. Song (2016) documents evidence 
showing that a firm’s idiosyncratic volatility has a V-shaped relationship with the firm’s asset 
growth. Specifically, firms with extreme asset growth rates (either positive or negative) have 
higher idiosyncratic volatility. Following the above discussion, the controlling firm’s 
characteristics are: product market competition measured by the Herfindahl–Hirschman Index 
(HHI), cash flow volatility, firm size, the natural log of dollar trading volume, NASDAQ 
dummy, firm age, profitability, dividend dummy, leverage and asset growth. Regarding asset 
growth, we follow Song (2016) in classifying a firm’s asset growth rate as high and low based 




natural log of the lag of idiosyncratic volatility (IVOL). We also include the stock price as an 
independent variable to control for the impact of possible microstructure noise on volatility 
estimates for low-priced stocks (Gaspar & Massa 2006). 
Table 4.3 presents the Spearman and Pearson correlations among the variables used in 
our cross-sectional study. The table shows that firm size and stock price are highly correlated 
with each other and also with lagged idiosyncratic volatility and trading volume. Therefore, to 
avoid multicollinearity problems, we do not include all of them in one regression. In addition 
to other firm characteristics for which we control, we add firm size in the first model, stock 
price in the second model and lagged volatility plus trading volume in the final model. Table 
4.4 presents the results of the Fama–Macbeth regressions. The coefficients for marketing 
capability remain significantly negative across all the models, ranging from -0.050 to -0.237. 
Consistent with the portfolio test, firms with strong marketing capability enjoy less 
idiosyncratic volatility compared to their counterparts which have weak marketing capability. 
Moreover, the coefficients for all control variables are consistent with previous studies. The 
evidence suggests that marketing capability has a negative impact on a firm’s future 
idiosyncratic risk. Importantly, the marketing capability effect is shown not to be subsumed by 
other volatility-related firm characteristics.  
4.4.2 Robustness checks 
4.4.2.1 Alternative measure of idiosyncratic volatility 
In this study, the firm’s idiosyncratic stock return volatility is the main dependent 
variable. The firm’s annual idiosyncratic stock return volatility is measured as the standard 
deviation of daily stock return residuals from July of year t to June of year t+1 according to the 
Fama–French three factor model. It is important to check that the results documented in 




volatility. Therefore, we re-run the cross-sectional regressions from the multivariate analysis 
section with a new set of idiosyncratic volatility indicators. For the purpose of this robustness 
check, we re-estimate the firm’s idiosyncratic stock return volatility using a stricter asset 
pricing model consisting of Fama and French’s five factors (2015) and a momentum factor 
(Carhart 1997). In addition to the market factor, size factor and value factor (Fama & French 
1993), we also control for the profitability factor , the investment factor (Fama & French 2015) 
and the momentum factor (Carhart 1997) as systematic risks. We name the new measure of 
idiosyncratic volatility IVOL FF6. Table 4.5 shows the magnitude and significance of the 
coefficients for the marketing efficiency measures and the other control variables remain 
almost the same as the results in Table 4.4. The effect of marketing capability on future 
idiosyncratic risk remains robust across models. 
4.4.2.2 Industry-related marketing capability 
Similar to firms’ idiosyncratic volatility, marketing capability is the main variable of 
interest in this study. Hence, it is crucial to check that robustness of the marketing capability 
measure and its effect on idiosyncratic volatility. There are potential concerns that in different 
industries the same marketing activity may not have an identical impact on firm sales and cash 
flows. Therefore, a firm’s efficiency in converting the marketing inputs into sales revenue 
(which proxies marketing capability) should be treated and estimated differently in each 
industry. To address the industry differences effect, we include industry dummies in our SFA 
model in equation (2) when estimating the marketing capability score. To examine the 
robustness of our result further, we also perform the estimation of marketing capability for each 
individual industry while dropping the industry dummy in equation (2). These new measures 
are called industry-related marketing capability scores. The new equation is as follows: 
 Ln(1 + 𝑆𝑎𝑙𝑒𝑠 ) = 𝛽 + 𝛽 ln(1 + 𝐴𝐷𝑠𝑡𝑜𝑐𝑘 ) + 𝛽 ln(1 + 𝑆𝐺𝐴𝑠𝑡𝑜𝑐𝑘 ) +




We then regress the natural log of future idiosyncratic volatility on firms’ industry-related 
marketing capability scores and other control variables. The results are reported in Table 4.6. 
In Table 4.6, MKTG_CAP (12) and MKTG_CAP (48) are marketing capability scores 
estimated based on the 12 and 48 industry classifications defined in Fama and French (1997), 
respectively. From Model 1 to Model 6 in Table 4.6, the effect of marketing capability remains 
significantly negative with different measures of industry-related marketing capability. The 
results in this table indicate that the impact of marketing capability on a firm’s future stock 
return volatility is robust and independent of the model chosen for marketing capability score 
estimation. 
4.4.2.3 Ability to convert inputs to output vs. inputs and output 
Marketing capability concerns the ability of a firm to convert a set of marketing inputs 
into a desired marketing output. In this study, we highlight the importance of conversion 
capacity in the context of risk management. Therefore, we want to rule out the possibility that 
the negative relation documented between marketing capability and idiosyncratic risk could be 
driven by either marketing inputs or output, not due to the firm’s ability to convert one to the 
other. Thus, we perform a further robustness test employing Fama–Macbeth cross-sectional 
regressions of the natural log of future idiosyncratic volatility on a firm’s marketing capability 
while controlling for marketing inputs and output in equation (2), together with other firm 
characteristics. Marketing inputs are the stock of advertising investment (accumulated 
advertising expenses), stock of marketing investment (accumulated SGA expenses), existing 
customer base (accumulated sales revenue) and customer relationship investment (level of 
accounts receivable). Marketing output is the level of sales revenue.  
We present the results of this robustness test in Table 3.7. All models show the negative 
effects of the existing customer base and investment in customer relationships on the cross-




flow volatility in the context of stock return volatility. Understandably, a high customer base 
and decent investment in customer relationships will likely secure a good stable stream of 
future cash flows from loyal customers. As a result, this will minimise the risk from volatile 
cash flows which firms usually encounter when facing competition from their rivals. However, 
the inclusion of these marketing inputs does not make the negative coefficients of marketing 
efficiency go away; rather, it even increases the magnitude of the marketing capability effect 
on the firm’s future idiosyncratic risk considerably. The results lend support to the argument 
for not only looking at a firm’s marketing inputs and outputs, but also a firm’s ability to deploy 
its investments efficiently to generate its desired output. The finding also confirms the negative 
association between a firm’s marketing capability and idiosyncratic volatility, which is not 
subsumed by the effects of marketing inputs and outputs.  
4.4.2.4 Autocorrelation correction 
It is understood in the finance literature that idiosyncratic volatility is quite persistent 
(among others, Ang et al. 2006; Gaspar & Massa 2006). On the other side of our cross-sectional 
regressions, marketing capability and other firm characteristics such as size, cash flow 
volatility, etc. also appear to be quite persistent over time. According to Petersen (2009), Fama–
Macbeth standard errors are most likely biased with this kind of data structure due to auto-
correlation issues. Therefore, as a robustness check, we perform a pooled ordinary least squares 
(OLS) regression. The dependent variable is the natural log of future idiosyncratic volatility. 
The independent variables are marketing capability, other firm characteristics, marketing 
investment inputs and output, as well as year dummies inserted to control for year fixed effects. 
The t-statistics are based on robust two-way (firm and year) clustered standard errors.18 This 
two-way clustering will correct for possible autocorrelation (within a firm over time) and time-
                                                          
18 To obtain unbiased estimates in finite samples, the clustered standard errors are adjusted by (N-1)/(N-P)× 




specific correlations (across firms) of the dependent and independent variables in the pooled 
OLS regression.  
Table 4.8 presents the results of the pooled OLS regressions with two-way clustered 
standard errors. The significant negative coefficients of the marketing capability scores in the 
regressions remain. This further confirms the robustness of the negative effect of marketing 
capability on a firm’s future idiosyncratic volatility documented in the previous results based 
on the Fama–Macbeth regression methodology.  
4.4.1 Mechanism 
In this section, we examine the economic mechanism underpinning the negative relation 
between marketing capability and future idiosyncratic risk. Volatility is a function of shocks to 
the economy’s discount rate and to the company’s underlying cash flows. Thus, stock return 
volatility is driven by the volatility in a company’s underlying cash flows (Gaspar & Massa 
2006; Irvine & Pontiff 2009). Earlier in this study, we hypothesised that because strong 
marketing capability helps to reduce the uncertainty in a firm’s future cash flows, it would also 
reduce future stock return volatility.  
To test the marketing capability–cash flow volatility–idiosyncratic risk hypothesis, we 
first examine the relation between marketing capability and cash flow volatility. We perform 
Fama–Macbeth cross-sectional regressions of the natural log of future cash flow volatility on 
marketing capability, using other firm characteristics as controlled variables. We use the same 
set of independent variables as in the idiosyncratic volatility–marketing capability estimation, 
taking future cash flow volatility as the dependent variable. Table 4.9 presents the results, 
which show a significantly negative effect of marketing capability on a firm’s future cash flow 
uncertainty. Specifically, after controlling for other factors, a 1% increase in the marketing 




year. The results show a firm’s marketing capability does indeed contribute to reducing risk in 
the firm’s future cash flow.  
We then investigate whether a reduction in cash flow volatility really plays a significant 
role in the relation between marketing capability and the cross-section of idiosyncratic risk. If 
stability in the cash flow is the mechanism, we expect the effect of marketing capability on 
idiosyncratic risk to be stronger among companies which have highly volatile cash flows. To 
test this hypothesis, we double sort stocks into portfolios based on cash flow volatility and 
marketing capability, dependently. In particular, at the end of June in year t, we first sort stocks 
into quintiles based on cash flow volatility and then within each of these quintiles we further 
sort stocks into other quintiles based on marketing capability. Next, we observe the variation 
in idiosyncratic return volatility between marketing capability portfolios from July in year t to 
June in year t+1. Table 4.10 reports the results. The effect of marketing capability on 
idiosyncratic risk appears to be strongest among firms facing problems with highly volatile 
cash flows, while the effect declines through cash flow volatility rankings and is at its lowest 
within the lowest cash flow volatility portfolio. Furthermore, it is also worth noting that the 
marketing capability–idiosyncratic risk relation appears across five cash flow volatility 
portfolios. This evidence highlights the prevalence of the marketing effect across different 
levels of cash flow volatility and that it is not limited to firms with high cash flow uncertainty.  
Overall, the results show that the marketing capability–stock return volatility effect is 
greater among companies facing high cash flow risk. The findings imply that good marketing 
capability helps firms reduce their future firm-specific risk and cash flow stability appears to 





This study investigates the link between a firm’s marketing capability and its 
idiosyncratic stock return volatility. According to the standard view in the finance literature, 
volatility is a function of shocks to the company’s underlying cash flows and the economy’s 
discount rate (LeRoy & Porter 1981; Campbell & Shiller 1988; Vuolteenaho 2002). We argue 
that a strong marketing capability should work as insurance, smoothing out a firm’s 
idiosyncratic cash flow fluctuation. This is because a firm’s marketing capability plays a key 
role in building and sustaining the firm’s competitive position in relation to its competitors and 
thus it protects the company’s cash flow stability from existing and potential competitive 
pressures.  
Indeed, we find that the level of idiosyncratic stock return volatility is lower in firms with 
strong marketing capability relative to their counterparts with weak marketing capability. The 
result is robust and persistent in a series of robustness tests. We also find that firms which are 
efficient in marketing have more stable cash flow. While the negative effect of marketing 
capability–idiosyncratic volatility exists market wide, the effect is at its strongest among firms 
facing highly volatile cash flows. This finding suggests that marketing capability enables a firm 





Table 4.1 Descriptive Statistics 
 
This table reports the descriptive statistics for all cross-sectional variables used in this study. 
MKTG_CAP is the marketing capability for the fiscal year ending in year t-1. IVOL is the annual 
idiosyncratic volatility measured by the standard deviation of the daily return residuals from July year 
t-1 to June of year t of the Fama–French (1993) three-factor model. CFVOL is the natural log of cash 
flow volatility comprising the standard deviation of cash flows over the 5-year fiscal period ending in 
year t-1. MV is the market capitalisation calculated using the price and the number of shares outstanding 
at the end of June of year t. PRICE is the share price at the end of June in year t. AGE is firm age, 
defined by the number of years the firm has been on Compustat. ASSETG is the change in the log of 
assets from the fiscal year end in year t-2 to the fiscal year end in year t-1. ROA is the return on assets 
(net income divided by total assets) for the fiscal year end in year t-1. DVOL is the natural log of dollar 
trading volume calculated using the average of the monthly share trading volume from July in year t-1 
to June in year t multiplied by the closing price in June of year t. LEV is leverage defined as the book 
value of total debt divided by the book value of total assets for the fiscal year end in year t-1. HHI is 
the Herfindahl–Hirschman Index (Hou & Robinson 2006) for the fiscal year end in year t-1. DIV is the 
dividend paying dummy. NASDAQ is the dummy for firms listed on NASDAQ. The sample period is 
1978 to 2015. 
 
Variables Mean Median P1 P99 STD 
MKTG_CAP 0.872 0.890 0.460 0.962 0.090 
IVOL 0.033 0.028 0.009 0.104 0.020 
CFVOL 0.092 0.066 0.009 0.481 0.088 
MV 2154.606 147.529 2.370 37378.413 12499.927 
PRICE 19.132 12.750 1.125 88.875 19.760 
AGE 13.199 11.000 2.000 44.000 10.000 
ASSETG 0.113 0.075 -0.601 1.157 0.286 
ROA 0.008 0.045 -0.876 0.347 0.194 
DVOL 17.482 17.527 11.002 23.806 2.996 
LEV 0.209 0.123 0.000 0.944 0.239 
HHI 0.273 0.215 0.054 0.956 0.199 
DIV 0.390 0 0 1 0.488 






Table 4.2  
Marketing efficiency quintiles: Financial characteristics 
 
This table reports future idiosyncratic volatility and the financial characteristics of portfolios sorted by 
marketing efficiency. At the end of June of each year t, stocks are allocated into deciles based on 
marketing efficiency (MKTG_CAP). IVOL is the annual idiosyncratic volatility estimated as the 
standard deviation of the daily return residuals from July in year t to June in year t+1 using the Fama–
French (1993) three-factor model. MKTG_CAP is the marketing capability for the fiscal year end in 
year t-1. CFVOL is the natural log of cash flow volatility defined as the standard deviation of cash 
flows over the 5-year fiscal period ending in year t-1. MV is the natural log of market capitalisation 
calculated using the price and the number of shares outstanding at the end of June in year t. PRICE is 
the share price at the end of June in year t. AGE is firm age, defined by the number of years the firm 
has been on Compustat. ASSETG is the change in the log of assets from the fiscal year end in year t-2 
to the fiscal year end in year t-1. ROA is the return on assets (net income divided by total assets) for 
the fiscal year end in year t-1. DVOL is the natural log of dollar trading volume estimated by the 
average of the monthly share trading volume from July in year t-1 to June in year t multiplied by the 
closing price in June of year t. LEV is leverage defined as the book value of total debt divided by the 
book value of total assets for the fiscal year end in year t-1. HHI is the Herfindahl–Hirschman Index 
(Hou & Robinson 2006) for the fiscal year end in year t-1. DIV is the dividend paying dummy. The 
sample period is from 1978 to 2015. ***, ** and * indicate significance at the 1%, 5% and 10% 
levels, respectively.  
 
Quintiles 1 (Low) 2 3 4 5 (High) Spread (5-1) 
t-stat 
(spread) 
IVOL 0.022 0.018 0.017 0.016 0.017 -0.005*** (-7.10) 
MKTG_CAP 0.793 0.865 0.888 0.905 0.926 0.133*** (27.11) 
CFVOL 0.074 0.053 0.047 0.044 0.049 -0.025*** (-8.26) 
MV 7.500 8.210 8.570 8.960 9.120 1.62*** (9.37) 
PRICE 32.295 41.518 47.240 49.870 52.593 20.298*** (12.64) 
ASSETG -0.014 0.066 0.092 0.12 0.178 0.191*** (10.96) 
AGE 21.952 22.862 24.033 24.028 21.835 -0.116 (-0.15) 
HHI 0.235 0.246 0.256 0.278 0.307 0.072*** (5.94) 
ROA 0.033 0.070 0.085 0.100 0.095 0.062*** (8.65) 
LEV 0.201 0.182 0.158 0.140 0.154 -0.047*** (-5.09) 
DVOL 19.890 20.620 21.060 21.460 21.760 1.87*** (10.13) 





Spearman and Pearson Correlations 
 
This table reports the Spearman (below diagonal) and Pearson (above diagonal) correlations of firm idiosyncratic volatility and other characteristics. The 
sample period is from 1978 to 2015. 
 
Variables MKTG_CAP IVOL CFVOL MV PRICE ASSETG DVOL LEV AGE ROA HHI DIV 
MKTG_CAP 1.00 -0.20 -0.19 0.26 0.21 0.30 0.24 0.04 -0.03 0.15 0.00 0.11 
IVOL -0.17 1.00 0.36 -0.56 -0.52 -0.07 -0.46 -0.05 -0.34 -0.28 -0.02 -0.46 
CFVOL -0.15 0.45 1.00 -0.28 -0.29 0.05 -0.21 -0.15 -0.23 -0.26 -0.02 -0.30 
MV 0.35 -0.60 -0.36 1.00 0.71 0.14 0.83 -0.06 0.34 0.20 -0.06 0.40 
PRICE 0.30 -0.69 -0.40 0.80 1.00 0.11 0.56 -0.05 0.33 0.23 0.00 0.40 
ASSETG 0.39 -0.05 -0.01 0.18 0.21 1.00 0.15 -0.05 -0.15 0.14 -0.04 -0.06 
DVOL 0.33 -0.46 -0.27 0.83 0.62 0.18 1.00 -0.05 0.23 0.17 -0.06 0.27 
LEV 0.03 -0.13 -0.20 0.04 0.02 -0.08 0.02 1.00 0.07 -0.06 0.00 0.10 
AGE -0.16 -0.38 -0.24 0.30 0.32 -0.15 0.22 0.14 1.00 0.10 0.09 0.42 
ROA 0.26 -0.33 -0.15 0.32 0.43 0.46 0.27 -0.24 0.07 1.00 0.01 0.17 
HHI -0.03 -0.05 -0.03 -0.07 0.00 -0.05 -0.07 0.03 0.10 0.01 1.00 0.05 







Cross-sectional Fama–Macbeth regressions 
 
This table presents the coefficients from the annual cross-sectional Fama–Macbeth regressions of 
future idiosyncratic volatility on firm characteristics. The dependent variable is IVOL, which is the 
natural log of idiosyncratic volatility, the standard deviation of the daily return residuals from July in 
year t to June in year t+1 using the Fama–French three-factor model (1993). The independent 
variables are firm characteristics for the fiscal year end in year t-1 and the lag of IVOL in June of year 
t. MKTG_CAP is the firm’s marketing efficiency for the fiscal year end in year t-1. CFVOL is the 
natural log of cash flow volatility defined as the standard deviation of cash flows over the 5-year 
fiscal period ending in year t-1. MV is the natural log of market capitalisation calculated using the 
price and the number of shares outstanding at the end of June in year t. PRICE is the share price at the 
end of June in year t. MABA is the natural log of the ratio of the market value to the book value of 
assets for the fiscal year end in year t-1. AGE is firm age, defined by the number of years the firm has 
been on Compustat. HGA and LGA are asset growth (ASSETG) measures from the fiscal year end in 
year t-2 to the fiscal year end in year t-1, HGA = ASSETG – 5% for asset growth rate > 5% and 0 
otherwise; LGA = ASSETG – 5% for asset growth rate < 5%. ROA is return on assets (net income 
divided by total assets) at the fiscal year end in year t-1. DVOL is the natural log of the dollar trading 
volume defined as the average of the monthly share trading volume from July in year t-1 to June in 
year t multiplied by the closing price in June of year t. RDS is the stock of R&D investment-to-sales 
ratio at the fiscal year end in year t-1. LEV is leverage defined as the book value of total debt divided 
by the book value of total assets at the fiscal year end in year t-1. HHI is the Herfindahl–Hirschman 
Index (Hou & Robinson 2006) for the fiscal year end in year t-1. DIV is the dividend-paying dummy. 
NASDAQ is the dummy for firms listed on NASDAQ. The sample period is from 1978 to 2015. ***, 





Table 4.4 (continued) 
 
  Model 1 Model 2 Model 3 
Intercept -2.784*** -2.984*** -0.697*** 
 (-58.91) (-67.82) (-14.78) 
MKTG_CAP -0.050*** -0.239*** -0.072*** 
 (-2.83) (-7.74) (-3.90) 
MV -0.094***   
 (-13.99)   
PRICE  -0.010***  
  (-12.22)  
IVOL   0.693*** 
   (49.47) 
DVOL   -0.012*** 
   (-4.87) 
CFVOL 0.076*** 0.081*** 0.032*** 
 (21.16) (12.70) (17.27) 
LEV 0.015 0.054*** 0.011 
 (0.53) (2.95) (0.73) 
HGA 0.152*** 0.107*** 0.059*** 
 (5.44) (4.00) (3.87) 
LGA -0.198*** -0.169*** -0.016 
 (-12.53) (-8.45) (-0.85) 
AGE -0.006*** -0.005*** -0.002*** 
 (-5.45) (-7.43) (-5.45) 
ROA -0.389*** -0.331*** -0.156*** 
 (-11.80) (-10.94) (-8.11) 
DIV -0.190*** -0.186*** -0.060*** 
 (-16.32) (-19.04) (-15.10) 
HHI -0.052*** 0.006 -0.004 
 (-5.64) (0.37) (-0.83) 
NASDAQ 0.068 0.124** 0.000 
 (1.50) (2.52) (0.00) 







Cross-sectional Fama–Macbeth regressions of alternative measures of idiosyncratic 
volatility 
 
This table presents the coefficients from the annual cross-sectional Fama–Macbeth regressions of 
future idiosyncratic volatility on firm characteristics with other alternative measures of idiosyncratic 
volatility. The dependent variable is IVOL, which is the natural log of idiosyncratic volatility, the 
standard deviation of the daily return residuals from July in year t to June in year t+1 using the Fama–
French five-factor plus momentum factor pricing model. The independent variables are firm 
characteristics at the fiscal year end in year t-1 and the lag of and IVOL in June of year t. MKTG_CAP 
is the firm’s marketing capability for the fiscal year end in year t-1. CFVOL is the natural log of cash 
flow volatility defined as the standard deviation of cash flows over the 5-year fiscal period ending in 
year t-1. MV is the natural log of market capitalisation calculated using the price and the number of 
shares outstanding at the end of June in year t. PRICE is the share price at the end of June in year t. 
AGE is firm age, defined by the number of years the firm has been on Compustat. HGA and LGA are 
asset growth (ASSETG) measures from the fiscal year end in year t-2 to the fiscal year end in year t-1, 
HGA = ASSETG – 5% for asset growth rate > 5% and 0 otherwise; LGA = ASSETG – 5% for asset 
growth rate < 5%. ROA is the return on assets (net income divided by total assets) at the fiscal year 
end in year t-1. DVOL is the natural log of the dollar trading volume estimated as the average of the 
monthly share trading volume from July in year t-1 to June in year t multiplied by the closing price in 
June of year t. RDS is the stock of R&D investment-to-sales ratio at the fiscal year end in year t-1. 
LEV is leverage defined as the book value of total debt divided by the book value of total assets at the 
fiscal year end in year t-1. HHI is the Herfindahl–Hirschman Index (Hou & Robinson 2006) for the 
fiscal year end in year t-1. DIV is the dividend-paying dummy. NASDAQ is the dummy for firms 
listed on NASDAQ. The sample period is from 1978 to 2015. ***, ** and * indicate significance at 





















Table 4.5 (continued) 
 
  IVOL FF6 
 Model 1 Model 2 Model 3 
Intercept -2.788*** -2.992*** -0.696*** 
 (-58.36) (-67.57) (-14.85) 
MKTG_CAP -0.046** -0.244*** -0.071*** 
 (-2.49) (-8.08) (-3.73) 
MV -0.097***   
 (-14.15)   
PRICE  -0.010***  
  (-12.52)  
IVOL   0.691*** 
   (47.71) 
DVOL   -0.013*** 
   (-5.00) 
CFVOL 0.075*** 0.081*** 0.033*** 
 (21.81) (12.94) (17.60) 
LEV 0.014 0.056*** 0.012 
 (0.52) (3.08) (0.78) 
HGA 0.149*** 0.102*** 0.058*** 
 (5.39) (3.89) (3.92) 
LGA -0.196*** -0.167*** -0.016 
 (-12.35) (-8.13) (-0.81) 
AGE -0.006*** -0.005*** -0.002*** 
 (-5.47) (-7.46) (-5.55) 
ROA -0.388*** -0.330*** -0.157*** 
 (-11.97) (-10.97) (-8.22) 
DIV -0.189*** -0.185*** -0.060*** 
 (-16.39) (-18.92) (-15.80) 
HHI -0.047*** 0.013 -0.002 
 (-4.74) (0.74) (-0.32) 
NASDAQ 0.069 0.127** 0.001 
 (1.53) (2.59) (0.01) 







Industry-related marketing capability  
 
This table presents the coefficients from the annual cross-sectional Fama–Macbeth regressions of 
future idiosyncratic volatility on industry-related marketing capability. The dependent variable is 
IVOL, which is the natural log of idiosyncratic volatility, the standard deviation of the daily return 
residuals from July in year t to June in year t+1 using the Fama–French five-factor plus momentum 
factor pricing model. The independent variables are firm characteristics for the fiscal year end in year 
t-1 and the lag of and IVOL in June of year t. Industry-related marketing capability is the marketing 
capability estimated using equation (4) but with no industry dummy variables. The marketing 
capability estimation with the newly specified equation (4) is performed for each individual industry. 
MKTG_CAP (12) and MKTG_CAP (48) are marketing efficiencies based on the 12 and 48 industry 
classifications defined in Fama and French (1997), respectively. CFVOL is the natural log of cash 
flow volatility defined as the standard deviation of cash flows over the 5-year fiscal period ending in 
year t-1. MV is the natural log of market capitalisation calculated using the price and the number of 
shares outstanding at the end of June of year t. PRICE is the share price at the end of June in year t. 
AGE is firm age, defined by the number of years the firm has been on Compustat. HGA and LGA are 
asset growth (ASSETG) measures from the fiscal year end in year t-2 to the fiscal year end in year t-1, 
HGA = ASSETG – 5% for asset growth rate > 5% and 0 otherwise; LGA = ASSETG – 5% for asset 
growth rate < 5%. ROA is the return on assets (net income divided by total assets) at the fiscal year 
end in year t-1. DVOL is the natural log of the dollar trading volume estimated as the average of the 
monthly share trading volume from July in year t-1 to June in year t multiplied by the closing price in 
June of year t. RDS is the stock of R&D investment-to-sales ratio for the fiscal year end in year t-1. 
LEV is leverage defined as the book value of total debt divided by the book value of total assets at the 
fiscal year end in year t-1. HHI is the Herfindahl–Hirschman Index (Hou & Robinson 2006) for the 
fiscal year end in year t-1. DIV is the dividend-paying dummy. NASDAQ is the dummy for firms 
listed on NASDAQ. The sample period is from 1978 to 2015. ***, ** and * indicate significance at 



















Table 4.6 (continued) 
 
  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 
Intercept -2.767*** -3.050*** -0.716*** -2.759*** -3.095*** -0.735*** 
 (-61.08) (-53.39) (-15.63) (-58.42) (-55.29) (-16.32) 
MKTG_CAP (12) -0.079*** -0.167*** -0.055**    
 (-2.90) (-3.50) (-2.48)    
MKTG_CAP (48)    -0.062** -0.109*** -0.035* 
    (-2.04) (-3.21) (-2.02) 
MV -0.093***   -0.095***   
 (-13.46)   (-12.45)   
PRICE  -0.010***   -0.010***  
  (-12.40)   (-11.78)  
IVOL   0.690***   0.687*** 
   (45.42)   (40.81) 
DVOL   -0.012***   -0.012*** 
   (-4.79)   (-4.26) 
CFVOL 0.076*** 0.081*** 0.033*** 0.075*** 0.081*** 0.034*** 
 (19.71) (12.83) (16.28) (19.53) (11.58) (15.12) 
LEV 0.024 0.056*** 0.012 0.014 0.047** 0.007 
 (0.85) (2.86) (0.77) (0.48) (2.34) (0.39) 
HGA 0.154*** 0.107*** 0.060*** 0.131*** 0.084*** 0.048*** 
 (5.37) (3.92) (3.84) (5.41) (3.65) (3.40) 
LGA -0.193*** -0.193*** -0.016 -0.153*** -0.158*** -0.009 
 (-9.81) (-6.91) (-0.90) (-7.47) (-5.82) (-0.48) 
AGE -0.005*** -0.005*** -0.002*** -0.006*** -0.005*** -0.002*** 
 (-5.30) (-7.48) (-5.09) (-4.98) (-6.68) (-4.46) 
ROA -0.384*** -0.327*** -0.158*** -0.353*** -0.304*** -0.150*** 
 (-12.30) (-11.27) (-7.67) (-11.62) (-12.04) (-7.54) 
DIV -0.183*** -0.178*** -0.057*** -0.185*** -0.182*** -0.058*** 
 (-14.51) (-18.01) (-13.84) (-15.43) (-20.95) (-14.23) 
HHI -0.052*** 0.004 -0.004 -0.047*** 0.027 0.001 
 (-5.22) (0.25) (-0.79) (-3.33) (1.30) (0.07) 
NASDAQ 0.070 0.124** 0.023 0.067 0.121** 0.039** 
 (1.60) (2.61) (0.87) (1.52) (2.53) (2.48) 







Marketing capability and marketing investment 
 
This table presents the coefficients from the annual cross-sectional Fama–Macbeth regressions of 
future idiosyncratic volatility on firm characteristics, controlling for marketing inputs and output. The 
dependent variable is IVOL, which is the natural log of idiosyncratic volatility, the standard deviation 
of the daily return residuals from July in year t to June in year t+1 using the Fama–French (1993) 
three-factor model. The independent variables are firm characteristics for the fiscal year end in year t-
1 and the lag of IVOL in June of year t. MKTG_CAP is the firm’s marketing capability for the fiscal 
year end in year t-1. Ln(1+SALE) is the natural log of one plus sales revenue for the fiscal year end in 
year t-1. Ln(1+ADSTOCK), Ln(1+ SGASTOCK) and Ln(1+SALESTOCK) are the natural logs of one 
plus stocks of advertising investment, marketing expenditure and sales revenue respectively for the 
fiscal year end in year t-1. Ln(1+RECT) is the natural log of one plus the level of the firm’s accounts 
receivable for the fiscal year end in year t-1. CFVOL is the natural log of cash flow volatility defined 
as the standard deviation of cash flows over the 5-year fiscal period ending in year t-1. MV is the 
natural log of market capitalisation calculated using the price and the number of shares outstanding at 
the end of June of year t. PRICE is the share price at the end of June in year t. AGE is firm age, 
defined by the number of years the firm has been on Compustat. HGA and LGA are asset growth 
(ASSETG) measures from the fiscal year end in year t-2 to the fiscal year end in year t-1, HGA = 
ASSETG – 5% for asset growth rate > 5% and 0 otherwise; LGA = ASSETG – 5% for asset growth 
rate < 5%. ROA is the return on assets (net income divided by total assets) at the fiscal year end in 
year t-1. DVOL is the natural log of the dollar trading volume defined as the average of the monthly 
share trading volume from July in year t-1 to June in year t multiplied by the closing price in June of 
year t. RDS is the stock of R&D investment-to-sales ratio for the fiscal year end in year t-1. LEV is 
leverage defined as the book value of total debt divided by the book value of total assets for the fiscal 
year end in year t-1. HHI is the Herfindahl–Hirschman Index (Hou & Robinson 2006) at the fiscal 
year end in year t-1. DIV is the dividend-paying dummy. NASDAQ is the dummy for firms listed on 
NASDAQ. The sample period is from 1978 to 2015. ***, ** and * indicate significance at the 1%, 


















Table 4.7 (continued) 
 
  Model 1 Model 2 Model 3 
Intercept -2.156*** -2.441*** -0.708*** 
 (-19.64) (-30.20) (-13.48) 
MKTG_CAP -0.613*** -0.504*** -0.185*** 
 (-6.27) (-7.05) (-6.03) 
MV -0.075***   
 (-7.89)   
PRICE  -0.007***  
  (-8.57)  
IVOL   0.666*** 
   (51.66) 
DVOL   -0.002 
   (-0.89) 
Ln(1+SALE) 0.258*** 0.201*** 0.077*** 
 (5.97) (5.47) (5.62) 
Ln(1+ADSTOCK) 0.002 0.006** 0.001 
 (1.28) (2.54) (0.69) 
Ln(1+SGASTOCK) 0.002 -0.003 0.001 
 (0.88) (-0.88) (0.31) 
Ln(1+SALESTOCK) -0.269*** -0.239*** -0.095*** 
 (-6.59) (-6.88) (-7.44) 
Ln(1+RECT) -0.012*** -0.009 -0.009*** 
 (-2.82) (-1.45) (-3.97) 
CFVOL 0.075*** 0.070*** 0.030*** 
 (22.46) (14.46) (15.45) 
LEV 0.072** 0.163*** 0.069*** 
 (2.33) (7.07) (4.85) 
HGA 0.099*** 0.048** 0.028** 
 (4.91) (2.16) (2.04) 
LGA -0.223*** -0.218*** -0.044** 
 (-13.46) (-13.39) (-2.34) 
AGE -0.005*** -0.003*** -0.002*** 
 (-5.11) (-5.86) (-5.40) 
ROA -0.364*** -0.256*** -0.136*** 
 (-9.97) (-7.69) (-5.32) 
DIV -0.181*** -0.157*** -0.050*** 
 (-16.27) (-14.79) (-13.42) 
HHI -0.042*** -0.005 -0.000 
 (-4.18) (-0.33) (-0.05) 
NASDAQ 0.067 0.091* -0.003 
 (1.49) (1.93) (-0.09) 






Pooled OLS regressions with clustered standard errors 
 
This table presents the results of pooled OLS regressions of individual firm’s future idiosyncratic 
volatility on firm’s characteristics controlling for marketing inputs and output. Dependent variable is 
IVOL which is the natural log of idiosyncratic volatility, the standard deviation of the daily return 
residuals from July year t to June of year t+1 of the Fama–French (1993) three-factor model. 
Independent variables are firm’s characteristics in fiscal year ends in year t-1 and lag of IVOL in June 
of year t. MKTG_CAP is firm’s marketing capability for the fiscal year-end in year t-1. Ln(1+SALE) 
is natural log of one plus sales revenue for the fiscal year-end in year t-1. Ln(1+ADSTOCK), Ln(1+ 
SGASTOCK) and Ln(1+SALESTOCK) are the natural logs of one plus stocks of advertising 
investment, marketing expenditure and sales revenue respectively for the fiscal year end in year t-1. 
Ln(1+RECT) is the natural log of one plus the level of the firm’s accounts receivable for the fiscal 
year end in year t-1. CFVOL is the natural log of cash flow volatility defined as the standard deviation 
of cash flows over the 5-year fiscal period ending in year t-1. MV is the natural log of market 
capitalisation calculated using the price and the number of shares outstanding at the end of June in 
year t. PRICE is the share price at the end of June in year t. AGE is firm age, defined by the number of 
years the firm has been on Compustat. HGA and LGA are asset growth (ASSETG) measures from the 
fiscal year end in year t-2 to the fiscal year end in year t-1, HGA = ASSETG – 5% for asset growth 
rate > 5% and 0 otherwise; LGA = ASSETG – 5% for asset growth rate < 5%. ROA is the return on 
assets (net income divided by total assets) at the fiscal year end in year t-1. DVOL is the natural log of 
the dollar trading volume estimated as the average of monthly share trading volume from July in year 
t-1 to June in year t multiplied by the closing price in June of year t. RDS is the stock of R&D 
investment-to-sales ratio for the fiscal year end in year t-1. LEV is leverage defined as the book value 
of total debt divided by the book value of total assets for the fiscal year end in year t-1. HHI is the 
Herfindahl–Hirschman Index (Hou & Robinson 2006) at the fiscal year end in year t-1. DIV is the 
dividend-paying dummy. NASDAQ is the dummy for firms listed on NASDAQ. Year dummies are to 
control for year fixed effects. The t-statistics are based on robust two-way (firm and year) clustered 
standard errors. The sample period is from 1978 to 2015. ***, ** and *indicate significance at the 1%, 

















Table 4.8 (continued) 
 
  Model 1 Model 2 Model 3 
Intercept -2.450*** -2.661*** -0.675*** 
 (-19.24) (-22.62) (-11.24) 
MKTG_CAP -0.434*** -0.372*** -0.198*** 
 (-3.44) (-3.11) (-3.49) 
MV -0.081***   
 (-13.94)   
PRICE  -0.006***  
  (-7.93)  
IVOL   0.68*** 
   (58.72) 
DVOL   -0.004 
   (-1.60) 
Ln(1+SALE) 0.191*** 0.147*** 0.077*** 
 (4.28) (3.55) (3.94) 
Ln(1+ADSTOCK) 0.004 0.005** 0.001 
 (1.64) (1.99) (0.56) 
Ln(1+SGASTOCK) 0.001 -0.003 -0.001 
 (0.35) (-0.83) (-0.35) 
Ln(1+SALESTOCK) -0.204*** -0.196*** -0.094*** 
 (-5.18) (-5.07) (-5.36) 
Ln(1+RECT) -0.008 -0.011** -0.008*** 
 (-1.65) (-2.00) (-3.47) 
CFVOL 0.077*** 0.076*** 0.028*** 
 (20.79) (16.9) (16.31) 
LEV 0.047** 0.180*** 0.066*** 
 (2.30) (7.52) (4.94) 
HGA 0.106*** 0.045*** 0.017** 
. (7.62) (2.86) (1.97) 
LGA -0.247*** -0.257*** -0.031* 
 (-16.03) (-18.19) (-1.91) 
AGE -0.004*** -0.003*** -0.002*** 
 (-7.04) (-6.61) (-5.63) 
ROA -0.303*** -0.209*** -0.092*** 
 (-11.51) (-8.84) (-5.81) 
DIV -0.190*** -0.173*** -0.050*** 
 (-16.78) (-16.00) (-10.45) 
HHI -0.042*** -0.001 0.004 
 (-2.98) (-0.06) (0.61) 
NASDAQ 0.075*** 0.097*** 0.044*** 
 (2.71) (3.28) (5.27) 
Year dummies YES YES YES 







Cross-sectional Fama–Macbeth regressions of cash flow volatility 
 
This table presents the coefficients from the annual cross-sectional Fama–Macbeth regressions of 
future cash flow volatility on firm characteristics. The dependent variable is CFVOL, which is the 
natural log of cash flow volatility defined as the standard deviation of cash flows over the 5-year 
fiscal period ending in year t. The independent variables are firm characteristics for the fiscal year end 
in year t-1 and the lag of CFVOL in year t-1. MKTG_CAP is the firm’s marketing capability for the 
fiscal year end in year t-1. IVOL is the natural log of idiosyncratic volatility, the standard deviation of 
the daily return residuals from July in year t-1 to June in year t using the Fama–French (1993) three-
factor model. MV is the natural log of market capitalisation calculated using the price and the number 
of shares outstanding at the end of June of year t. PRICE is the share price at the end of June in year t. 
AGE is firm age, defined by the number of years the firm has been on Compustat. HGA and LGA are 
asset growth (ASSETG) measures from the fiscal year end in year t-2 to the fiscal year end in year t-1, 
HGA = ASSETG – 5% for asset growth rate > 5% and 0 otherwise; LGA = ASSETG – 5% for asset 
growth rate < 5%. ROA is the return on assets (net income divided by total assets) at the fiscal year 
end in year t-1. DVOL is the natural log of the dollar trading volume defined as the average of the 
monthly share trading volume from July in year t-1 to June in year t multiplied by the closing price in 
June of year t. RDS is the stock of R&D investment-to-sales ratio at the fiscal year end in year t-1. 
LEV is leverage defined as the book value of total debt divided by the book value of total assets for 
the fiscal year end in year t-1. HHI is the Herfindahl–Hirschman Index (Hou & Robinson 2006) for 
the fiscal year end in year t-1. DIV is the dividend-paying dummy. NASDAQ is the dummy for firms 
listed on NASDAQ. Year dummies are to control for year fixed effects. The t-statistics are based on 
robust two-way (firm and year) clustered standard errors. The sample period is from 1978 to 2015. 




















Table 4.9 (continued) 
 
  Model 1 Model 2 Model 3 
Intercept -0.248*** -0.277*** 0.178*** 
 (-10.12) (-12.05) (4.71) 
MKTG_CAP -0.180*** -0.237*** -0.212*** 
 (-7.08) (-10.54) (-8.63) 
MV -0.023***   
 (-11.00)   
PRICE  -0.002***  
  (-15.08)  
IVOL   0.136*** 
   (10.88) 
DVOL   -0.002* 
   (-1.87) 
CFVOL 0.799*** 0.801*** 0.793*** 
 (137.72) (141.95) (130.71) 
LEV -0.111*** -0.100*** -0.112*** 
 (-11.89) (-11.55) (-12.58) 
HGA 0.158*** 0.147*** 0.135*** 
 (14.54) (15.15) (10.52) 
LGA -0.262*** -0.254*** -0.228*** 
 (-10.51) (-10.31) (-9.75) 
AGE -0.002*** -0.002*** -0.001*** 
 (-5.95) (-8.05) (-6.59) 
ROA -0.163*** -0.153*** -0.133*** 
 (-13.43) (-13.59) (-10.41) 
DIV -0.034*** -0.036*** -0.015** 
 (-6.95) (-6.37) (-2.57) 
HHI -0.006 0.006 0.001 
 (-0.81) (0.81) (0.09) 
NASDAQ -0.015*** -0.002 0.012 
 (-3.20) (-0.58) (0.46) 








Marketing capability portfolio idiosyncratic volatility with cash flow volatility 
 
This table presents the idiosyncratic volatility in dependent double sortings of all stocks based on cash 
flow volatility (CFVOL) and marketing capability scores (MKTG_CAP). Idiosyncratic volatility 
(IVOL) is the standard deviation of the daily return residuals from July in year t to June in year t+1 
using the Fama–French (1993) three-factor model. MKTG_CAP is the firm’s marketing capability for 
the fiscal year end in year t-1. CFVOL is the natural log of cash flow volatility defined as the standard 
deviation of cash flows over the 5-year fiscal period ending in year t-1. In each June of year t, all 
stocks are sorted each month into quintiles based on the CFVOL and MKTG_CAP of firms. Spread (5-
1) refers to the mean difference in annual idiosyncratic volatility between portfolio 5 and portfolio 1 
sorted based on MKTG_CAP. The sample period is from 1978 to 2015. ***, ** and * indicate 




Marketing capability ranks     
1 (Low) 2 3 4 5 (High)   Spread(5-1) 
1 (Low) 0.018 0.016 0.015 0.014 0.014  -0.003*** 
 (18.40) (16.65) (18.16) (15.76) (17.01)  (-7.40) 
2 0.020 0.018 0.017 0.017 0.016  -0.004*** 
 (17.28) (18.59) (18.63) (18.57) (16.84)  (-5.01) 
3 0.022 0.021 0.020 0.019 0.019  -0.004*** 
 (18.05) (19.94) (18.62) (14.91) (18.25)  (-4.44) 
4 0.026 0.024 0.022 0.022 0.022  -0.004*** 
 (15.98) (19.22) (18.94) (15.29) (15.34)  (-7.15) 



















This chapter provides a summary of the thesis as well as discussing the limitations of 
the study and potential future work in this area. 
5.1 Summary 
This thesis reports on three empirical studies conducted to examine the implications of 
a firm’s marketing capability for asset pricing. Marketing capability is the ability of a firm to 
convert its marketing investment efficiently into its desired sales revenue. To measure a firm’s 
marketing capability, we followed Dutta et al. (1999, 2005) and used publicly available 
accounting data, employing the stochastic frontier analysis (SFA) framework. SFA is an 
econometric method that captures the efficiency with which inputs are converted into an 
optimal output. The idea is that two firms may spend a comparable amount on marketing 
activities, but the firm with a stronger marketing capability is able to achieve more sales 
revenue. We related a firm’s marketing inputs, including advertising expenditure, other 
marketing expenditure, investment in customer relationships and the existing customer base, 
to its sales revenue. We estimated the marketing capability scores of firms at the end of the 
fiscal year ending in each year t. Our sample consisted of all domestic common shares (except 
shares from utility and financial firms) listed on the NYSE, AMEX and NASDAQ for the 
period 1974–2015.  
In the first study, we examined the role of the firm’s marketing capability for a cross-
section of stock returns. In the second study, we investigated the possible drivers of the 
marketing capability effect on stock returns. In the final study of this thesis, we examined the 
role of the firm’s marketing capability related to a cross-section of idiosyncratic stock return 
volatility. The findings of the three empirical studies can be concluded to comprise the 
following: 
1. Despite the uncertain nature of marketing activities, a firm’s marketing capability is 





2. There is a positive relationship between a firm’s marketing capability and a cross-section 
of future stock returns. Firms with strong marketing capability earn higher returns than 
those with weak marketing capability. A long–short portfolio strategy that takes advantage 
of the return predictability yields a significant return of 5.84% per year. 
 
3. The marketing capability strategy provides a good hedge for the value trading strategy. 
With a joint marketing capability–value strategy, an investor can enjoy lower risk attached 
to the equity investment while still being able to make a similar profit. 
 
4. A firm’s marketing capability adds incremental information about a firm’s future profits 
and earnings beyond other control variables, such as gross profitability, book-to-market 
ratio, advertising expenditures, etc.  
 
5. The stock market appears to be slow to incorporate fully the value-relevant information 
contained in marketing capability in firm value. This results in the documented positive 
relation between a firm’s marketing capability and future stock returns. 
 
6. Marketing capability plays a significant role in competitive product markets in which 
competitive advantage matters. 
 
7. There is a negative relationship between a firm’s marketing capability and a cross-section 
of idiosyncratic stock return volatility. The level of idiosyncratic stock return volatility is 






8. There is a negative relationship between a firm’s marketing capability and cash flow 
volatility. Firms with strong marketing capability have more stable cash flow. Marketing 
capability enables the firm to stabilise its cash flows, thereby lowering its idiosyncratic 
stock return volatility. 
5.2 Limitations and future works 
Like many other studies, this research may suffer from a few limitations. In line with the 
majority of studies at the interface between marketing and finance (see among, Grullon et al. 
2004; Chemmanur & Yan 2009; Lou 2014), our sample excludes a number of firms with 
missing data on advertising expenditures. However, we have attempted to assemble firms from 
multiple industries that represent a broad spectrum of the economy.  
Firms’ selling, general and administrative (SGA) expenditures consist of market 
research, sales effort, trade promotion expenses and other related activities. In addition to 
marketing costs, the SGA expenditures from Compustat may include salaries, rents and 
miscellaneous administration expenditures which are not related to marketing programmes. 
Nevertheless, following other marketing studies (see among, Dutta et al. 1999; Nath et al. 
2010; Xiong & Bharadwaj 2013), we employ firms’ SGA expenditures as an imperfect proxy 
for marketing expenditure.  
The limitations can be addressed in future works with access to more comprehensive 
marketing databases if they are made available. Furthermore, as there is a documented negative 
relationship between a firm’s marketing capability and cash flow volatility, future work 
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